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Abstract

In modern age, the demand of electricity is ever-increasing due to rapid urbanization and industri-
alization. To satisfy this ever increasing demand for electricity, power systems are operating close
to their operational limits. This situation has led to higher system losses and poor voltage regula-
tion. Studies indicate that approximately 1013 % of the total power generated is lost as I R losses
at the distribution level, which in turn, causes increase in the cost of energy and poor voltage profile
along the distribution feeder. Therefore, the requirement for reliable and sufficient power supply
is becoming more and more intensive. In order to improve the reliability of a radial distribution
system, the configuration of the network should be optimal to maximize the operational benefits.
For improving the performance of the distribution system (DS), reconfiguration of DS has been
studied and implemented throughout the world for more than two decades. In the face of varying
loads, power loss in a distributed network will not be minimum for a fixed network configuration.
In addition, due to the rapid expansion of distribution networks, the voltage stability of distribution
systems has become an important issue. Hence, there is a need for reconfiguration of the network
from time to time. In distribution system reconfiguration (DSR), the topology of the DS is altered
by the operation of tie-line and sectionalising switches to achieve operational improvements. Fur-
ther, distributed generation (DG) will play an important and crucial role in emerging DS. Increasing
DG deployment in DS causes a significant impact on the power flow, voltage profile, power losses
and stability. However, due to increasing deployment of DG units in a DS, the power flow pattern
in a DS can change significantly, which can cause operational problem in an otherwise optimally
reconfigured (without any DG) system. Therefore, it is necessary to undertake reconfiguration of
a DS in the presence of DGs.

The literature published in last one decade has proposed several optimization methods in the
presence of DGs for achieving new optimized system configuration. However, in the literature,
only steady state behaviour of DGs are included so far. When the system configuration changes
(with the DGs installed at some fixed buses), the impedance between the DGs may change which
may lead a stable system into unstable mode or vice versa. Therefore, while undertaking DSR
in the presence of DGs, stability aspect of DS should also be considered. DSR without stability

consideration may lead to an unstable configuration of DS in the presence of renewable energy



sources (RES) based DG such as wind power and solar photovoltaics based DGs. In view of this,
the first contribution of this thesis is multiobjective DSR with stability consideration in which the
objectives are to reduce the system real power losses and to maximize the voltage stability with
minimum number of switching number operations while simultaneously maintaining the dynamic
stability of the system. Further, different operating limits of the DS have also been considered in
the formulation. Initially, the main emphasis is on the small signal stability of the synchronous
machine based DGs under deterministic environment of the distribution system. However, the
deterministic nature of the DS may lead to inadequate configuration of DS due to varying load
demands and intermittencies associated with DGs. Therefore, the formulated DSR problem has
been further solved taking into account the uncertain load demands and generation from renewable
energy sources. These uncertain quantities have been represented by appropriate probability den-
sity functions (PDF). Further, impact of integration of PV-DGs, small hydro power plant (SHPP)
DGs and DFIGs has been considered on reconfiguration. To accurately evaluate the small signal
stability of RES-DGs, detailed models of DGs (SHPP-DGs, PV-DGs and DFIGs) have been in-
cluded in this formulated DSR problem. Further, the generations from SHPP-DGs, PV-DGs and
DFIGs are strongly correlated to the generation from the adjacent SHPP-DGs, PV-DGs and DFIGs
respectively due to similar water availability, solar irradiance and wind speed at that area. As a

result, correlations among RES-DGs have been taken into account in the formulated DSR.

To investigate the change in stability with the increased penetration of the DGs, the eigen value
analysis of the DS has been carried out. Further, it is a commonly recognized fact that load model-
ing has a major impact on the DSR. Therefore, proper and adequate load modelling is also required
for DSR. In this thesis, voltage dependent loads in the form of load combinations (constant power,
constant impedance and constant current loads) have been considered during DSR. Furthermore, a

methodology for determining the proper switching sequence has been presented in this thesis.

In the literature, different techniques such as mathematical programming based algorithm,
heuristic rule-base approach, meta heuristic approach and hybrid methods have been presented
to solve the DSR problem. However, in many meta-heuristic approaches, multiobjective DSR
problem is converted into single objective optimization problem by using weighting factors. The
values of the weighting factors generally depend on the relative importance of the objective func-

tions (as perceived by the system operator). Therefore, tuning of weighting factors are requried for
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every network. To mitigate this problem, a large number of multiobjective evolutionary algorithms
(MOEAs) have been proposed in the literature. These techniques find a set of Pareto optimal solu-
tions. Most widely used Pareto optimal solution technique is non dominated genetic algorithm-II
(NSGA-II). However, crowding distance calculation as a diversity measure in NSGA-II can be
highly time-consuming for more than three objectives. To overcome these difficulties, Knee point
driven point algorithm (KnEA) has been utilized for DSR. The main difference between KnEA
and other multi-objective EAs (MOEAs) such as NSGA-II is that KnEA uses knee points as a
secondary selection criterion additionally with the principle of non-dominated sorting to enhance
the search ability of MOEAs. Knee points of non-dominated fronts in the current population are
preferred for selection to maximise the hypervolume that helps in maintaining better balance be-
tween the convergence of the method and the diversity in the population. In this methodology, an
adaptive strategy is utilized for identifying the knee points in the present population without prior
knowledge about the number of knee points in the true pareto front to accelerate the convergence

and promote diversity.
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Chapter 1

Introduction

Overview

The consumption oriented civilization, rapid urbanization and industrialization are creating ever-
growing demand for electricity in the world economy. In order to meet the supply-demand gap,
the power industry is oriented towards competitive business environment. To harness competitive
advantage, pressure to reduce costs has increased, leading to operation of power systems close to
their limits. Therefore, efforts are required to supply electricity as efficiently as possible. Distri-
bution system reconfiguration (DSR) represents an attractive approach to improve the operating
conditions of the overall system as it can be implemented at minimal cost to the utility.

DSR is a process of changing the topological structure of a system by altering the status of
switches in such a way that an optimal operation of the system (in some sense) can be obtained.
The DSR generally includes the following objectives:

1) Reduction of power loss,

2) Improvement in voltage security margin,
3) Enhancement of reliability,

5) Reduction of line maintenance costs,

6) Improvement in power quality,

7) Load balancing.

Further, nowdays, there is a significant increase in penetration of renewable energy sources
(RES) at the distribution level. These RES based DGs have the major operational, economic and
environment benefits such as
1) Reduced power losses,

2) Improved voltage profile,
3) Reduced harmful emission and greenhouse gases,

4) Reduced operational costs of some DG technologies, e.g. solar and wind,



5) Reliability and security enhancement.
Because of these advantages, more and more DGs are being integrated into the DS which in
turn, affect the operation and planning of distribution networks significantly. Recognising this

need, several works [1] in the literature have addressed this issue.

1.1 Literature Survey

The solution algorithms for DSR can be broadly classified in four categories: (i) mathematical
programming based algorithm, (ii) heuristic approach, (iii) meta heuristic approach (iv) hybrid

method and other methods.

1.1.1 Mathematical programming based algorithm

In [2], a mixed-integer two-stage robust optimization model and a master-slave algorithm are pre-
sented to solve the DSR with the aim of minimising the total active power losses under uncertain
load and generation. However, this method requires significant computational time to achieve the
optimal solution especially when the system size is large. In 3], mixed-integer conic programming
and mixed-integer linear programming (MILP) formulations are used to obtain the optimal config-
ured network in the presence of DGs for minimizing the system power losses. The computational
efficiencies of these two algorithm are also compared. However, as outlined in this paper, both
approaches require appreciable computational time (more than 25 minutes) to reach an acceptable
level of optimality gap. In [4]], the DSR problem in the presence of DGs is modeled as a mixed
integer linear programming (MILP) problem in which all quadratic terms of objective function, ex-
pressions of injected currents and constraints are linearized to achieve the optimal or near optimal
solution. However, this work has not considered the constraint on the number of switching oper-
ations. In [5], DSR is formulated as a mixed integer nonlinear programming (MINLP) problem
in order to minimize system losses in the presence of DGs. One of the main challenges in DSR
is binary representation of the status of the switches. Therefore, these nonlinear problems require

significant computational time especially when the system size is large.
1.1.2 Heuristic method

The work presented in [6] adopted a heuristic algorithm based on sensitivity indexes to find the

best structure of the network with least energy losses. The load variation is also considered in this
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study through the system load curves. In [7], a knowledge-based search algorithm is presented to
find the best locations of the distributed generators (DGs) for reducing power loss and improving
reliability using DSR. In [8]], [9]], a two-stage solution approach, based on heuristics and sensitivi-
ties 1s adopted for real power loss minimization. Further, in [9], DSR 1s implemented on balanced
and unbalanced distribution systems. A heuristic algorithm presented in [[10] focused on minimiz-
ing the real power loss considering the demand variation through the system load curves. In [11],
the distribution network is divided into groups of busses using a fast heuristic technique in order to
achieve the best DSR for power loss minimization. However this work is limited to loss reduction.
The real-time reconfiguration methodology based on a heuristic method is presented in [[12]. The
considered objective functions are: minimization of normalized expected loss of energy, expected
system average interruption frequency index and expected value of energy not supplied while An-
alytic Hierarchy Process (AHP) method is implemented to determine the best switching sequence.
Although these approaches can solve the problem with less computational burden, the results are
only approximate solutions and attain local optimal points. These search techniques also do not

necessarily guarantee global optimization.

1.1.3 Meta heuristic method

In [13]], Harmony Search Algorithm (HSA) has been used for simultaneous network reconfigura-
tion and DG installation. However, this work considered only power loss reduction. An efficient
two-step reconfiguration for minimisation of active power loss with enhancement of loadability
limit is presented in [14] by implementing an improved HSA. DSR methodology based on ant
colony algorithm (ACA) is presented in [15] for power loss reduction and maximization of load
balance factor among feeders in the presence of DGs. However, both objective functions are not
optimized simultaneously. The methodology inspired by the immune network theory is presented
in [16]], [17] with the aim of minimising the cost of energy losses. Further, the work on DSR
presented in [16]], considered variable load demand. The genetic algorithm (GA) with special
crossover and mutation operators is presented in [[18] for simultaneous reconfiguration and opti-
mal allocation of capacitor in order to reduce power loss. In [19], cuckoo search algorithm (CSA)
is implemented for DSR with the aim of minimizing power loss and voltage stability deviation

index. However, the number of switching (NSW) operations has not been considered in [13]- [19].
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The work reported in [20], [21] considered different models of DGs and proposed the application
of decimal coded quantum particle swarm optimization (DQPSO) method to find the best possi-
ble configuration for minimizing the power loss. In [22], a binary PSO based search algorithm
is employed to find the optimal network configuration for reliability enhancement and the power
loss minimization. An enhanced gravitational search algorithm is implemented in [23]] for mini-
mizing power loss, operational cost and energy not supplied (ENS) index during reconfiguration
with DGs. In [24]], fireworks algorithm is proposed to solve the reconfiguration problem along-
with DG placement problem in which the locations of DGs are determined using voltage stability
index (VSI). This work is limited to power loss minimization and voltage deviation minimization.
However, switching cost is not considered in this work. In [25]], a meta-heuristic Artificial Immune
System (AIS) is implemented for DSR with the aim of minimising the power loss considering
uncertainties in the power generation of wind based distributed generation (DG). A new modified
HSA for reconfiguring the system with DGs to minimise the cost of generated electric energy,
real power loss, energy not supplied and average interruption frequency index is presented in [26]
under a stochastic framework. The methodology of DSR presented in [27] focused on minimiz-
ing various objectives such as real power loss, voltage deviation of the buses, total cost of power
and emission produced by the grid and DGs (Fuel cells) using the methodology based on teacher
learning algorithm (TLA). The work on DSR reported in [28] made use of modified Bee Algorithm
for reducing total active power losses, System Average Interruption Frequency Index (SAIFI) and
cost of produced power considering the variability in active and reactive loads and DG power gen-
eration. In [29], a Modified Firefly Algorithm (MFA) is implemented for DSR with the aim of
minimising the total active power losses, the total emission produced and the total cost related to
the grid and DGs. However, the NSW operations have not been considered in [25]- [29] and the 2m
point estimation method (PEM) has been utilized to model the uncertainty in [25]- [29]. In [30],
the risk-based reconfiguration is presented for minimizing the cost of power loss and switching
cost in presence of reward/penalty scheme with the consideration of load and generation uncer-
tainty. These uncertainties are modelled as scenarios with different probabilities. In [31], scenario
based stochastic multiobjective framework is presented for DSR to minimize total power losses,
voltage deviation and total cost with the consideration of uncertainties related to DGs and load

demand. In this work, adaptive modified particle swarm optimisation (AMPSO) is implemented



deterministically for each of the scenarios. The work on DSR reported in [32] is aimed at reducing
the seasonal energy losses and switching operation costs considering the variability in active and
reactive loads and DG output power. An adaptive PSO with fuzzy set theory for reconfiguring the
system with DGs (wind power generation (WPG) and fuel cells) to minimise the cost of generated
electric energy, real power loss, bus voltage deviation and emission produced is discussed in [33].
In this paper, 2m+1 PEM is utilized to consider the uncertainties in the power demand and the
output of wind power generator (WPG). In [34]], an approach based on strength pareto evolution-
ary algorithm 2 (SPEA?2) is applied considering temporal loads and outputs of renewable DGs to
achieve minimization of real power loss and annual operation costs (installation, maintenance, and

active power loss costs).

1.1.4 Hybrid method and other methods

The ACA with fuzzy sets is presented in [35] for simultaneous reconfiguration and optimal alloca-
tion of distribution static compensator (DSTATCOM) and DG in order to improve load balancing
among feeders, bus voltage profile and also to reduce power loss. In [36], a novel approach based
on energy efficiency performance indices is presented to achieve an energy efficient configuration
in the presence of DGs. In this study, various load combinations are used to examine the impact of
load behaviour on reconfiguration. In [37]], a hybrid fuzzy-bee algorithm approach along with the
improved analytical (IA) method is presented for simultaneous network reconfiguration and DG
allocation. However, in this work also, the constraint on number of switching operations has not
been considered. In [38], a Self adaptive modified TLA with fuzzy set theory is presented for DSR
to minimise the cost of generated electric energy, real power loss, bus voltage deviation and emis-
sion produced by substation. A method based on heuristic rules and fuzzy multi-objective approach
is presented in [39], [40]. On the other hand, the algorithm adopted in [41] is based on the fuzzy
multiobjective approach and the maxmin principle. The objective function considered in [39]- [41]
are to balance load among the feeders and to minimize the real power loss, node voltage deviation
and branch current constraint violation. Further, in [40], different types of loads are considered
during reconfiguration. A decentralized multi agent system is presented in [42] to solve the recon-
figuration and service restoration problem for minimizing congestion in the lines and power losses.

In [43]], an efficient topology processor is presented for handling the switching operations with the
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help of the network topology-related attributes which represent the physical nature of the DS com-
ponents. In [44], a modified Honey Bee Mating Optimization (MHBMO) algorithm with fuzzy
clustering technique is presented with the consideration of the renewable energy based sources
(RESs). An algorithm based on Hybrid Big Bang-Big Crunch (HBB-BC) with fuzzy set theory
is presented in [45]. The objective functions considered in [44]], [45] are minimization of power
loss, total cost, emissions, and the maximization of the voltage stability index (VSI). In [46], an
artificial neural network (ANN)-based reconfiguration method is presented for loss minimization.
The developed ANN model is based on the multilayer perceptron network and the training of the
ANN is carried out by the back propagation algorithm to determine the optimum switching status
for loss minimization. A two-stage solution methodology based on branch exchange operations
for loss reduction is presented in [47]]. An exhaustive search based method [48] is presented to
solve DSR considering voltage dependence of loads. However, this technique is not applicable for

large-sized DS.

In spite of several positive benefits, the incorporation of renewable energy sources based DGs
(RES-DGs) have negative impact on the systems. Integration of RES-DGs may adversely affect
the system stability due to the high level of intermittency and unpredictability associated with
them. Due to increasing deployment of distributed generation (DG) units in a DS, it is necessary
to investigate stability issues of distribution system. Several studies have been carried out to an-
alyze the impact of penetration level of DG on the stability behavior of the power system. The
impact of DGs on dynamic behaviour of the power system and active damping enhancement is
discussed in [49]. Probabilistic small-signal stability of the power system with the grid connected
wind turbine generation is carried out in [S0] using analytical approach. In [51]], the impact of syn-
chronous machine based and DFIG based DGs on the small signal stability of distribution system
is discussed. In [52], [53]] the impact of the stochastic PV generation on the dynamic stability of
grid-connected PV systems is investigated by using a probabilistic small-signal analysis approach.
Further, the impact of system parameters i.e. control gains and line impedance on the stochastic
stability of the system is also analyzed in [52]. A mathematical model of grid connected photo-
voltaic (PV)-diesel engine (DE) system feeding dynamic loads is developed to analyze the stability
with the increased penetration of the PV power in [54]]. In [S5]], a power system stability analysis

method considering Wiener noise (concerning the changes brought by wind power fluctuation and
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wind speed uncertainty) is presented. In this work, a stochastic stability degree index is defined
to quantify the effect of stochastic parameters on system stability. An analytical method based
on multi-point linearization technique is presented in [56] considering the stochastic fluctuations
of multiple grid-connected wind farms to assess the voltage stability and small-signal stability of
an AC/DC power system. In [57], probabilistic small signal stability assessment is carried out to
investigate the impact of the WPG uncertainty and it is shown that the system stability signifi-
cantly deteriorates with high level of wind penetration. The dynamic behavior of PV-DG and the
whole distribution system with PV integration is modeled and investigated in [58]. Based on the
small-signal model of the power system, this work has examined the impact of the PV generation
on the damping performance of local-mode oscillations. Further, the intermittent generation from
PV-DGs also alters the network flows significantly [58]]- [S9], thereby again affecting the system
stability. In [60], the effect of high penetration of PV-DGs is investigated on the small signal sta-
bility of a power system. The system inertia reduces with the integration of PV-DGs, which, in

turn, will have detrimental impact on system stability.

Hence, in the literature, small signal stability of distribution system is considered as an impor-

tant probabilistic stability index for maintaining system security

1.2 Contribution of the author

As discussed, in all the literature related to distribution system reconfiguration in the presence of
DGs, only steady state behaviour of DGs has been considered in reconfiguration problem. Simi-
larly, configuration of system is assumed to be fixed during the stability analysis [49]]- [60]. How-
ever, as the topology of the network changes (having the DGs installed at some fixed buses) during
DSR, the stability of DS may change (as compared to the stability of the system in the original
configuration). The impedance between DGs has significant effect on small signal stability of DS.
The reconfiguration in DS may alter the impedance between the DGs which may lead an unstable
system into stable mode or vice versa. Therefore, in this thesis, while undertaking DSR in the

presence of DGs, stability aspect of DS has been considered.

In this thesis, DSR is formulated as a multi-objective and multi-constrained optimisation prob-

lem. Following objective functions and constraints have been considered in this thesis.



Objective functions

1. Minimization of power loss.

2. Maximization of voltage stability margin.

3. Minimization of number of switching operations.
4. Maximization of the system stability.

Constraints

1. Line current carrying limits.

2. Bus voltage constraints.

3. Preservation of radial configuration of the system.

4. No interruption of loads.

For another formulation the fourth objective has been considered as a constraint to ensure sta-
bility. To solve this constrained multi-objective optimization problem, knee point driven evolution-
ary algorithm (KnEA), is applied. In contrast to the non-dominated sorting genetic algorithm-II
(NSGA-II) based approach, preference is given to the knee points among non dominated solutions
in selection and tournament mating. Therefore it maintains better balance between the convergence
of the method and the diversity in the population. The performance of KnEA has been validated
on three different distribution systems. Further, to include the uncertainty of load and generation,
a two-stage KnEA-PE approach, consisting of a knee point driven method and 3-point estima-
tion method, has been utilized to solve this small signal stability constrained distribution system
reconfiguration problem. Moreover, the uncertain parameters have been assumed to have a consid-
erable level of correlation to each other, in addition to their uncertainties. The proposed KnEA-PE
approach has been modified to handle correlation among uncertain variables. In DSR scheme, re-
newable energy sources such as SHPP, DFIG, and PV-DGs have been taken into account and their
detailed models have been included for small signal stability analysis. Moreover, uncertainties of
renewable generation affect the DSR strategy and therefore, the effect of variation of solar power

and wind power penetration on stability constrained DSR is also investigated.

Traditionally, in most of the reported reconfiguration work, mainly constant power or constant
impedance loads have been considered [4]]- [[61], [12]- [33]. However, practically, distribution sys-
tem loads comprise of different types of loads, such as residential, commercial, and industrial. For

these kind of loads, the active and reactive powers consumed by any load are generally dependent
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on the voltage across it. To account for these voltage-dependent loads (VDLs), several works have
considered VDLs during the DSR [36], [48]] and [62]]. In [36]], [48] and [62], reconfiguration pro-
cess has been carried out assuming fixed values of the input quantities (output power of DGs, active
and reactive power loads). In reality, however, all these quantities may contain uncertainties due
to intermittencies associated with the power output of the DGs and inaccuracies in the forecasted
nominal values of the real and reactive power loads in the system. DSR problem has been formu-
lated and solved with voltage dependent loads (combination of constant power, constant current
and constant impedance) considering load and generation uncertainties.

In the DSR problem, the concern is not only to find a new network configuration that optimize
the system performance but also to find an optimal switching sequence to achieve this optimal
configuration. There have been few studies focusing on determination of switching sequence [12],
[63]] but these studies have not taken into account the above mentioned objectives and constraints.
Hence, a methodology for determining proper switching sequence is also described taking into
account the uncertainties of correlated loads and DGs.

To summarize, the major contributions of this thesis are as follows:

e The small signal stability aspect of a DS in the presence of DGs has been considered during

DSR.

e For considering the uncertainty of load and generation, a two-stage KnEA-PE approach,
consisting of a knee point driven method and 3-point estimation method, has been utilized
to solve this small signal stability constrained DSR problem. Moreover, the uncertain pa-
rameters may have a considerable level of correlation with each other, in addition to their

uncertainties. The developed method is also capable of handling the correlated variables.

e Further, the uncertainty and correlation between the system input variables such as the load
and generation from SHPP, wind, and solar power plants have been taken into account in
DSR scheme. Detailed DG modeling (appropriate mathematical models) of different types
(solar cell, wind turbines, and small hydro plant) have been included in the stability con-
strained DSR scheme. Effect of varying level of power generation from RES-DGs on DSR

has been investigated.



e The formulated DSR problem has been solved with voltage dependent loads (combination
of constant power, constant current, and constant impedance loads) considering load and

generation uncertainties.

e A methodology for determining the proper switching sequence is developed to achieve opti-

mal configuration from the original configuration.
1.2.1 Organisation of the thesis

The aim of this thesis is to develop an optimum DSR methodology while ensuring the stability and

other operational constraints of the DS. The organisation of this thesis is as follows:

e The present chapter introduces the DSR, presents a brief state of art review and author’s

contribution in this thesis.

e In Chapter 2, multi-objective DSR problem with small signal stability consideration, has
been formulated. To solve this DSR problem efficiently, a knee point driven evolutionary
algorithm (KnEA) has been implemented. Three test distribution systems i.e. IEEE 33-
bus, 69-bus and 119-bus radial distribution systems have been considered to demonstrate the
feasibility and effectiveness of the KnEA algorithm, However, the formulated optimization
problem in this chapter assumes that both load and generation conditions are accurately
known. The obtained results have also been compared with those obtained by the multi-

objective NSGA-II based method.

e In Chapter 3, the uncertainties in both load and generation conditions have been considered
in the DSR problem. Besides the uncertainties, the effect of correlations between loads and
between power outputs of DGs has been considered in stability constrained DSR of DS.
A two-stage KnEA-PE method has been utilized to solve this DSR problem. Again, the
effectiveness of the presented methodology has been investigated on IEEE 33-bus, 69-bus
and 119-bus radial distribution systems with SHPP type of DGs.

e In Chapter 4, the small-signal stability constrained DSR with probabilistic uncertainties in
correlated photovoltaic, SHPP type of DGs and loads has been presented. The solution of the
formulated problem ensures that the obtained configuration always remains dynamically sta-

ble along with other operational constraints (voltage and current constraints) with increased
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penetration of photovoltaic generation. As in the previous chapter, the two-stage KnEA-PE

method has been implemented on the three test systems to validate its effectiveness.

In Chapter 5, integration of DFIG has been considered along with SHPP-DGs and PV-DGs
in DSR. Probabilistic DSR with stability consideration has been carried out with different

penetration level of wind power generation.

In Chapter 6, voltage dependent loads have been considered (in all the previous chapters,
constant power loads have been used). To represent the voltage dependent loads, polynomial
model of the load has been used. Simulation studies have been carried out on all the three
systems to investigate the comparative performances. Appropriate switching sequence has
been determined (for optimal reconfiguration obtained with voltage dependent loads). De-
tailed studies have been carried out on all the three systems to compare the obtained results
with those obtained with constant power load corresponding to uncertain load and power

generation from DGs.

In Chapter 7, major conclusions of this work are given and a few suggestions for future work

in this field of study are also provided.
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Chapter 2

Consideration of small signal stability in DSR in the

presence of distributed generation

This chapter presents a methodology for distribution system reconfiguration (DSR) in the presence
of DGs with objectives of minimizing real power loss, switching operations as well as maximiz-
ing the voltage stability margin while maintaining the constraints of bus voltage, branch current
carrying capacity and radiality of distribution system. Further, the small signal stability of the
distribution system in the presence of DGs has also been considered in this formulation. To obtain
the pareto-optimal solutions of this constrained multi-objective optimization problem, knee point
driven evolutionary algorithm (KnEA), is applied. The method has been tested on IEEE 33-bus,
69-bus and 119-bus radial distribution systems to demonstrate its feasibility and effectiveness.
The obtained results have also been compared with those obtained by the multi-objective NSGA-II

based method.

2.1 Introduction

For improving the performance of the distribution system (DS), feeder reconfiguration of DS in
the presence of DGs has been studied and implemented throughout the world for more than two
decades as reported in the previous chapter. Due to increasing deployment of DG units in a DS,
the power flow pattern in a DS changes significantly, which can cause operational problem in an
otherwise “optimally reconfigured (without any DG)” system. Further, the stability of the DS is
also affected with the incorporation of DGs in the DS. Therefore, it is necessary to undertake
feeder reconfiguration studies of a DS in the presence of DGs. In this chapter, objective functions,
constraints for DSR and small signal stability model of synchronous based DGs and the whole
distribution system with DG integration are presented. Further, it is also assumed that the DGs in-
stalled in the DS are not equipped with power system stabilizers (PSS) and therefore, the stability

of the system is entirely dependent on the system operating condition (topology and loading condi-

13



tion) and there is no scope for improving the system stability by utilising any auxiliary controller.
The basic goal of this work is to devise an optimum DSR methodology while ensuring the small

signal stability of the DS.
2.2 Problem Formulation

In this work, the DSR problem is formulated as a multi objective optimization problem (MOOP)
subject to various network operational constraints. The objective functions considered in this work

are described in detail below.
2.2.1 Objective Functions

Minimization of system real power loss

Let B}, denote the set of branches that contains all closed switches in a distribution system. Further,
let (k,k + 1) € By denote a distribution feeder connecting two buses, k and & + 1, as shown in
Fig. [2.1] The resistance and reactance of this feeder are denoted by R, and X, respectively. The

first objective is minimization of the total real power loss in the system as given by,

Vi Vi1
)| |

| Rk +j Xk | l

K

S/S

K+l PK+1 +j QK+1

Figure 2.1: Single line diagram of distribution feeder

: X) — mi
min f;(X) = min TAE

2.1)
(k,k+1)€By,

In eqn. 2.1, P, and Q) are the real and reactive power flowing out of bus k respectively and V,
is the complex voltage at bus k as shown in Fig. Further, X denotes the vector of decision
variables. The details of this vector X is given in Section 2.2.4.

Maximization of voltage stability margin

The second objective is maximization of the steady-state voltage stability margin. In the literature,

various voltage stability indices have been proposed for assessing the voltage stability of a radial
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distribution system. Among these indices, a fast indicator namely, L-index [[19], has been used in
this work. The L-index of (k + 1) bus (denoted as L) and the voltage stability index ALy,

can be expressed as follows [[19]:

Lii1 = Vil — 4(Pey1 X — Qri1 Ri)? — 4(Pry1 Ry, + Qi1 X1 | Va2 (2.2)

ALjsr = (1 = Ly (2.3)

where Py, and (5 are the total real and reactive power load fed from the (k + 1)* bus respec-
tively. The bus that has minimum L-index value is the most critical bus and may cause voltage
instability of the entire system. The maximum of all A L-indices (corresponding to all buses in the

system), given in equation (2.3)), indicates the proximity of the system to voltage collapse.
AL = max(ALy, ALs, ALy, ...... ALy) (2.4)

In equation (2.4), N denotes the total number of buses in the system, with bus 1 being the substation

bus. Therefore, to maximize the voltage stability margin, the corresponding function is
min fo(X) = min(AL) (2.5)

A smaller value of AL (voltage stability index) indicates an improved voltage stability margin.
Minimization of number of switching operation
The third objective is minimization of the number of switching operations due to operational costs
and network management considerations. For this purpose, Manhattan distance [[64] is used to
calculate the number of switching operations (NSW) as given below:
N
NSW = "|[s; — s7| (2.6)

k=1

where N is the total number of switches, s¢ and s¢ denotes the status of k™ switch in the current
and initial configuration respectively. It is to be noted that s; = 0(1) denotes the open (closed)

switch status respectively, where p = ¢, o. Thus, this objective is implemented as

min f3(X) = min(NSW) (2.7)
Maximization of the system stability
The distribution system should remain dynamically stable (i.e. in the sense of small signal stabil-

ity). To analyse the stability of the system, the differential and algebraic equations (DAE) of the

distribution system are linearized around the current operating point to obtain the system state ma-
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trix and subsequently the eigenvalues of the system state matrix are calculated. If all eigenvalues
have negative real part, then the system is considered to be dynamically stable. Further, the damp-
ing ratios of the eigenvalues indicate how fast the oscillations will decay after any disturbance. If
the damping ratios are large and positive, then oscillations will decay faster. On the other hand,
if the damping ratios are small, then oscillations will decay slowly. Therefore, to improve the dy-
namic stability of the network, the damping ratio of eigenvalues should be maximised. To ensure
this, the chosen objective in this work is maximization of the least damping ratio of the network.
The details of the small signal stability analysis of the distribution system in the presence of DGs

are given below.

)

Let there be m,’ synchronous machine based DGs in the system. Also, let E be the set of
DG buses, which is given by E = {e(1),e(2)...e(7)...e(m,) }, with e(i) denoting the bus number
at which 7" DG is connected . Further, 2 < e(i) < N, and e(i) # s, fori = 1,2...m,, where s
denotes the substation bus. The i*" DG is assumed to be equipped with a fast exciter, and can be

modeled by the following set of nonlinear differential equations [65]:

b = w; — W, (2.8)

s — 7]3\/22 B E};\Zqi B (Xqi];[iX(’ﬁ)Idini B Di(w]i\/[i wy) 2.9
B, = —f{l" - <XdiTZféi)1di - %d (2.10)

Bt = Pra _ Xai—Xa)y By~ Vi) (2.11)

Ty, T'a; Tai

where M; = 2 x H;, H; is inertia constant, w; is angular frequency, w; is synchronous speed
of rotor, J; represents generator torque angle, 7); is mechanical torque, 7}, is d-axis open-circuit
time constant, E}di is field voltage, T'4; is amplifier time constant, K 4; is amplifier gain, D; is
damping ratio, /4 and I,; are the d and g-axis currents respectively, X4 and X; are the d and g-axis
synchronous reactances respectively, X/, is d-axis transient reactance, V., is reference voltage
and E; is equivalent internal g-axis voltage of i*" DG and V(i) 1s the voltage magnitude of the bus
e(i) corresponding to i*" DG. Stator algebraic equations corresponding to i DG (1 < i < my)

can be written as [65]]
Vve(z) Sin((si - 96(7,)) + Rgilagi — Xqi]qi =0 (212)
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E;Z- — Vg c08(8; — Oeiy) — Rsilyi — Xjilai =0 (2.13)

where R,; is stator resistance of i"» DG and fe(iy is angle of the voltage of bus e(i). The power

balance equations at the substation bus are given as

N
> ViViYcos(f — Oy — a) = Py (2.14)
k=1

N
> ViViYeesin(6s — O — ag) = Qs (2.15)
k=1

where P, and (), are substation real and reactive powers respectively, Yy, and oy, is magnitude and
angle of the (s, k)" element of the bus admittance matrix respectively. It is to be noted that in this
work, bus 1 has been taken as the substation bus (i.e. s=1). Further, V}, and 6, denote the voltage
magnitude and angle of the k%" bus respectively. The algebraic power flow equations at bus e()
corresponding to i DG can be written as [65]]
N

Z Vi) VieYeiye €08(0ctiy — O — Qe(ivi) — PLe(y 4 LaiVegiy sin(d; — Oe(sy)

k=1 (2.16)
+14iVe(s) €08(8; — Oesy) = 0

N
Z Vo)V Ye(oye sin(Ocy — Ok — aeiyre) — QLe() + LaiVei) cos(0; — Oe(i))
=1 (2.17)

—14iVey sin(6; — be(iy) = 0
where PL.(;y and ()L, are real and reactive load at bus e(i) respectively. The real and reactive

power balance equations at all the buses other than the DG buses can be written as [65]]

N
Z ‘/leYlk COS(QZ - Hk - Cl{lk) — PLl =0 (218)
k=1

N
Z ViViYisin(0, — 0, — au) — Qi =0 (2.19)
k=1

[=2,3..N, I¢E
By linearizing the differential equations (2.8)-(2.19), following expressions are obtained:

dAJ;
dt

= Aw; (2.20)
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’L: Z_ 1 . ? . 1 lIZAIZ— q1 dz IZA_[Z—
M; M;
(2.21)
dAE, AE, (X4 — X)) AV
q qr g di fdi
=- - Algi — 2.22
dt Téoi T(;oi ‘ Téoi ( )
dAE;q AFEyy  (Xg— XY) K4 K4
_ _ DAL — AViori AV, 2.23
o T M T (AVieri) + T (AVe@) (2.23)

Collecting equations (2.20) - (2.23) for all DGs together and writing them in matrix form, we get,

Ax = AAx + B, Al + ByAZi + EAu (2.24)
where
x =[x xi.xI.. x%g]T, x; =0 wi Ej Fal"
L =1 Ip,.. 1510, 17, L= [Is 1"
u=[uf uj..uf.ul |7, w = [Tai Viep )"

Zg=[Vey Ve - Vetmg) Oct)  Oe(z) - Oeimg)]”
where x; is the vector of state variables and u; is the vector of input variables of i** DG. The

linearization of stator algebraic equations yields,

AVe(i) sin(éi — Qe(i)) + V;(i) COS((Si — Qe(i))A(Si — Ve(i) COS((SZ- — He(i))Aee(i)

(2.25)
+RsiA]di - qu'AIqi = O
AE(Iﬁ- — COS(éi - Qe(i))AVe(i) + V;(,-) sin(éi — Ge(i))Aéi — Ve(i) sin(éi — He(i))AQe(i)— (2 26)
RsiA[qi - X(;ZA[dl - 0
Collecting equations (2.25)-(2.26)), for all DGs together and writing them in matrix form,
0 = A;Ax + ByAL 4+ B3AZg (2.27)

The linearized power balance equations at the substation bus are given as

N N
AP, = VY cos(0s — O — ) AVi + Y ViViYaesin(0, — 0 — ) Aby + AV

k=1 k=1

N N
D ViV cos(0s = 0c(i) — ) + > Ve ViYae(s) Sin(0s — 0e(i) — 0va) Abeiy  (2.28)

k=1 k=1
k+#e(7) k+#e(7)
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N N
= ViYasin(b, — 0 — ) AV — > ViViYar cos(0s — 0 — o) Aby + AV,

k=1 k=1

N N
Z VkY;e(z) Sin(es - 96(2) - ask) - Z ‘/e(z)‘/ky;e(l) Sin(es - 96(2) - ask>Aee(i) (229)
Kot Kot

Rewriting equations (2.28)) and (2.29)), in matrix form, we obtain,
0 = D3;AZ; + D4AZ; + DsAS (2.30)

Zl: [‘/2 V})‘/EVN 92 63...98...91\[}71 2§6§N,€¢E
S = [Ps QS]T = [Pl QI]T
The linearized algebraic power flow equations at bus e(i) corresponding to i’ DG can be written

as,

Z VieYe(iye 08(Oc(iy — Ok — Qe(iyie) AVeiy + 1gi c08(0; = Oc(i)) AVeriy + Lgi sin(0; — e (i) ) AVe(y +
1

k+# e i)

N
Z Vve(z)YVe(z)k COS(@B (i) — Qk — Qle(s) Avk + Z ‘/6 z)‘/."cife W)k Sln(‘ge (3) — Qk — Qle(s) )Aek_
k=1

—_

VeiiyVieYe(oyr sin(Oeiy — Ok — e(iyi) Abei)—LaiVe(s) c08(0—0c(s)) AbBeiy+14i Veiy SIn(0;—0Oc(s)) Abe (i

M=

— APLe) — AlLyiVe(iy sin(0; — bes)) + LaiVe(s) c08(0; — Oe(i) ) Ad; + AlgiVe(iy c08(0; — beiy )+
I4iVeiiy sin(0; — O()) Ad; = 0 (2.31)

D ViVeia sin(Beqsy — O — Qe(iyn) AVeiy — L Sin (0 — Oegiy) AV + Las co8(8; — Oy ) AV +
k=1
k+#e(1)

N
Z ‘/;(z)vkl/;(z)k sin(9 (i) — Gk — Qe(y) AVk — Z V VkY Yk COS(9 — Hk — O, z)k)AGk—

k=1 k=1

Z VeiiyVieYe(iye 08(Oe(iy — Ok — e(iyie) Abeiy+H1ai Ve SIN(0;—0c(i)) AOg(iy+14i Veiy cos(0;—0be(iy) Abeay
kel
— AQLcgiy + Al Vo) co8(6; — Oei)) — Lai Ve sin(0; — e(i)) Ad; — Vi sin(d; — Oegiy) Algit+
IiViey cos(6; — O(1)) A6 = 0 (2.32)
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Collecting equations (2.31)- (2.32) for all DGs together and writing them in matrix form, one

obtains,
0 = C,Ax + G, AL + C3AZq + C4AZy (2.33)

The lineraized real and reactive power balance equations at all the buses other than the DG buses

can be written as

N N
Z ‘/lYEk COS(QZ — Gk — alk)AVk + Z ‘/ﬂflk COS(@[ - Gk — alk>A‘/l+

=t (=

N N
Z VZVkY;k sin(@l — Hk — alk)AQk — Z ‘/leY;k sin(&l — Gk — alk)AQl = APLZ (234)
k=1

k=1
k#j

N N
> ViViYisin(O) — 0 — ) AVi + Y ViViYigsin(6) — 6, — o) AVi+
k=1 F—1
o,

N N
> ViViYigcos(0 — O, — i) A, + > ViViYig cos(6) — O — cu) A, = AQp  (2.35)
=
Collecting equations (2.34)- (2.35) for all buses together and writing them in matrix form, one

gets,
0=D,AZ; + D,AZ, (2.36)

Equations (2.27), (2.30), (2.33) and (2.36)) can be written in the following form:
- 4 -1

AL B, B, 0 0 A,
AZG C2 Cg C4 O _Cl

_ [AX] (2.37)
AZ; 0 D; D, 0 0
| AS | 0 Dy Dy Dy| | O |

By extracting rows corresponding to Al, and AZg from equation (2.37) in term of Ax and

substituting it into equation (2.24)), we get,
Ax = A, Ax + EAu (2.38)

where A, represents the system state matrix. The eigenvalues of A, provide the information
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regarding small signal stability of the system. The damping ratio of i'* eigenvalue is given by,
D=~ (2.39)
()? + (6:)?

where o; and §3; are the real and imaginary part of i*" eigenvalue respectively, i = 1,2, ...od, od

being the order of the square A,,; matrix. As discussed earlier, the objective in this work is to

maximize the least damping ratio of the system. Mathematically, this can be represented as,
max fy(X) = max(D) = min(—D) (2.40)

where, D = min(Dy, Do, ...... Doq)
The above multi-objective optimization problem is solved subjected to various operational con-

straints as discussed below.

2.2.2 Limits and Constraints

The reconfiguration problem is subjected to the following constraints:
Distribution line current carrying limits
The current in each branch should not violate the maximum current carrying capacity of that

branch.
(el < 55l k€ B (2.41)

where |/ ;11| denotes the per unit magnitude of complex current flowing in the branch (k, k + 1)

and |I[}"¢7, | is the maximum permissible per unit magnitude of current flowing in that line.

Bus voltage constraints
Bus voltages of the system should not violate the permissible operational limits.

‘/kmin S Vk: < Vkma:c (242)
Where V;"** and V,;™" are maximum and minimum permissible per unit voltage magnitude of k"
bus, respectively.

To accommodate the current and voltage constraint violations, a penalty term (PT) is added to

all the objective functions. The penalty term is given by,

PT = )‘I[Zkecm (Vk - Vkmm)Q + ZkECVU (Vk - Vkmax)Q] + A2 [zke()w(lk,kﬂ - f;?f;?il)Q]

where \; and A, are the penalty factors, Cyp, is the set of all buses with minimum voltage limit
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violation, Cyy is the set of all buses with maximum voltage limit violation and C’; is the set of
all lines with maximum current limit violation. It is to be noted that Cy;, N Cyy = 0, where () is
the null set. Appropriate values of A\; and A, are selected so that inferior solutions are eliminated
at an early stage.

Preservation of radial configuration of the network

At the time of reconfiguration, the radiality of the network should be maintained. During reconfig-
uration all loops are identified in the system and one switch should be opened from each loop to
preserve the radiality of the system.

No interruption of load points

All load points have to be energized after reconfiguration.

Therefore in a nutshell, the multi-objective constrained optimization problem is described by
the objective functions given in equations (2.1), (2.5), (2.7), (2.40) and the constraints given in
Section 2.2.2.

2.2.3 Alternative form of DSR problem

Now, it is to be noted that, the objective function f, maximizes the damping ratio, but it does
not ensure the dynamic stability of the reconfigured system. To ensure the stability, the objective
function f, should be replaced with the constraint that the real parts of all the eigenvalues should
be negative. Mathematically, this can be described as in equation (2.43)) below.

Re()\;) <0 (2.43)
Therefore, in this case, the multi-objective constrained DSR problem is described by the objective
functions in equations. (2.1)), (2.5)), and the constraints given in Subsection 2.2.2 and in equa-
tion . It is to be noted that in this case also, the violations of voltage and current constraints

are taken into account following the procedure described in Subsection 2.2.2.
2.2.4 Decision variables

In aradial distribution system, closing a tie switch will form a loop. Each loop has several branches.
In order to maintain the radial topology of the network, a sectionalizing switch must be opened in
a loop. For representing the optimal network topology, only the positions of the open switches are

required to be known. If the number of tie switches is T, then the dimension of the solution vector
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is equal to T§. Therefore, in this method, the decision variables are coded using integer numbers
as:

X =By, By, .....Br,] (2.44)
where B; is the serial number of the switch (either tie or sectionalizing) which should be opened in
the i'* loop obtained after closing the tie switch in the loop. As an illustration, consider the 33-bus

distribution system shown in Fig. [2.2]
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Figure 2.2: 33-bus radial distribution system.

In this system (and in all the other systems considered in this work), it is assumed that each
branch contains a sectionalising switch. Further, in Fig. @, the numerals 1, 2, 3 etc. denote
the bus numbers whereas the branches (switches) are numbered as s1, s2, s3...etc. This system
contains five tie switches numbered as s33, s34, s35, s36, and s37, thereby forming five loops as

depicted in Fig. [2.2] The details of these five loops are given in Table
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Table 2.1: Details of the loops for 33-bus system

Loop number Tie switch Switches in the loop (L) Assigned numbers

to switches in loop

L1 s33 $7,86,s5,54,53,s2,518,519,520,s33 1-10
L2 s34 $9,510,s11,s12,s13,514,s34 1-7

L3 s35 s11,510,s9,s8,57,56,55,84,53,52,521,520,519,518,s35 1-15
L4 s36 $6,s7,s8,89,s10,s11,s12,s13,514,515,516,517,525,526,527,528,529,530,s31,832,s36  1-21
L5 s37 s3,s4,55,822,523,524,525,526,527,528,837 1-11

With reference to Table[2.1] if X = [10 7 15 21 11], then the switch number s33, s34, s35, 536,
and s37 are to be opened. In other words, this solution vector denotes the configuration in which all
the tie line switched are "OFF”. On the other hand, the solution vector X = [4 3 4 1 5] indicates
that switch no. s4,s11,s8,s6 and s23 are to be opened. Clearly, the advantage of the decimal
coding system is the reduction of the search space. In binary coding system, a total of 23? combi-
nations have to be checked (switch no. sl is excluded from the search space as it should be always
closed). On the other hand, in decimal coding system, a total of 10 x 7 x 15 x 21 x 11 = 242550
combinations only have to be checked, thereby achieving a substantial reduction in the search

space.
2.3 Application of KnEA algorithm for DSR

The basic anatomy of KnEA [66] is identical to that of NSGA-II [67]. The main difference be-
tween KnEA and other multiobjective evolutionary algorithms (MOEAs) such as NSGA-II is that
KnEA uses knee points as a secondary selection criterion additionally along with the principle of
nondominated sorting to augment the search ability of MOEAs. Knee points of nondominated
fronts in the current population are preferred for selection to maximize the hypervolume that helps
in maintaining better balance between convergence and diversity of MOEAs.

The basic steps of KnEA for DSR are explained as follows.
2.3.1 Initialize the problem and algorithm parameters.

A random parent population of size [V, is generated. In this step, algorithm parameters are also

initialized which are the rate of knee points in population (T), set of knee points (k), adaptive pa-
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rameters such as ratio of the size of the neighborhood to the span of each objective in nondominated

fronts (r), and ratio of knee points to all nondominated solutions (t).

2.3.2 Check the system radiality constraint.

To determine the radiality of the system, a graph theory based approach is followed. Any radial
distribution network supplied by a single substation (Ng = 1), can be represented as a graph G(N,
S) that contains a set of nodes, N = {by, by, ...by}, and edges, S = {s1, s2....sy_n, }. Based on
this analogy, the radility of the distribution network is determined as follows:
step 1: Initialize the sets of visited branches (D)) and energized nodes (/V;) with reference node
s1 (substation node) and its two vertices (b;, bo) respectively. Further, also initialize looping or
isolation index (LI) and the number of energized branches (EB). Set D «+ {s;1} (s; € S) and
Ny {b1,b2} (b1,bo € N), EB=0,LI =0and k = 1.
step 2: While EB < N — Ny and LI = 0.
step 3: Setn = 1.
step 4: Do
step 5: Check s, ¢ D ( selected edge should not belong to already visited branch set). Sub-
sequently, select the pairs of vertices (by,bs3) connected by edge s, such that Ny < {bg, b3}
(by,b3 € N and s,, € S).
5.1: check Ny N Ny = C' = {c|c € Ny and ¢ € N,}.
5.2: if |C| = 1 ( |C] denotes the cardinality of set C) then N; <+ N; U {bs, b3},
D+ DU{sp},n < n+ 1land Ny = 0.
elseif |C'| = 2then LI = 1.
elsen =n+ 1.
Any switch connected to substation node through a single path, has exactly one common node
between energized nodes (/V7) and nodes of edge under consideration (NN;). The presence of two
common nodes indicates presence of loop.
step 6: until n < (N — Ny).
step 7: if k=1 then EB = |D|.
else check EB # |D| then EB = |D| otherwise LI = 1.
step8: k =k + 1.
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step 9: end while.

If the number of all energized branches is equal to N — N, then the configuration of the network
is radial. In case of more than one substation (say two substations), application of “shortest path
algorithm” identifies whether any direct path exists between the substations or not. If any direct
path exists, then the radiality of the system is not preserved and the solution is discarded. In case
no direct path exists, then the entire system is divided into two disjoint parts, in which each disjoint
part is supplied from a single substation. Subsequently, for checking the radility of each disjoint
part, the algorithm described above can be applied. This same philosophy can easily be extended

for Ny (Ns > 2 ) number of substations in the system.

2.3.3 Reproduction

After evaluating the parent population, generation of offspring population is carried out in two
steps.

(1) Selection. The selection of individuals is performed using binary tournament mating strategy
described as follows.

1) From the population, select two individuals randomly.

2) Compare the selected individuals based on non-dominated ranking, knee point criterion and
weighted distance. The solution with better rank is selected if both individuals belong to different
fronts. If both the solutions have same rank, the algorithm checks for knee point. If one of the
solutions is a knee point, then that solution is chosen. If both solutions are knee points or none of
them is a knee point, then the solution with higher weighted distance is selected. Front ranks for
solutions are decided using effective nondominated ranking as described in Section 2.3.4 and the
weighted distance (DW) for each solution x in a population is calculated based on the h-nearest

neighbors. The corresponding expressions are as given below [66]]

h
DW (2) =) wyidissai (2.45)
=1
Tz
Wy = — T (2.46)
Z?:l T
1
Fai (2.47)

|disge — L disyyl

where zi denotes the 7" nearest neighbor of x in the population, w,; is the weight of i, dis,g;
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is the Euclidean distance between = and zi. Further, r,; represents the rank of distance dis,,;
among all the distances dis,,;, 1 < j < h and h is number of nearest neighbors of solution .

3) Include the better individual out of the two options into the intermediate pool.

4) Repeat the procedure (Np/2) times.

(i1) Genetic operator (Crossover/Mutation). Generate offspring population with the application of
genetic operators (i.e. mutation and crossover) on the selected individuals in the intermediate pool
with a given crossover/ mutation rate. For the DSR problem, one or several switches are exchanged
between two parent decision variable vectors for a given distribution system, as discussed below.
Let X; and X, be two decision variable vectors in the intermediate pool for 33-bus distribution
system. Given any E' = X, — X, there exists an edge E = X; — X, such that (X; —{E}) U{E'}
is also a tree. Let, for example,

X; ={s7 s33 s12 s25 s31}

Xy ={s33 s9 s13 s25 s34}

where elements of X; and X, are switches to be opened from different loops with, E = {s7s12s31}
and E' = {s9 s13 s34}. Two crossover points in X; (assume st and 3rd crossover points) are se-
lected randomly. In X, s7 and s12 are at first and third crossover points, respectively. If a selected
switch corresponding to the chosen crossover point, does not belong to £, then no feasible switch
exists in X5 for exchange. In that case, next crossover point is selected. As s7 € E, then closing it
makes a loop that can be denoted by L = {52, 3, s4, s5, s6, s7, s8, 59, s10, s11, 518, s19, 520, s21,
$35}. The exchange branch set in Xy is obtained as L[] Xy = {s9}. Therefore the first mapping
set is {s7,s9}. This mapping set implies that branches s7 and s9 are exchanged between X;
and Xy. Same procedure is repeated to determine the second mapping set corresponding to the
second crossover point. Loop formed by closing s12 is L' = {s9, 510, s11, s12, 513, s14, s34}.
The common branch set between L' and Xy is {59, s13}. As s9 is already in the first mapping
set, the second mapping set is {s12, s13}. As a result, the generated two offspring solutions are
{59, 33, 513, 525, s31} and {s33, s7, s12, 525, s34}. To maintain genetic diversity in the subse-
quent generations, mutation operation is also performed. For this purpose, one branch is chosen
randomly in the selected decision variable vector and by closing this branch, a single loop is cre-

ated. To maintain radiality, a new branch is randomly selected in the formed loop to be opened.
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2.3.4 Effective non-dominated ranking (ENS).

The solutions in the population are sorted based on the values of the first objective in an ascending
order before ENS [68]] is implemented. Fronts are assigned to the solutions of this sorted population
from staring solution to last one, individually. A solution x,, will never dominate solution x,,, if
m < n. In that case only two possibilities exist: either xz,, dominates z,,, or z,, and x,, do not
dominate each other. Therefore, a solution is compared to those which are already added to the
fronts to decide its front. A solution x,, is compared to all solutions of first front (F1) to determine
whether any solution of F1 dominates x,, or not. If no such solution exists then x,, is placed in front
F1. Otherwise x,, is compared with the solutions assigned to second front (F2). If any solution
in front F2 does not dominate x,,, x,, is assigned to front F2 . If x,, is not assigned to any of the
existing fronts then a new front is created and assigned to z,, and the above procedure is repeated

for each solution vector.

2.3.5 An adaptive strategy to identify Knee Points.

The distance measure of a solution to the extreme hyperplane (obtained by the extreme values
of objective functions) is applied to identify multi objective knee points in case of optimization
problem. A solution with maximum distance in its neighborhood is characterized as a knee point.
The identified knee points are affected by the size of neighborhood of the solutions. Let Rgi

h

denotes the neighborhood of j* objective function in i non-dominated front corresponding to

g'" generation. The size of R;i is updated using the following expression [66]:

R= (fo " = fr™) rg, j=2,3..M, i=1,.N; (2.48)

gi gt

l—t(g,”i/T

Where 74; = 7(g_1); * exp(— i

), tgi = |ki|/(size of non-dominated front (£7)), |k;| is knee
points of i nondominated front, f;"*’ and f,; " are the maximum and minimum values for j
objective function of i nondominated front respectively at the g'* generation, 0 < T < 1is a
threshold value that controls ratio of knee points to the number of nondominated solutions in every
solution front, Ny is number of formed nondominated fronts and M is the number of objective

functions. Further, r,; and ¢, denote the values of '’ and 't’ corresponding to :'" non-dominated

front at generation '¢’.
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2.3.6 Environmental selection (Creation of next generation).

KnEA utilizes the Pareto dominance as the primary criterion and knee points as the secondary
criterion in the environmental selection. The parent population for next generation X ; is selected
from the combined populations by including the solutions of different front according to their rank
(front with better rank is considered first). If size of the last included front makes the current
population size larger than NV, then knee points of last included front are preferred to be discarded
to make the size of X, exactly equal to N,. If the current population size of X, is n, then
(n — N,) solutions which have the minimum distances to the hyperplane, are discarded to make

size of X4, exactly equal to V,,.

2.3.7 Check Termination Criterion.

The procedure described in Sections 2.3.2 to 2.3.6 are repeated until maximum number of iteration
is reached or the nondominated solution set remains same for consecutive five iterations.

The application of the knee point-driven MOEA algorithm (KnEA) for distribution system
reconfiguration problem is presented as described below.
1: For the distribution test system, read the bus and line data.
2: Set generation count g = 1 and algorithm parameters 7, r,, t, and set of knee points.
3: Initialize random parent population X, of size N, (i.e. IV, is the number of solutions in X,) that
fulfills the radiality constraint.
4: Run the load flow and evaluate the objective functions fi, fo, f3 and f, for each individual of
X,. Itis to be noted that when alternative form of DSR problem (described in Section 2.2.3) is
followed, objective functions f1, f, and f3 only are evaluated. Discard all the solutions which are
unstable from the solution space by the addition of large penalty factor values to all the objective
functions (for alternative form of DSR problem). Assign X, = X,, where X, denotes the parent
population at any g generation.
5: Perform ENS and binary tournament mating selection, mutation and crossover on the strings
in the parent population X, and form new individuals as offspring population Y. Check for the
radiality and other constraints and subsequently evaluate the strings in Y.
6: Create a combined population R, = X,UY/.

7: Determine the non dominated front and identify the knee points, based on the distances from
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extreme hyperplane for combined population as described in Section 2.3.4 and 2.3.5 respectively.
8: Select the parent population X ; for next generation as described in Section 2.3.6.

9: Increment the generation count g = g + 1.

10: Steps 4 to 9 are repeated until termination criterion is met. Else go to step 11.

11: Choose the best solution among the NV, solution vectors using the approach as discussed below.
2.3.8 Selection of final solution

After one of the above-mentioned termination criteria is met, then the best solution from the set
of Pareto-optimal solutions is obtained by summing all the normalized values of the objective
functions. In case of minimization, the objective functions associated with each solution in the set

of Pareto-optimal solutions are normalized using the following expressions [69]].

. frg — £

Tkvj = fmaa: _ fmin
J J

where f;"** and f]mm are the maximum and minimum values for ;" objective function respectively,

(2.49)

and f;; is the k™ solution of the non-dominated set corresponding to the j* objective function.
As can be seen from equation 1} Tk, ; 1s the normalized value of k" solution of non-dominated
set corresponding to the j™* objective function. Lastly the minimum sum of normalized objective

functions is selected as the final solution F(s) as;
M
F(s):m]jnlek,j j=1---M, k=1---N, (2.50)
o
where M is the number of objective functions.

2.4 APPLICATION OF NSGA-II ALGORITHM FOR DSR

NSGA-II uses the principle of nondominated sorting, natural evolution and population genetics to
search a set of solutions for multiobjective optimization and arrive at the Pareto front. The basic
steps of NSGA-II [67] for DSR is explained as follows.

Step 1: For the distribution test system, read the bus and line data.

Step 2: Set generation count k = 1.

Step 3: Initialization. Generate a random parent population X, of size IV, (i.e. NV, is the number
of solutions in X,) that fulfills the radiality constraint.

Step 4: Evaluation of objective functions. Run the load flow and calculate the values of the objec-

tive functions f1, fo, f3 and f, for each individual of X,. Assign X; = X,, where X, denotes the
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parent population at any k" generation.

Step 5: Non-dominated ranking. Before application of genetic algorithm (GA) operator, the strings
in the parent population X, are sorted based on the nondomination. The solutions in X,, which
do not constraint-dominate each other but constraint-dominate all other solutions of X, are placed
in the first front. In order to find the individuals in the next non-dominated front, the solutions of
the first front are discounted temporarily and the above procedure is repeated. Subsequently, these
generated fronts are assigned their corresponding ranks. Thus, rank 1 is assigned to first front, rank
2 is assigned to second front, and so on.

Step 6: Crowding distance computation. After the completion of non-dominated sorting, the
crowding distance is calculated for each individual.

Step 7: Selection. The selection of individuals is carried out using crowded tournament operator
for the application of GA operators as follows.

a) From the population X}, select two individuals randomly.

b) Compare the selected individuals based on rank and crowding distance. The solution with better
rank is selected if both individuals belong to different fronts. If both the solutions have same rank,
then the solution with higher crowding distance is selected.

¢) Include the better individual out of the two options into the intermediate pool.

d) Repeat the procedure (Np/2) times. This operator helps to keep diversity in the population.
Step 8: Generate offspring population Y}, with the application of GA operators (i.e. mutation and
crossover) on the selected individuals in the intermediate pool. Evaluate the strings in Y} as de-
scribed in step 4, where Y}, denotes the offspring population at k" generation.

Step 10: Create a combined population 7, = X U Y.

Step 11: On the basis of non-domination, the individuals of population are sorted and ranked into
different front and crowding distance is calculated for each individual of combined population as
described in step 4 and step 5 respectively.

Step 12: The parent population X} ; for next generation is created by including the solutions of
different front according to their rank (front with better rank is considered first). Initially, If size of
first front is smaller than Np, then all the solutions of the first front set are included in X ;. Sub-
sequently the rest of the nondominated fronts in order of their ranks are continued to be included

in X}, until size of X, becomes more than N,,. If the current population size of X}, is n, then
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Table 2.2: Capacity and installation node of DG for various distribution system

Capacity
System Bus number (MW)
33-bus system 18 0.100
30 0.150
33 1.100
69-bus system 63 0.55
64 0.75
65 1.20
119-bus system 55 2.50
72 2.00
78 1.50
119 1.00

(n — Np) solutions are discarded to make size of X}, exactly equal to Np. To select the individu-
als to be discarded, the last included front is sorted based on crowding distance. Subsequently, the
solutions having least (n — Np) values of crowding distance are discarded from Xy .

Step 13: Increment the generation count & = k + 1.

Step 14: Steps 7 to 13 are repeated until maximum iteration is reached. Else go to step 15.

Step 15: Choose the best compromising solution among the /N solutions using the approach as

described in Section 2.3.8.

2.5 Case study results

The formulation and the solution methodology described in the last two sections have been applied
to IEEE 33-bus, 69-bus and 119-bus radial distribution systems. For all three systems, the branch
data and bus data are given in Appendix A. All the simulations studies have been carried out in
MATLAB [/70] environment considering the nominal load level of the system. The minimum and
maximum bus voltage limits considered are 0.90 pu and 1.05 pu respectively. Table [2.2] shows
the assumed capacities and the installation nodes of DGs for all the above three test systems.
In this work, DGs are assumed to work at 0.85 power factor (lagging). All the parameters of
the synchronous based DGs are listed in Tables B.1, B.2 and B.3 in the Appendix B. It is to be
noted that in this work, only reconfiguration of distribution system problem is considered and

hence the location and size of each DG in the network are assumed to be known. To show the
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effectiveness of the reconfiguration, parameters of generators (exciter gain and time constant) [71]],
the capacities and the locations of the DG have been chosen in such a way so that the system is
unstable in its initial configuration. To investigate the performance of KnEA, the results have been
compared with those obtained by using 'NSGA-II’. In both methods, the values of the mutation and
crossover probability and the population size are kept same for any particular distribution system.
The parameters chosen for simulation of all three test systems are 7' = 0.5, r, = 1 and ¢, = 0 and
the justification for selecting these parameters is given in Section 2.5.4. Further, the values of the
penalty factors have been chosen as Ay = Ay = 10. In this work, the DSR problem has been solved
for the following two cases:

Case A. Stability issue is considered as an objective function (as discussed in Section 2.2.1).

Case B. Stability issue is considered as a constraint (as discussed in Section 2.2.3).

The detailed results for all the three test systems are discussed below.
2.5.1 Test System 1

In IEEE 33-bus system, the total real and reactive loads are 3.7 MW and 2.3 MVAr [15], re-
spectively. The following parameters have been adopted for the system: population size = 50;
generation = 20; crossover probability = 0.9; mutation probability = 0.18. Table [2.3] shows the

comparative results for both the cases.

Table 2.3: Result of 33-bus distribution system

Method Open switches Power Voltage Switching ~ %Damping Stability cpu

loss(kW) stability number ratio** status time
index (s)

Case A

Initial case $33,s34,s35, s36,s37 68.661 0.18457 0 -0.0363 unstable

KnEA $7,89,529,535, s37 49.70 0.0918 6 1.01 stable 19.293

NSGA-II 6,811,529, 35,837 50.04 0.10302 6 0.81 stable 27.525

Case B

KnEA 8,811,514, 33,837 45.90 0.08748 6 0.957 stable 17.122

NSGA-II s7,s11,529, 35,537 49.228 0.08566 6 0.779 stable 23.491

** Damping ratio of electromechanical oscillation mode is expressed in term of percentage (%D = 100 x

D).
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This table shows that reconfiguration with DG reduces power loss, improves damping ratio of
electromechanical oscillation modes as well as voltage stability margin with acceptable number
of switching operations. From this table, it is observed that the initial system with DGs (before
reconfiguration) is unstable, which is made stable through reconfiguration. For both cases A and
B, KnEA as well as NSGA-II algorithms are able to stabilise the system, although the damping
ratios obtained by KnEA algorithm are better than those obtained by NSGA-II algorithm in both
the cases. Further, in both the cases, the loss reduction achieved by KnEA algorithm is more than
that achieved by the NSGA-II algorithm. Moreover, as compared to the initial configuration, the
voltage stability margin of the system is improved substantially by both these algorithms and the
final voltage stability margins achieved by these two algorithms are quite close to each other for
both these cases. Lastly, the CPU time taken by the KnEA algorithm is less than that taken by
NSGA-II algorithm for both these cases.

Thus, the performance of KnEA algorithm is better than the NSGA-II algorithm for both the
cases. However, the final configuration obtained for case A and case B are different from each
other. This is due to the difference in formulated problem in case A and case B (as discussed
earlier, in case A, stability issue is considered as an objective function whereas in case B, it is
considered as a constraint). It is to be noted that, in this work, same preference has been given
to all objective functions and therefore, the final configurations have been selected based on the
sum of the normalized values of all objective functions, as discussed in Section 2.3.8. As the
performance of the KnEA algorithm is found to be better than that of NSGA-II algorithm, for both
case A and B, the configurations obtained by KnEA algorithm as given in Table[2.3]are taken to be

the final solutions.

2.5.2 Test System 2

This test system is a radial distribution system of 12.66 kV which consists of 69 buses, 5 loops and
normally open switches numbered from s69 to s73 as shown in Fig The total real and reactive
power load on the system are 3.8 MW and 2.69 MVAr [[72]], respectively. Various parameters used
in KnEA technique are as follows: the population size is 80, maximum number of generation is
20 and crossover and mutation probability are 0.9 and 0.18 respectively. The simulation results for

this test system are presented in Table

34



s36 |s37]s37| s38)s39

s40] s41 |s42 | s43] s44 |s45 |

3f|3 3|7 2|38 3I9 4(! 4|1 !2 J?I I44 4I5 4!6 -:
| |

s51 s52 :s69 :571
51 52 : |

—— 1
Is1]s2 |33 s4 |s5 |s6 | s7 Hs8so [sto[s19 s12s13]s14 [si5] s16 |s17 | s18] s19 [s20]s21 |s22 | s23 |

I
1 I - I—L@
53 54 55 56 57 58 I59 60 61 62 63
27 kog|s29 | s30]s31 s32] s33 |s34

|1 I s el
1 2 3 |4 9 10 11| 1 13 14 15 16 17 18 19 20 21 22 23 24
s24

s67 25

s25

68 69 2%

$65 |ses | 26

_s52 27
| 66 67 |
47 48 49 50 | 64 |
| s53|s54] s55|s56 | s57| s58 |s59 | 560| s61 |562 |s63]s64 | _I

28 29 30 3

32 33 34 35

Figure 2.3: 69-bus radial distribution system.

Table 2.4: Result of 69-bus distribution system

Method Tie switch Power Voltage Switching ~ %Damping Stability cpu

loss(kW) stability number ratio** status time

index (s)

Case A
Initial case $69,s70,s71, s72,s73 75.8 0.0884 0 -0.1143 unstable
KnEA s11,s15,52, 569,571 29.1 0.0198 6 1.348 stable 33.703
NSGA-II $10,s15,s69, s71,s72 30.33 0.0484 4 -0.679 unstable  49.586
Case B
KnEA s11,s15,852, 569,571 29.1 0.0198 6 1.342 stable 30.822
NSGA-II s11,s13,852, 569,571 29.09 0.0198 6 1.331 stable 46.112

** Damping ratio of electromechanical oscillation mode is expressed in term of percentage (%D = 100

D).

From this table it is observed that for case A, the reduction in loss and improvement in voltage

stability margin achieved by KnEA algorithm are more than those obtained by the NSGA-II algo-
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rithm. Further, although the initial configuration is unstable, for case A, KnEA algorithm is able
to find a stable configuration while NSGA-II algorithm is unable to do so. However, for case B,
both these algorithms are able to find stable configurations. Thus, for ensuring stability, the stabil-
ity issue should be considered as a constraint. Moreover, the results for reduction in power loss,
improvement in voltage stability margin, number of switching and final damping ratio obtained
by both these methods are quite comparable for case B. Further, the CPU time taken by KnEA
algorithm is less than that taken by NSGA-II algorithm for both case A and B. Therefore, overall,
considering both case A and case B, the performance of KnEA algorithm can be considered to be

better than that of NSGA-II algorithm.

As all objective functions are given equal importance, the optimum solution is obtained by
following the procedure of Section 2.3.8. Based on the smallest summation value of the normalized
objective functions, the configuration given by the open switches s11, s15, s52, s69 and s71 is
considered to be the best solution for Case A. On the other hand, for case B, on account of better
damping ratio, the configuration obtained by KnEA algorithm can be considered to be the best

solution.

2.5.3 Test System 3

This is a 119-bus distribution system, which includes 118 sectionalizing and 15 tie switches as
depicted in Fig The feeder, bus and tie line data of this system are taken from [73]]. The total
active and reactive power loads in this system are 22,709.7 kW and 17,041.1 kVAr, respectively.
The parameters of the KnEA algorithm used for this test system are same as those used for test
system 2. The results corresponding to all the objectives are shown in Table From this table it
is observed that the power loss reduction obtained by KnEA algorithm is more than that obtained
by NSGA-II algorithm for both case A and case B. Also, the voltage stability margins obtained by
these two algorithms are quite comparable for both case A and case B. However, for case A, the
number of switching operations suggested by KnEA algorithm is quite less (as compared to that
obtained by NSGA-II) while for case B, the number of switching operations obtained by both these
algorithms are same. Also, both these algorithms are able to stabilise the initially unstable system
for both case A and B. Lastly, the execution time required by KnEA algorithm is significantly less

than that required by NSGA-II method. Therefore, for this system also, overall the performance
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Figure 2.4: 119-bus radial distribution system.
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of the KnEA algorithm can be considered to be better than that of the NSGA-II algorithm and as a

result, the configurations obtained by KnEA algorithm can be taken to be the final solutions of the

reconfiguration problem.

Table 2.5: Result of 119-bus distribution system

Method Tie switch Power loss Voltage Switching ~ %Damping Stability cpu
MW) stability number ratio** status time
index (s)
Case A
Initial case s119,5s120,5121,5122, 0.73951 0.3262 0 -0.9816 unstable
s123,s124,5125,5126,
s127,5128,5129,5130,
s131,s132,5133
KnEA $9,524,561,569,575,596, 0.440 0.15657 14 1.07 stable 98.27
s110,s121,5122,5124,
s125,5s126,s127,5131,
s132
NSGA-II $9,522,533,548,558,s71, 0.4567 0.17845 22 0.41 stable 123.251
$76,s83,887,590,s110,
s121,5124,5127,5132
Case B
KnEA $9,523,542,549,561,569, 0.4269 0.15657 18 0.4467 stable 91.89
s77,s88,s110,s121,s122,
s126,5127, 5131, s132
NSGA-II s17,523,534,539,544,549, 0.4405 0.15657 18 0.9533 stable 110.830

s71,s74,s110,s123,s126,
$s127,s130,s131,s132

** Damping ratio of electromechanical oscillation mode is expressed in term of percentage (%D = 100

D).

2.5.4 Further studies

Before concluding the chapter, some further studies and comments are in order.

(1) Impact of parameter T
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In all the above studies, a fixed value of 7" has been chosen which controls the ratio of knee
point to the nondominated solutions. With large values of 7', less exploration in search space is
obtained. On the contrary, relatively small value of 7" improves algorithm efficiency by preventing
the solutions from getting trapped into local Pareto fronts. To investigate the effect of 7" on the final
solution, optimum reconfiguration studies using the KnEA algorithm have been carried out on the
119 bus system for different values of 7". The variation of F(s) (as defined in equation (2.50)) with
respect to 7" is shown in Fig. [2.5] From this figure it is observed that F(s) attains a minimum value

of 1.005 for 7" = 0.5. As aresult, 7" = 0.5 has been used for all the systems in this work.

25+ B

05F A

Figure 2.5: Variation of F(s) with T for test system 3.

(i) In this chapter, the reconfiguration problem is solved as a multiobjective optimization prob-
lem (MOQP). In a true MOOP, there should be a set of objective functions, which are pareto op-
timal to each other. To demonstrate the MOOP nature of the reconfiguration problem studied in
this chapter, the variation of objective functions (with respect to each other) for test system 3 are
shown in Fig. From this figure, it is observed that when power loss is minimized, damping
ratio gets poorer (Fig. 2.6(a)). In fact, when the power loss is minimized to a large extent, the sys-
tem becomes unstable. Therefore, power loss and damping ratio are pareto-optimal to each other.
As observed from this figure, number of switching operations also observes pareto optimality with

power loss and voltage stability index as depicted in Fig. [2.6(c) and Fig. [2.6(d), respectively.
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On the other hand, power loss and voltage stability margin follow the same pattern (i.e. when any
one of these indices improves, other index also improves). Thus, damping ratio observes pareto
optimality with power loss and voltage stability margin. Therefore, the reconfiguration problem
studied in this chapter is a true MOOP.

(iil) The results of Tables[2.3| [2.4]and[2.5|demonstrate the superiority of KnEA algorithm to NSGA-
IT for solving the feeder reconfiguration problem. For studying the statistical performance of both
these methods, both these techniques have been executed 100 times. Table @] 1llustrates the best,

worst, and average solutions and standard deviation corresponding to test system 3.

Table 2.6: Comparison of two algorithms for 100 trials (test system 3)

Best Average | Worst | standard deviation
KnEA 440.26 475.64 502.8 18.43
Power loss(MW)
NSGA-II | 456.73 491.02 517.5 25.15
KnEA 0.15657 | 0.178455 | 0.2174 0.023226
Voltage stability index
NSGA-II | 0.178456 | 0.20356 | 0.2180 0.02555
KnEA 14 16 22 2.350
Switching number
NSGA-II 22 24 24 3.286
KnEA -1.07 -1.0087 | -0.9195 0.1537
Damping ratio
NSGA-II -0.41 -0.962 -0.75 0.249

It is observed that the results obtained by the KnEA are better than those obtained by NSGA-II
(in terms of lower average and lower standard deviation) which indicates the superiority of the
KnEA technique over NSGA-II.
(iv) In the case studies presented in Subsections 2.5.1 to 2.5.3, power loss in the system has been
minimized. However, for techno-economic reasons, instead of power loss, the cost of power pur-
chase from the transmission grid should preferably be minimized [74f]. To explore this case, an-
other study has been carried out in which the power loss objective function f; is replaced with the
minimization of cost of power purchased from the substation. Mathematically, this cost objective

function can be evaluated as

min f1(X) = min(C * Pg + Cy % Q¢) (2.51)
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Where P and () are the real and reactive power drawn by the substation respectively, C; ($/kW)

and C5 ($/kVAR) are the price coefficients of real and reactive power respectively. Further, in this

study, only case B is considered as it has been already established that for ensuring stability, the

stability issue should be considered as a constraint.

Therefore, in this case, the multi-objective constrained DSR problem is described by the ob-
jective functions in equations (2.5)), (2.7), (2.51) and the constraints given in Subsection 2.2.2 and
in equation (2.43)). The results obtained for all of the three test systems are shown in Table 2.7

Table 2.7: Result of 119-bus distribution system with minimization of power

purchase cost

System Method Tie switch Cost ($) Voltage Switching  Cpu
stability number time
index (s)
Case B
System 1 Initial case $33,s34,s35, s36,s37 14914.38 0.18457 0
KnEA $7,829,534,535,s37 14793.29,  0.0856 4 18.518
NSGA-II $8,529,533,534,537 14812.24 0.09263 4 25.331
Case B
System 2 Initial case $69,570,s71, s72,573 9068.95 0.0884 0
KnEA s11,s13,552,569, s71 8796.33 0.0198 6 31.198
NSGA-II s11,516,s52,569,s71 8808.68 0.0198 6 47.513
Case B
System 3 Initial case s119,s120,5121,5122,5123,5124,5125, 108617.77  0.3262 0
s126,s127,5128,5129,s130,s131,5s132,5133
KnEA $23,527,s35,539,544,875,s97,s110,s123,  106656.79  0.15657 16 94.352
s125,5126,5127,s128, s131,s132
NSGA-II $17,523,s34,542,548,876,583,s110,s120, 106709.08  0.176692 16 119.622

s123, 5126,5127,5128,5129,5132

The values for the coefficients C'; and C5 have been taken from [74]]. From this table, it is

observed that the reduction in power purchase cost (with respect to the base case) is more with
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KnEA algorithm as compared to that obtained with NSGS-II method and voltage stability margin
obtained with both these methods are quite comparable to each other. Further, in all the systems,
the number of switching operations obtained by both methods are same. However, as observed
earlier, KnEA algorithm requires less computational time as compared to that required by NSGA-

11.
2.6 Conclusion

In this chapter, a multi-objective distribution system reconfiguration problem has been formulated
and subsequently, application of KnEA algorithm has been proposed to solve the formulated prob-
lem. Based on the simulation studies carried out in three different test systems, it has been observed
that a dynamically unstable distribution system can be made stable with increased small signal sta-
bility margin through reconfiguration and the stability issue should be enforced as a constraint
instead of objective function in order to maintain system stability. The KnEA algorithm is superior
to that of NSGA-II algorithm for solving the multi-objective network reconfiguration problem in
term of the performance and accuracy. However, all this analysis is for deterministic nature of DS.
Therefore, a procedure for taking into account the uncertainties of correlated loads and generations

into the DSR problem is described, in the next chapter.
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Chapter 3
Stability constrained optimal distribution system
reconfiguration considering uncertainties in

correlated loads and distributed generations

This chapter focuses on small signal stability constrained DSR methodology under uncertainties
associated with the load demand and the power output of the renewable energy based distributed
generation. Further, the correlation among the uncertain load demand and among the uncertain
DG power output has also been considered. This formulation takes into consideration the sys-
tem’s probabilistic operational constraints such as maximum limit on line current, minimum and
maximum limits on bus voltage magnitude, radiality of distribution system and probabilistic small

signal stability constraint. A KnEA-PE approach is then utilized to solve this DSR problem.

3.1 Introduction

In the previous chapter, DSR in the presence of DGs is investigated in a deterministic environment.
However, inherent intermittencies of power generation and continuous load demand variations give
rise to significant level of uncertainties. In the face of these uncertainties, DS operational strategies
such as DSR become more challenging. In most of the literature, only the steady-state behaviour of
DGs under uncorrelated uncertainties has been taken into account during system reconfiguration.
As discussed in Chapter [2 the system stability is affected with the integration of DGs in the
distribution system. Therefore, small signal stability of distribution system is considered as an
important probabilistic stability index for maintaining system security level while solving the DSR
problem.

To address this issue, the effect of uncertainties with correlations among loads and among
power outputs of DGs are considered in stability constrained DSR of DS in this chapter. In this
chapter, only synchronous generator based small hydro power plants (SHPP) are considered as

the DGs. Moreover, it is presumed again that the system stability is completely dependent on
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the system operating condition (uncertain load injections, DG power generation and topology).
The key objective of this chapter is to develop an optimum reconfiguration methodology while

guaranteeing the small signal stability of the distribution system in an uncertain environment.

3.2 PROBLEM FORMULATION
3.2.1 System modelling

The objectives in the proposed formulation are minimization of expected power loss, maximiza-
tion of expected voltage stability margin, and minimization of the required number of switching
operations. The presented formulation employs probabilistic approach to represent the stochas-
tic nature of the loads and power generated by DGs. The proposed formulation accounts for the
system constraints by: 1) energising all load points in the system, 2) preserving the system radial-
ity, 3) ensuring that the probability of the system to remain dynamically stable is more than some
pre-defined value and 4) ensuring that the probabilities of the branch currents and bus voltages to

remain within their allowable limits exceed some pre-defined values.

A brief description of various uncertain quantities is given below.

3.2.2 Uncertainty representation

In this work, two uncertain quantities are considered: (1) active and reactive power loads, (2)
SHPP output power. The probabilistic models for the real as well as reactive power demand and
the power generated by DG are described as follows.

1) Probabilistic Load modelling: The uncertain real and reactive power load is represented as a

continuous random variable with Gaussian probability density function as [75].
1 _ Ug—ng)

o
(k) = ak—(%)e 2%k (3.1

where [, is real or reactive power load at the k" bus, while o, and 1 are the standard deviation

and mean of [, respectively.

2) Probabilistic generator modelling: In this work, the generation outputs (as percentage of rated

capacity) of the SHPP are taken from [76] along with their associated discrete probability values.

Table[3.1{shows the percentage output power of the SHPP and the associated probabilities used for

SHPP modeling.
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Table 3.1: Probabilities of SHPP power output

State no Output power as percent- % Probability

age of rated capacity ( %r)

1 0.000 2
2 28.43 552
3 37.73 5.96
4 45.70 11.03
5 50.80 14.24
6 55.14 14.24
7 60.30 15.67
8 65.90 14.24
9 73.71 9.49
10 83.62 5.74
11 100 1.87

The DG output power Ppg is calculated as Ppg = Prggeq * 7/100, where P44 is maximum
capacity of the DG unit and r is percentage output power (of rated capacity). Thus, at every
state, the DG power output and the related probabilities are determined. Subsequently, the mean,
standard deviation and other moments are computed. Further, correlation among the outputs of the

SHPPs has also been considered in this work.

3.2.3 Probabilistic Objective Functions

The probabilistic objective functions are described in detail below.
(1) Minimization of expected real power loss: With reference to Fig. this objective function
is given by,

min f1(X) = min E{ Z M} (3.2)

|Viel?
(kk+1)€By
In equation (3.2), E{.} stands for expectation operator.

(2) Maximization of expected voltage stability margin: This objective function is given by,
min fo(X) = min E{(AL)} (3.3)

A smaller value of AL (voltage stability index) indicates an improved voltage stability margin.

The quantity AL is defined in equation (2.4)
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(3) Minimization of number of switching operation: This objective function is given as
min f5(X) = min(NSW) (3.4)

The above formulated multi-objective optimization problem is subjected to various operational

and stability constraints as discussed below.

3.2.4 Limits and Constraints

(1) Topological constraints: During reconfiguration, system radiality should be preserved.

(2) Probabilistic small signal stability constraint : As described in Chapter [2, system stability
is investigated by linearizing the dynamic model of the distribution system at the initial operating
point. This linearized model yields the system state matrix and subsequently, the eigenvalues
of this matrix are determined. From these eigenvalues, the critical eigenvalues (which are either
rightmost eigenvalues or eigenvalues with least damping ratio) are identified. Now, depending on
the probability density function (PDF) of the load demand and the power generated by the DGs,
the critical eigenvalues will also have a certain PDF and from this PDF, the probability of stability
can be determined. The detailed procedure of small signal stability analysis (SSSA) is given in
Chapter 2] The following linearized dynamic model of DS at an operating point has been obtained

in Chapter 2 in equation (2.38):

Ax = A, ;Ax+ EAu 3.5)
where
x =[x x¥.xI'.. xﬁg]T, x;=[0; wi E} Epal"
u=[uf uy..ul.u ], W = [Tari Vyep, )"

From eigenvalues of A, the critical eigenvalue (A, = a. + j7.) is identified. For the system to
be dynamically stable in the probabilistic sense, the probability of «. being in the left hand side
(LHS) of the complex plane should exceed some pre-specified value. Mathematically, this can be

expressed as
P{a. <0} > 6, (3.6)

where, «. is real part of critical eigenvalue, 0 < 5, < 1 is specified probability level for ensuring

the system stability and P(z) denotes the probability of the random variable '’
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(3) Probabilistic operational Inequality Constraints: The optimal configuration of the DS
should guarantee that the probability of bus voltages and branch currents staying within their

respective limits should exceed some pre-specified limits. Thus, these constraints are given as,
Py = P{V"" <V, < V™) > By (3.7)

P]:P{|Ik7k+1| < |IITI?$1|}>/BI k € By, (3.8)

where V™™ and V;"** are minimum and maximum allowable voltage magnitude of the k" bus,
respectively. |Ij, ;41| is the magnitude of current flow in the branch (k, k + 1) and |I}7¢7,] is the
maximum allowable current flow in that branch. 0 < Sy < 1 and 0 < 8; < 1 are the probability

levels specified according to operational requirements.

3.3 STOCHASTIC DISTRIBUTION SYSTEM RECONFIGURATION (SDSR)

A two-stage KnEA-PE technique is employed for solving the DSR problem. In the first stage, the
point estimation method (PEM) [[77] is implemented to evaluate the probabilistic objective func-
tion and constraints. In the second stage, a knee point driven evolutionary algorithm (KnEA) is
implemented to determine the optimal control variables that would optimize the objective func-
tions as well as satisfy all probabilistic operational and stability constraints along with topological

constraint.

3.3.1 Consideration of uncertainties with PEM technique

The PEM is a well known approach for handling uncertainty which requires deterministic evalua-
tions of few samples for calculating the moments of the output random variables and provides the

results with adequate accuracy in less computational time.

3.3.1.1 Basic Point Estimate Method

In this work, the effect of uncertainty associated with SHPP power generations and load demands
has been incorporated by using the three-point estimation method (3PEM) [[77]]. In the proposed
DSR formulation, the uncertain and uncorrelated input variables can be represented as a vector
(21,225 ooy 215 oey Z2m) With m = 2L + m,, where L is the number of load buses with randomly

varying active or reactive power demands. The 3PEM utilizes three probability concentrations to
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approximate the PDF f; (of random variable z;) as follows.
2k = Mz 1RO k=1,2,3 (3.9)

where €, is the standard location, ji.; is the mean and o; is the standard deviation of z;. The basic
steps of 3PEM are as follows [77].

1. The standard locations ;. are calculated using equation (3.10)

A 3
ELp = f (=1 A — e k=12 aa=0, k=3 (3.10)

where ); 3 and \; 4 are coefficients of skewness and kurtosis of z; respectively.
2. The three-point estimates of PDF f; (denoted as 2; 1, 2;2 and z; 3 respectively) are obtained from

equation (3.9). Further, the weighting factor w;  corresponding to location z;; is calculated as

—1)37k 1 1
:¥ k=12, wp=——+——5, k=3 (3.11)

Wi,k ) )
€l,k(5l,1 - 81,2) m )\14 - )\l 3

Once the points and weights for all random variables are obtained, the following procedure is
adopted for evaluating the probabilistic objective functions and constraints.

1. Form the input matrices Z;and Z- as:

21,k Hz2 cee Hzm
Hz1 22k -+ Hzm
7y = ' ) _ (3.12)
M1 Hz2 oo Zmk
where, k = 1, 2. Lastly, a mean value vector Zymean= [ftz1 flz2 ... [om] is formed for & = 3 by

setting £;3 = 0 and 2,3 = pi.;. As aresult, the total number of concentrations becomes 2m+ 1.

2. For Zean and each row of Zy, power flow and small signal stability analysis are carried
out to evaluate the corresponding values of output variable s. These values are denoted as s;
(corresponding to the input matrix Zy, k=1,2) and s; 3 (obtained corresponding to the mean vector
Zinean)- Itisto be noted that [ = 1,2...m.

3. Subsequently, the j*"-order moment mo; of output s is calculated as,

;= E(s7) Zzwlk Sik) +Zw13 51,3)’ (3.13)

I=1 k=1
Using these moments, the expected values and cumulative dlstrlbutlon function (CDFs) of the

output variables are obtained. The output variables include the bus voltages, branch current flows,
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and eigenvalues of critical mode. The cumulative probabilities of the output variables are obtained

using the Gram-Charlier expansion [[78]].

3.3.1.2 Consideration of correlation

The 3PEM described in Section 3.3.1.1 does not consider correlations between load demand and
the power output of DGs. In this work, real and reactive loads are assumed to be normally
distributed. Therefore, the correlated loads are first transformed to uncorrelated variables using
Cholesky decomposition. The details of Cholesky decomposition are given in [[79]. However,
in this work, power generated by the DGs follows discrete distribution (non-normal distribution).
Further, these power outputs are assumed to be correlated with each other (defined by a given
correlation matrix). A transformation method has been implemented to handle the non-normal
correlated SHPP power outputs. The details of the 3PEM with correlated input variables are given

below.

Let C,, be the correlations matrix of the input random variables w1, wy...wy,,

1 P12 plmg
P21 1 pgmg
Co=| . (3.14)
pln 102mg ]‘

Where p;; is the correlation coefficient between ' and ;' random variables. In order to deal with
correlated variables with non-normal probability distributions, random variables are transformed

into the standard normal variables using Nataf Transformation [80]. The standard normal variables
T1, T, ...Ty, are obtained using equation (3.15)

z; = ¢ F(w)], i=1,2..m, (3.15)
where F; is the CDF of w; and ¢(.) is the CDF of standard normal distribution of z;. Then, the
modified correlation coefficient matrix C,,, of standard normally distributed random vector x
= [z, xQ...:z:mg]T is obtained from the matrix C,, following the procedure given in [[80]. Subse-
quently, the correlation matrix C,,y, Which is equal to the covariance matrix for standard normal

distribution, is decomposed using the Cholesky decomposition as

Cpw = LLT (3.16)
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where L is the lower triangular matrix. The relation between the correlated standard normal ran-

dom vector X and uncorrelated standard normal vector U is given by U = L1X.

In order to implement the 3PEM, with non-normal correlated random variables, following steps

are followed.

1. Calculate matrix L from C,, using equation (3.16).

2. The first four moments of uncorrelated standard normal distribution variables are calculated

corresponding to the power output of DGs.

3. Compute the probability concentrations w;;, (1 = 1,2..mg4,k = 1,2,3) and the associated

weighting factors of uncorrelated normal distribution variables using equations (3.9) - (3.11)). Sub-

sequently, construct the 2m, + 1 uncorrelated normal distribution vector U according to equation

(3.17) as
where,
Ui,k
,uml
Uy =
Macl
k=1,2.

Ha2

U2,k

,uacQ

Uy
U= |U; (3.17)
U,U«
/’L-ng
IL[/w’IYLQ
and U,=1| pg1 floz ... ,uxmg]
Umyg,k

4. The vector U is transformed back to the correlated normal distribution vector X using X =

LUT,

5. Calculate the correlated distribution variable w; using the inverse of equation (3.15]) as follows

w; = F~_1

To(x)], i=1,2..m, (3.18)

6. Obtain the moments of output variables using equation (3.13)) with transformed correlated vari-

ables and the remaining uncorrelated variables.
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3.3.2 Application of KnEA-PEM for solving the DSR problem

The procedure for application of KnEA-PEM for solving the DSR problem under uncertainties is
outlined below.

1) For a given distribution test system, input the system data and specify KnEA parameters such
as k,T,r,,t,and g,,,, (maximum number of iterations).

2) Generate initial parent population X, of size [V, randomly that fulfills the radiality constraint
and set iteration count g = 1.

3)The probabilistic output random variables (bus voltages, branch power flows and eigenvalue of
critical mode) are calculated as described in Subsection 3.3.1 and subsequently objective functions
given in equations (3.2)), (3.3) and (3.4) are evaluated using uncertain output variables for each
individual of X,.

4) The expected value of objective functions and cumulative probabilities of steady-state bus volt-
ages, branch current flows in equations (3.7), (3.8)) are estimated based on 2m + 1 deterministic
load flow results and cumulative probabilities of «.. (critical mode eigenvalue) are calculated based
on the results of 2m + 1 deterministic small signal stability (SSSA).

5) The probabilistic stability constraint is evaluated from the CDF of the critical mode. If any con-
figuration (represented by a string) is probabilistically unstable then this configuration is removed
from the solution space by the addition of large penalty factor values to all the objective functions.
6) The probabilistic voltage and current constraints given in equation and (3.8) respectively
are checked for all stable N, strings. Any violation of the operational constraints is tackled by
using the penalty factors as follows:

PT = MY reey, Ve = Vi) + 3 cone Vi = VP2 + XD ey, Tewrn — IEE)?
where \; and )\, are the penalty factors, C'y; and CYyp, are the set of all buses with maximum
and minimum voltage limit violation, respectively. Further, Cy;, N Cyy = 0, where () is the null
set. C'ry is the set of all branches with maximum current limit violation. Infeasible solutions are
removed by the addition of PT having large penalty factor values.

7) Perform effective non-dominated ranking (ENS) [68] and binary tournament mating selection,
crossover and mutation [81]] on X, and generate new strings as offspring population Y. Examine

the probabilistic constraints and afterwards calculate the objective functions for strings in Y, and
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construct a combined population R, = X, UY/.

8) Decide the ranking of non dominated front using ENS [68]]. Knee points are identified for com-
bined population, as detailed in Chapter 2]

9) Select the next generation parent population X, based on dominance comparison followed by
knee point criterion, and distance from hyperplane, to form size of X, exactly equal to INV,,.

10) Increase the iteration count g = g + 1. Terminate the execution, if the iteration count reaches
the maximum specified number of iteration, else go to step 3.

11) The outcome consists of expected value of optimal solutions (nondominated solutions). The
best solution from the solution vectors [V, is selected based on normalized function [69] as ex-

plained in Section 2.3.8 of Chapter 2]

3.4 CASE STUDIES

The effectiveness of the presented methodology has been investigated on IEEE 33-bus, IEEE 69-
bus and 119-bus radial distribution systems with SHPP type of DGs. For all three systems, location
of DGs and their maximum capacities are assumed to be same as used for deterministic analysis
in Chapter 2. All DG nodes are modeled as voltage controlled nodes. The rated terminal voltage
magnitude of each DG is 1 p.u. In order to ensure the critical mode’s stability, value of (3, is
taken as 0.99. The values for 3y and (5 are assumed as 0.95. The performance of KnEA has been
investigated by comparing the results obtained by KnEA with the results obtained by "NSGA-IT’.
To compare the results obtained by KnEA and NSGA-II, for any particular distribution system, the
population size, crossover and mutation probability values are kept same. Further, for all three sys-
tems, the values of KnEA parameters and penalty factors are same as given in Chapter [2| Lastly,
the loads are assumed to have Gaussian probability density function with load values (real and
reactive) given in [|15[], [72] and [73]] taken as mean values. The standard deviations assumed for
real and reactive power loads are 7% of the respective mean values. In this work, DSR has been
carried out for the following four cases:

Case A: DSR without correlated variables.

Case B: DSR with only load correlation.

Case C: DSR with only DG correlation.

Case D: DSR with both load and DG correlation.
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Further, to validate the effectiveness of probabilistic evaluation, for case D, CDFs of the proba-
bilistic constraints (real part of critical eigenvalue «., bus voltage and branch current flow) before
(shown with solid line) and after (shown with dashed line) reconfiguration are plotted for all three
test systems. For this, the bus with minimum voltage magnitude and the line which is carrying cur-
rent nearest to the prespecified limit are selected to reflect the changes of bus voltage magnitude

and line current flow comprehensively.

3.4.1 Test System 1

Three SHPP type DGs are considered at buses 18, 30, and 33. The maximum capacities of the DG
units considered are 100 kW, 110 kW and 1.1 MW respectively. These values correspond to 100%
output power of DG in Table [3.1] These DGs are assumed to be correlated with each other with
a correlation matrix C,, given in equation (3.19). In this system, loads at bus numbers 19, 20, 21
and 22 are also assumed to be correlated with each other with a correlation matrix Cs,; given in
equation (3.19).

1 08 07 05

1 03 0.3
0.8 1 0.7 06
Cw=103 1 03 Cw = (3.19)
0.7 07 1 0.5
03 03 1

- - 0.5 06 05 1

The simulation results for this system are shown in Table [3.2|for all four cases. This table shows
that incorporation of correlation results in significant changes in the final solution.

A comparison of all cases shows that the original configuration is unstable with and without
correlation (as P{a. < 0} < f3, for all the cases). Moreover, the correlation among DGs has more
influence on the probabilistic instability than the load correlation. This unstable system is subse-
quently made stable through reconfiguration. Compared with the initial case, the proposed DSR
methodology improves the performance of the system by reducing the power loss and increas-
ing the voltage stability margin. In this chapter, all objective functions are equally preferred and
thus, as discussed in Section 2.3.8, the best solution is selected on summing the normalised values
of all objective functions. It can be seen that with the consideration of correlation, the system
performance changes a little (as power loss increases and the stability margin reduces marginally

compared to case A). Further, correlation among DGs has more pronounced effect on the final
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Table 3.2: Result of 33-bus distribution system

Case A Case B Case C Case D
Initial case
Power loss(kW) 98.457 99.228 98.915 99.411
Voltage stability index 0.21872 0.21914 0.22050 0.21912
Switching number 0 0 0 0
P{a. < 0} 0.952 0.952 0.9360 0.9340
Stability status unstable unstable unstable unstable

Reconfigured system

Open switch

$9,s16,s33,s34,s37

$9,516,s33,s34,s37

s11,529,533,s34,s37

s11,s29,s33,s34,s37

Power loss(kW) 73.614 74.314 78.740 79.2824
Voltage stability index 0.135013 0.135488 0.164343 0.160524
Switching number 4 4 4 4

P{a. < 0} 0.999 0.998 0.998 0.997
Stability status stable stable stable stable

configuration than the correlation among loads (as results of case C and case D are quite similar to
each other while the results of case B and case C are comparatively different). Therefore, the final
topological structures of DS for case C and D are different from those obtained for case A and B.
To show the changes occurred in probabilistic constraints due to reconfiguration, CDFs of different
constraints before (solid line) and after (dashed line) reconfiguration for case D are depicted in Fig
3.1l In Fig[3.1} CDF of a., voltage magnitude of bus 18 and current flow in line 3-4, are shown.
At the initial operating point before reconfiguration, the probabilistic stability and current carrying
limit constraints are not satisfied with the acceptable confidence level as shown in Fig. As
depicted in Fig. [3.1(a), the critical mode eigenvalue has a probability of 0.9340 to remain in the
left hand side of the complex plane which indicates that the system could become unstable with a
possibility of 6.6%. After DS reconfiguration, as shown in Fig. [3.1[a), the probability at point B
is 0.998 which indicates that the probability of the system being stable is very high. On the other
hand, the probability at point C in Fig. [3.1(b) is 0.005 and therefore, the probability of voltage
magnitude of bus 18 being in the range of [0.90, 1.05] is 0.995 (1 — 0.005 = 0.995). This indicates

that the probabilistic voltage constraint is maintained with the satisfactory confidence level. Before
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Figure 3.1: CDFs of the probabilistic constraints before (solid line) and after

(dashed line) reconfiguration for 33-bus system.

reconfiguration, the branch current constraint for line 3-4 is also violated as shown in Fig. [3.1}c)
as the probability at point D is 0.609 indicating that the probability of over-loading for line 3-4 is
1 —0.609 = 0.391. After reconfiguration, the probability of current flow in line 3-4 to become
more than the current carrying limit is only 0.001 (as shown in Fig. [3.1c)). Thus, the optimized
configuration is probabilistically stable and all other probabilistic constraints are also satisfied as
shown in Fig. [3.1] Hence, while considering uncertainties, the proposed method guarantees that

all probabilistic constraints are satisfied during reconfiguration.
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3.4.2 Test System 2

Three SHPP type DGs connected to buses 63, 64 and 65 are considered to have maximum active

power capacity of 0.550, 0.750 and 1.2 MW respectively. These values correspond to 100% output

power of DGs in Table [3.1] For test system 2, the values of the parameters of KnEA algorithm are

same as that of test system 1. The same correlation matrix C,, given in equation (3.19), has been

used for the power output of SHPP. In this system, loads at bus number 26, 27, 28 and 29 are also

assumed to be correlated with each other with a correlation matrix Cy, given in equation (3.19).

For a further evaluation of the proposed algorithm, results of the above mentioned four cases are

shown in Table

Table 3.3: Result of 69-bus distribution system

Case A Case B Case C Case D
Initial case
Power loss(kW) 86.335 90.256 67.406 67.312
Voltage stability index 0.16671 0.18367 0.162047 0.157062
Switching number 0 0 0 0
P{a. < 0} 0.9537 0.9542 0.856 0.8480
Stability status unstable unstable unstable unstable

Reconfigured system
Open switch

Power loss(kW)
Voltage stability index
Switching number
P{a. < 0}

Stability status

$9,516,s24,s58,871
34.0288

0.09462

8

0.991

stable

$9,516,s24,558,s71
32.651
0.094718
8
0.991

stable

$12,518,58,569,s71
42.141

0.083939

6

0.995

stable

s12,518,558,569,s71
42.574

0.084716

6

0.996

stable

For initial case, the probability of the critical eigenvalue remaining in the left half-plane is

0.8480. Hence the system could become unstable with possibility of 15.2%, when the stochastic

variation of load and SHPP generation is considered with correlation. This can be made stable
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through reconfiguration with the acceptable security level as shown in Fig. [3.2)a) and Table [3.3

Similarly, Fig. [3.2(c) shows that before reconfiguration, the current carrying limit in line 5-6 is

not satisfied with the acceptable confidence limit but after reconfiguration, the desired confidence

level is obtained for this constraint.
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Figure 3.2: CDFs of the probabilistic constraints before (solid line) and after
(dashed line) reconfiguration for 69-bus system.
3.4.3 Test System 3

Four SHPP type DGs connected to buses 55, 72, 78, and 119 are considered to have maximum

active power capacity of 2.5, 2, 1.5 and 1 MW respectively. These values correspond to 100%

output power of DG in Table [3.1] Various parameters used in KnEA technique are as follows: the

population size is 40, maximum number of iteration is 20 and mutation and crossover probability
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are 0.18 and 0.9, respectively. The correlation matrix C,, assumed for these four SHPPs is given

in equation (3.20). ) )
_ - 1 05 03 025 0.2
1 0.1 0.1 0.1
0.5 1 0.3 03 0.3
0.1 1 0.1 0.1
C, = Cwi =]03 03 1 055 06| (3.20)
0.1 01 1 0.1
0.25 0.3 0.55 1 0.2
0.1 0.1 0.1 1
- - 0.2 03 06 0.2 1

Further, the loads at buses 92, 93, 94, 95 and 96 are assumed to be correlated with each other with
a correlation matrix Cy, given in equation (3.20). The simulation results corresponding to all the

objective functions with stability degree are shown in Table for all four cases.

Table 3.4: Result of 119-bus distribution system

Case A Case B Case C Case D
Initial case
Power loss(kW) 779.029 779.344 781.189 781.432
Voltage stability index ~ 0.327453 0.327537 0.327496 0.327059
Switching number 0 0 0 0
P{a. < 0} 0.7247 0.725 0.712 0.712
Stability status unstable unstable unstable unstable

Reconfigured system

Open switch

Power loss(kW)
Voltage stability index
Switching number
P{a. < 0}

Stability status

$23,s27,835,839,s44,
$75,577,s110,5123,
$125,5126,5127,5128,
s131,5132

536.379

0.19307

16

0.9980

stable

$23,827,835,839,s44,
$75,577,s110,5123,
$125,5126,5127,5128,
s131,5132

536.882

0.193209

16

0.9980

stable

$23,827,35,539,s44,
§75,s97,s110,5123,
s125,5126,5127,5128,
s131,s132

527.150

0.202187

16

0.9980

stable

$23,827,35,539,s44,575,
$s97,s110,s123,5125,5126,
s127,s128,s131,s132

527.157
0.196650
16
0.9980

stable

From this table, it is observed that initially, the system (before reconfiguration) is unstable.

However, after reconfiguration, the system becomes stable although, with the consideration of
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correlation, the stability of the system reduces marginally. Further, for this system also, the results
corresponding to case C and case D are quite similar. On the other hand, there are some appreciable
differences between the results of case B and case C. Thus, for this system also, it can be concluded
that the correlation among DGs has more pronounced effect on the final configuration of DS than
the correlation among the loads. Fig. [3.3|depicts the CDFs of the operating constraints and stability
constraints before and after reconfiguration. For initial case, all the probabilistic constraints are not
satisfied with the acceptable confidence level. For example, it can be observed from Fig. [3.3|a) that

before reconfiguration, the system is unstable with a probability of 0.712 and after reconfiguration,

the system becomes stable with a high probability of 0.998.
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Figure 3.3: CDFs of the probabilistic constraints before (solid line) and after

(dashed line) reconfiguration for 119-bus system.
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Similarly, Fig. [3.3|(b) shows that before reconfiguration, the probability of voltage magnitude
of bus 112 being in range [0.9, 1.05] is 1 — 0.108 = 0.892. This indicates that the probabilistic
voltage constraint is not satisfied with the desired confidence level of 0.95. After reconfiguration,
the desired confidence level is attained for this constraint. Moreover, as shown in Fig. c),
before reconfiguration, the probability of overloading at point D is 0.431 which indicates that the
current carrying limit is not satisfied with the acceptable confidence limit. After reconfiguration,
the probability of current flow in line 5 — 29 to remain below the current carrying limit is 1. Thus,
it is again observed from Fig. that the presented DSR formulation satisfy all the probabilistic
constraints with acceptable confidence level.

For this test system, Fig. demonstrates the MOOP nature of the DSR problem. As observed
from this figure, number of switching operations observes pareto optimality with power loss and

voltage stability margin as depicted in Fig. [3.4(a) and Fig. [3.4(b), respectively.

[
[

! 2 T T T
“ h : i !
L. <] wn
E D& : ] R
= 4
= ; ® : : :
g 18F - - S R BT
. 2 ; ; :
b ; o : : :
D e : = [} M P -
= : = : :
£ s g : :
g - s Eu g
2] : 7] ; ;
s : s :
o 12 * ¥ 2 s e %
@ : k1) }
= : = :
E 10F ® = E 10 g
= =
3 i i i i i i 5 : ; i i i i | ;
0s 058 06 065 07 0.7s 08 0.85 016 018 02 022 024 02 02 03 032 034
Power loss{MW) Voltage stability index (p.u.}
(a) (b)

Figure 3.4: Obtained Pareto front for test system 3 using KnEA

To investigate the comparative performance of KnEA and NSGA-II, the results obtained by
both the approaches are shown in Table [3.5]for the three test systems considered. This table shows
that the results obtained by these two methods are quite comparable for 33-bus and 69-bus systems.
For 119-bus system, the expected power loss and the number of switching operations obtained
with KnEA are smaller than those obtained by NSGA-II. Therefore, it can be concluded that the
performance of the KnEA is better than that of NSGA-II.
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Table 3.5: Comparison of two algorithms for case D

Status Open switches Expected Expected Voltage Switching  P{a. <0} Stability
Power stability index number status
loss(kW)

33-bus system

KnEA s11,529,533,534, s37 79.282 0.160524 4 0.998 stable

NSGA-II $9,529,533,534, 537 79.231 0.178108 4 0.998 stable

69-bus system

KnEA $12,518,558,569,s71 42.574 0.084716 6 0.996 stable

NSGA-II $12,520,556,569,s71 42.81 0.08649 6 0.996 stable

119-bus system

KnEA $23,527,535,539,544,575,597,8110, 527.757 0.196650 16 0.998 stable
$123,5125,s126,s127,5128,s131,s132

NSGA-II $23,527,535,539,544,569,574,598,s110,  529.235 0.1795541 18 0.998 stable
$123,5125,5126,5127,5131,5132

From the results of these three test systems, it is observed that the correlation among the DGs
has more pronounced effect on the final result than the correlation among the loads. This is due
to the fact that in this work, stability issues have been considered for the DSR problem. In this
work, only passive loads have been considered and therefore, the stability of the system is entirely
determined by the dynamics of the DGs. As stability is an integral part of the proposed DSR
formulation, dynamics of the DGs play a major role in the final solution. As a result, the correlation
among the DGs plays more prominent role in the final solution than the correlation among the
passive loads. Further, in all the above studies, a fixed correlation matrix and constant power loads
only have been considered. To investigate the performance of proposed algorithm for different

levels of correlation, following additional studies have also been carried out.

3.4.4 FURTHER STUDIES

To investigate the effect of different levels of correlation among the DGs and the loads, analysis has
been carried out on test system 3 considering different correlation matrices. The results are given
in Table and In Table only the correlation among loads is considered while in Table
only the correlation among the DGs is considered. For Table the considered correlation
matrix Cy,, and for Table the considered correlation matrix C,, are given in equation (3.21).

In these two tables, the quantity ’r1’ denotes the correlation coefficient. In this study, three different
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values of 'r1’ namely 0.3, 0.5 and 0.8 have been considered.

Cwi= |71 1 1 rl

rl r1 r1 1

1 1 r1 r1

rl 1 r1 rl

rl r1 r1 rl

rl

rl

rl

rl

1

rl

rl rl

rl rl

rl rl

rl rl
3.21)

From Table [3.6] it is observed that the correlation only among the loads has a marginal effect on

the final results of reconfiguration. In fact, Table @] shows that when the correlation among the

loads is considered, the level of correlation does not have any effect on the final configuration of

the system and the number of switching operations.

Table 3.6: Reconfiguration of test system 3, considering different levels of cor-

relation among loads

r1=0.3 r1=0.5 r1=0.8
Initial case
Power loss(kW) 779.950 780.156 778.760
Voltage stability index 0.32768 0.32736 0.32753
Switching number 0 0 0
P{a. < 0} 0.7239 0.72814 0.72622
Stability status unstable unstable unstable

Reconfigured system

Open switch

Power loss(kW)
Voltage stability index
Switching number
P{a. <0}

Stability status

$23,527,835,539,s44,s75,
§77,110,5123,5125,5126,
$127,5128,s131,5s132
536.792

0.192824

16

0.99003

stable

$23,827,835,s39,s44,875,
s77,s110,8123,5125,5126,
s127,5128,s131,5s132
537.431

0.193212

16

0.99001

stable

$23,827,35,s39,s44,875,
s77,s110,s123,5125,5126,
s127,s128,5131,s132
537.174

0.193143

16

0.99006

stable

Also, with variation in correlation level, power loss of the system, voltage stability index and
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small signal stability index change very marginally. On the other hand, Table shows that the
correlation among the DGs has much more pronounced effect on the final result of reconfiguration.
With the variation of correlation level among the DGs, the final configuration of the system and
the number of switching in the system change quite significantly, although the changes in power

loss, voltage stability index and small signal stability index are much less pronounced.

Table 3.7: Reconfiguration of test system 3, considering different levels of cor-

relation among DGs

r1=0.3 r1=0.5 r1=0.8
Initial case
Power loss(kW) 782.339 779.47766 788.5543
Voltage stability index 0.327508 0.327300 0.3274103
Switching number 0 0 0
P{a. < 0} 0.689 0.737 0.625
Stability status unstable unstable unstable

Reconfigured system

Open switch

$23,827,835,539,s44,575,897,
$110,s123,s125,s126,8127,5128,

$23,839,574,598,s110,s121,s122,
$123,s124,5125,5126,s127,5128,

$23,839,s43,875,s97,s110,s121,
$122,s123,s124,8125,5126,s127,

s131,s132 s131,s132 s128,s131,s132
Power loss(kW) 527.150 546.667 538.438
Voltage stability index  0.1894325 0.17953 0.197933
Switching number 16 10 12
P{a. < 0} 0.9950 0.9990 0.9910
Stability status stable stable stable

3.5 CONCLUSION

In this chapter, a probabilistic small signal stability constrained multi-objective distribution system
reconfiguration problem has been formulated. Subsequently, application of KnEA-PE approach
has been proposed to solve the formulated problem with an acceptable confidence level. The de-
veloped procedure has been tested on IEEE-33, 69 and 119 bus systems and the results show that

stability of dynamically unstable DS is achieved through reconfiguration with a desired confidence
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level. The correlation between the SHPP-DGs and between loads has been taken into considera-
tion and it has been found out that correlation among the uncertain load demand and among the
uncertain DG power output have an influence on the final configuration of the system. Moreover,
correlation among DGs has more pronounced effect on the final configuration than the correlation
among the loads.

The impact of network reconfiguration on small signal stability margin of the distribution sys-
tem is analyzed in the next chapter in the presence of photovoltaic based distributed generation

(PV-DGs) and small hydro power plant based DG (SHPP-DGs).
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Chapter 4

Stochastic Distribution system reconfiguration

considering stability, correlated PV and SHPP DGs

This chapter explores applications of KnEA-PE approach in the small-signal stability constrained
DSR in the presence of uncertain and correlated solar photovoltaic generation, generation from
SHPP based DGs and load demands. Further, the impact of PV penetration on the small signal
stability constrained DSR is assessed. It is also shown that the stochastic variation of PV-DG can
cause system instability. With increasing level of PV-DG penetration, the probability of the system
becoming unstable increases. Therefore, to deal with such unstable status, distribution system is

reconfigured to achieve stable topology.

4.1 Introduction

In the last chapter, integration of only SHPP-DGs are considered during reconfiguration. How-
ever, recently, focus on green energy technologies has significantly increased the deployment of
renewable energy source based DGs in the DS. These renewable energy based DGs (RES-DGs) are
characterised by high level of intermittent and uncertain power generation. Large scale incorpora-
tion of these renewable energy based DGs, such as photovoltaic DGs (PV-DGs), small hydro power
plant (SHPP) based DGs etc. makes the operating condition of the distribution system stochastic

rather than deterministic.

In the literature it is shown that integration of PV-DGs does not have only positive [59] but
also adverse [58]]- [60] effect on system stability. When PV-DGs are introduced in the system,
the system inertia reduces which, in turn, will have detrimental impact of system stability [60].
Further, the intermittent generation from PV-DGs also alters the network flows significantly [59]-
[58]], thereby again affecting the system stability. Therefore, in this work, probabilistic DSR is
implemented to consider uncertainties associated with RES-DGs and loads. In this chapter, along

with PV-DGs, SHPP-DGs have also been considered. Further, the effect of different mean values
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of irradiance on the optimal final reconfiguration and probability of stability is assessed.

4.2 Problem formulation

In this case, the multi-objective constrained DSR problem is described by the objective functions
in equations (3.2)), (3.3), (3.4) and the voltage, current and radility constraints given in Subsection
3.2.4 of Chapter 3]

4.2.1 Uncertainty representation of PV-DGs

As PV power output is dependent on solar irradiation, for probabilistic modelling of PV power
output, probability density function (PDF) of solar irradiation is required. In this work, the solar

radiation PDF is assumed to follow beta distribution function [61] as given by

C(a+p)
15:0.8) = Fioyra)

where S is the solar irradiance (WW/m?), o and /3 are the shape parameters of the distribution, and

S (1 -8B Y 0<S<1l,a>0 and >0 (4.1)

I is the Gamma function. To calculate the parameters of the beta distribution function, the mean

and standard deviation [61]] of the random variable are utilized as follows:

§=(1 - (U @2)
o= 1xD 4.3)
L—p

Where ;1 and o are mean and standard deviation of beta distribution, respectively. The power
delivered by j* PV-DG is calculated as follows:
The PV array is represented by an equivalent circuit shown in Fig. [4.1] [52]] and described by the

following current — voltage equation [52]:

Ipuj = Nog{ Ions = Toj{ exp (%) bo1<i<my (4.4)
where V,,,,; and I,,,; are the voltage and current of the array, respectively, I,,;,; is the photocurrent of
one string of the array, /; is the reverse saturation current of the diode, q is the coulomb constant
(1.602 x 10712C), k is Boltzmanns constant (1.38 x 10723.J/K), T denotes the cell temperature

and my,’ is the number of PV-DGs. In the above circuit, I, is given by

S
Iphj = S—f(fphref + (T — Trey)) (4.5)
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o €D 1 \/ Voy

Figure 4.1: Equivalent circuit of a PV module .

where I,;,.5 1s the reference photocurrent current; p is the temperature coefficient; 7;.; and 7'
are the reference and actual temperature, respectively; and S,.; and S are the the reference solar
irradiance and the actual solar irradiance, respectively.

The current /,,,; causes PV power (Ppy;) to flow. The power delivered by the PV-DG [52] can

be determined using equation (4.6) as a function of S for a given temperature:

Bpoj = (Vs T, 5) = ij{vaj[phj - vaj[Oj{ exp <75\Z%>}} (4.6)

The output power of PV-DG is dependent on the solar irradiance and ambient temperature

of the site as well as the characteristics of the module. Now, the optimum power occurs at the

maximum point of P-V curve, where the slope of tangent line is equal to zero. By differentiat-

ing equation (4.6) with respect to voltage V},,; and making it equal to zero, the value of voltage

(Vpomaz;) corresponding to maximum power is obtained. This value of voltage is substituted into
equation (4.6) in order to obtain the optimum PV-DG power output.

Further, representation for uncertainties considered for SHPP output power as well as active

and reactive power loads are same as described in Chapter

4.2.2 Mathematical model of a photovoltaic DGs with SHPP

Let *m,’, and m,,” are the number of SHPP-DGs and PV-DGs connected to the distribution sys-
tem, respectively. Let, E = {e(1), e(2)...e(i)...e(my) } and Eg,,, = {ep(1), ep(2)...ep(j)...ep(myy) }
are the set of SHPP-DG and PV-DG buses, respectively, where e(4) indicates the bus number at
which " SHPP-DG is located. Similiarly ep(j) denotes the bus number at which j* PV-DG is
located. Further, 2 < e(i),ep(j) < N, and e(i), ep(j) # s, fori = 1,2...m,, and j = 1,2...my,,

where s is the substation bus.
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Detailed mathematical model of SHPP-DGs has been presented in Chapter
4.2.2.1 Mathematical model of a PV-DG

In this work, the PV array, DC/DC boost converter, maximum power point tracking control and
DC/AC converter are included to form a two-stage PV-DG model [58]. From equation (4.6), it can
be observed that the PV output power is affected by the irradiance and cell temperature. Thus the
change in irradiance will result in the fluctuation in PV generation which will subsequently influ-
ence system stability. Therefore, depending on uncertainties of power generated by the PV-DGs,
SHPP-DGs and load demands, the PDF of the critical eigenvalues is determined and subsequently,

the probability of system stability can be evaluated.

Model of the DC/DC converter:
The schematic diagram of the two-stage converter system used to integrate PV-DG to the distribu-

tion system is shown below in Fig. {.2]

Vi Vi Vep(i) Veii)

VP\I (1-dc)Vec T DC/DC

?

de

Figure 4.2: Single line diagram of a distribution system with a PV generating

station.

The DC/DC converter is mainly employed for the maximum power point tracking (MPPT) con-
trol to extract maximum possible power by controlling the duty ratio d.; of the DC/DC converter.

The duty ratio of a converter 58] is given by
dej = 1= (Vep(y)/ Vides) 4.7)

where V,,;) is the voltage of the ep(j) bus where PV-DG is installed and V; is the dc link voltage.
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In this work, the function of the MPPT is described by the following expression [S8].
Kypij
dej = <Kppj + T) (Ppoj = Poomaz,j) (4.8)
In equation K,,; and K,,;; are proportional and integral control gains of the MPPT controller,
respectively.
The model of the DC/DC converter [58]] is described by

. 1
T T

cj

Vpwj — (1 = dej) Vacs] (4.9)

Now, under steady state, Pp,; = [0jVipv; = lac2jVae; = (1 — dej)Vaej L, and therefore Iy, =
(1—d.;)I;. From equations and (4.9), it can be seen that the MPPT control system controls
the output current from the PV-DG. Further, the maximum power, P4, can be calculated from

equation (4.6)).

Model of DC/AC converter

The DC/AC converter employs pulse width modulation (PWM) technique to regulate the exchange
of active and reactive power between the PV-DGs and the rest of the distribution system. This
can be achieved by controlling the modulation ratio m; and phase ¢; of the PWM control signal

through the following [58] equations:

Kac'

m; = <Kacpj t— j)(Ve 4 = Vrers) (4.10)
Kac;

0 = (Kieps + =) (Vaeg = Viteres) (4.11)

Where K,,; and K,.,; are proportional gains and K,.;; and Kg.; are integral control gains,

respectively.

Each PV-DG model is expressed in its own reference frame which needs to be transformed
into the system reference frame. The voltage at the terminal of the DC/AC converter, V,;, can be

expressed in the network coordinate as
Vi = Vedj + 10eqj = M Viaej L85 = m; Ve (coshj + isina;); 1=v-1 (4.12)

where 1) = Ocp(j) + @5, Oep(;) is angle of the voltage of bus ep(j), where PV-DG is installed as
shown in Fig. The DC and AC sides are connected by the following power balance relationship

Vitejlac1j = tpajVedj + ipgjVeqs (4.13)
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where subscript d and q denotes the d-axis and g-axis component of the corresponding variable,
respectively. ¢,4 and i,,; are the output currents of the DC/AC converter and v.4 and v.,; are
the output voltages of j* PV-DG. By substituting values of v.4; and v.,; from equation (4.12) to

equation (4.13), we get
VaacjLac1j = pdjVedj + ipgjVeqj = TpdjTj ViaejCOSPs + Tpgim Viaesin; (4.14)
Hence,
Lie1j = ipgimjcosj + ipgim;siny; 4.15)

The active power supply from the PV-DG is P,,; = L, Viw; = Lic2jVie; and Vaej = Vi /(1 —d,;).

The model of the DC/AC converter is described by

. 1
Viej = W[Idﬁj — L1 (4.16)
cj

where 11 = ipgjm;cost; + ipgym;isinid; and Iye0; = (1 —d,;)1,,;. Thus, in mathematical terms,

a PV-DG is represented by five differential equations as follows:

% = kpm(vaj — vamaxj) “4.17)
dTp2j v
T aci(Vepresi — Vep(j)) (4.18)
dapusj R
T dei(Vaeresj — Viaey) (4.19)
% = Cicj [(1-— dei)lpw; — ]dcgj] (4.20)
T = Vs = (1= dg)Vi) @21)
dej = Tpo1j + kpupj (Ppomazj — Ppuj) (4.22)
My = Tpuaj + Kacpj(Vepresj — Vep(s)) (4.23)
G = Tpu3j + Kaepi(Vacress — Vies) (4.24)

To study the impact of the PV-DG, these differential equations are linearized as follows

AAT 1 5
d;jp L = Fopui(—Lae1jAVae — Vaej Alen) 4.25)
dA ;
% = Kaci(=AVep(y) (4.26)
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T = k'dcz( Achlcj) (427)
dAVy.; 1

Ve _ [(1— dcj)AIp’U — I, Ad.j — AIdCQj] (4.28)

dt Cdcj

dATL,,; 1
P [N ALy — (1 - de) AV + VaegAdes + Vi Ad,) (4.29)
at Lay

Adej = Azporj + kpopi (A Ppumazj — LaejAVacy — VaejAlaciz) (4.30)
Amj = kaciijpUZj + kacpj (A‘/@pTefj B A‘/ep(j)) (4.31)
Adj = Kaeij Apusj + Kacp; (AVacresj — AVacs) (4.32)

where, state variables x,,1;, Tpy2; and x,,3; are related to the DC/DC and AC/DC converter con-

trollers. Collecting equations (2.25)-(2.26)), and @.23)-@.32) for all PV-DGs and SHPP-DGs to-

gether and writing them in matrix form, one obtains
Ax = AAx + B¢Al, + B, AL, + B1AZ¢ + B1,AZg, + EAu (4.33)
The algebraic equations corresponding to j** PV-DG (1 < j < My,) can be written as

Vejcostpy — ) COS Ocp(j) + Xejlpg; = 0 (4.34)

Vejsin; — ysin Oep(jy — Xejlpgy = 0 (4.35)
Where X.; denotes interfacing reactance between the j* PV-DG and rest of the system. I,4; and
I,,; are d and g-axis current flowing to system from j'* PV-DG. By the linearization of algebraic
equations, we get
(mjAVdcj + VdeAmj) COS(eep(j) + ¢y) - mdecjsin(er(j) —+ ¢])A¢J — mdeCj
SIN(Oep(s) + D7) Abep) + Veps) SIN Oep() Abep(jy — €08 Ocp(y AVep(jy + XejAlpg; = 0 (4.36)

(M AV + Vaeg Am) sin(Oep(j) + @5) + M3 Viaejcos(Ocp(y + ¢5)Adj + m; Ve
c08(fep(j) + ¢5) Abep() — Vep(s) €08 bep() Abep(s) — 8IOep() AVep(j) — XejAlpgy = 0 (4.37)
Rewriting equations (4.36) and (4.37)), in matrix form, we obtain

0 = A}, Ax + By, AL + Bs,AZg, (4.38)
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Network equations

The network equations for distribution system are described by the power balance equations as

N
Z VeiyVieYe(iye c08(0cqiy — Ok — e(iyie) — PLey — LaiVe) sin(d; — be(s))

k=1

—ImVe(,) COS((;Z' - 86(1)) =0

N
Z Vi) VieYeiye sin(Ociy — O — e(iyr) — QLe(s) — LaiVe() c08(0; — be(sy)
=1

_’_Iqi‘/;i(i) sin(é,- — 08(,-)) =0
1 <i<m,

N

D Venti) ViYep(k €08(Bep(iy — Ok = Qepiyn) = PLep() + LpasVen(s) c03(Bep(s)
k=1

g Vep(s) S0 (Oep(s)) = 0

N
D Vo) ViYep(yk S (Bepiy — Ok — Qepiyn) = Q@ Lep) + Lo Vep(s) sin(Beps))
k=1

— 1 Vep(s) Cos(eep(j)) =0

1< g <my,

N
Z %Vksz COS(@[ — Gk — alk) — PL[ =0
k=1

N
Z ViViYisin(0; — 0, — o) — QL = 0
k=1

2<I<N;1¢E;l¢Eg,,

N
Z ViViYar cos(bs — O — agi) = Ps
k=1

N
D ViViYasin(0s — 0 — o) = Qs

k=1

(4.39)

(4.40)

(4.41)

(4.42)

(4.43)

(4.44)

(4.45)

(4.46)

Linearizing the network equations (4.39)- (4.42),(#.45) and (4.46), following expressions are ob-
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tained

N

Z VieYe(iyk €08(Oe(iy — Ok — i) AVes) + Lgi c08(0; = Oeiy) AVegiy + L sin(6; — ey ) AVeiy +
=1

k+#e(7)

N
Z ‘/e(i)ye(i)k COS e(i) — Qk — Qlg(y) AVk + Z V )‘/]ﬁ/@ ()k Sm(@ i) — Qk — Qlg(y) )A@k—

N
Z VeiiyVieYe(oyk sin(Oeiy — Or — e(iyi) Abei) —LaiVe(s) c08(0i—0c(s)) AbBeiy+14i Veiy Sin(05—0Oc(sy) Abe (i
het)
— APLciy — ALy Ve sin(6; — Oeiy) + Lai Ve o8(8; — Oei)) Ad; + Ay Vesy cos(0; — Oeiy)+
I4iVeiiy sin(0; — O()) Ad; = 0 (4.47)

Z VieYe(aye sin(Ocgiy — Ok — e(iyie) AVeiy — Lgi sin(0; — Oei) ) AV + Las cos(0; — Oe(s)) AV +

k#e( )
N

‘/e l)‘/k}/e (3)k Sin(ee (i) — ek — Qe(y) Avk’ - Z V Vk )k 005(9 - ek — Qe z)k)Aek_

=1 k=1

i VeiiyVieYe(iyre 08(Oe(iy — Ok — e(iyi) Abeiy+H1ai Ve SIN(0;—0c(i)) AOg(iy 143 Ve(iy cos(0i—0be(i)) Abeay

keli)

— AQLcgy + Al Ve cos(6; — Oeiy) — Lai Ve sin(0; — o)) Ad; — Vi sin(d; — Oegiy) Algi+
14iVe(iy cos(0; — Oc(iy) Ad; = 0 (4.48)

N
Z ViYep(i) €08(Ocp(y — Ok — Qep(i)) +1pqs SIn(Oep(y))+Ipaj cOS(Oep(s))) AVep(j) — AP Lep(j)+

k# epJ)

N
Ver() ( Z ViYep(iyk S (Ocp() — Ok — Qep(ik) + Lpgj €08 (Ocp(s)) — Lpaj SN (Ocp(s))) Abep(j)+

k;p]

N
Ven() €08(Oeps) ) Alpaj + Vep(y) SIn(Bep(y)) Alpg; + Zvep ) Yep(ik COS(Oep(y) — Ok — Cep(yyn) ) AVi+
k=1

Z VieVep(5) Yep(iyk S (Oep() — Ok — Qep(ip)) A0 = 0 (4.49)
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Z ViYep(ipk SIn(Oep(y — Ok — ep(iy) +Lpaj SIn(Oep(s)) —Lpgj €OS(Oep(s) ) AVep(j) —AQ Lep() +

k# e J)
N
Z VieYep(i)k €08(0ep(iy — Ok — Qepiyi) + Ipaj COS(Oep(j)) + Ipaj SIN(Oep(j))) Abep(;
k e:pj)
N
Vew(j) SIN(Oep(s)) Alpdj — Vep(j) €08(Oep(s) ) Al pgj + Zvep ep(j)k SIN(Oep(j) — Ok — Qep(jyn) ) AVi—
k=1

=z

(D ViVap() Yep(iy €08(0ep(sy — Ok — Qepiiyi) ) A0, = 0 (4.50)

k=1

where PL; and ()L, are real and reactive power demand at bus [, respectively, o and Yy, is angle
and magnitude of the (j, k)" element of the bus admittance matrix respectively. Further, V}, and 6,

are the voltage magnitude and angle of the k" bus respectively.

N
AP, = ViYacos(0s — O — ) AVi + Y ViViYaesin(0, — 0 — ) A6y + AV
k=1 k=1
N N
Z VieYse(s) cos(8s — 0.(7) — ovar) + Z VeiiyVieYseiy sin(0s — 0e(7) — o) Abesy + AVopis
Kt z) ket
N
Z ViYaen(i) €08(0s = Oepiy) — ak) + > V() VieVaen(s) SI0(0s — Oep(yy — 0vak) Ay
k;lze:pl(j) ksffe:pl(j)

(4.51)

N
= Z ‘/syzgk sin(@s — Hk — Oésk)AVk — Z VSVstk COS(@S — Gk — ask)AGk —+ AV;(Z)

k=1 k=1

Z VieYee(iy sin(fs — 0c(1) — asp) Z Vi) VieYse(i) sin(0s — 0c(i) — over) Abegiy+
Kaveli k#e(l)
D ViYaep) sin(0s — Oepigy — ar)— Z Vep() ViYsep(s) SI(0s — Oep() — st ) Dby
ket ket
(4.52)
Further, the linearized algebraic power flow equations (#.47)- (#.48) for all SHPP-DGs can be
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written in matrix form as,
0 = C1Ax + CoAL, + C3AZg + C4AZ; + C5AZg, (4.53)
Collecting equations (4.49)- for all PV-DGs together and writing them in matrix form gives,
0 = C,Ax + Cy, AL, + C3,AZ¢y, + CupAZ; + C5,AZg (4.54)
Rewriting equations and (4.52)), in matrix form, we obtain,
0 = D3sAZq + D3, AZg, + D,AZ; + D;AS (4.55)

Similarly, the lineraized real and reactive power balance equations (2.34)- (2.35) at all the buses

other than the DG buses can be written in matrix form as
0=D,AZ¢ + D1,AZg, + D2AZ; (4.56)

Equations (2.27), 4.33), (4.38),#.53) @.54), (4.55) and (4.56)) are utilized to obtain the following

linearized equations:

Ax = AAx+ BgAL + B,AL + B,AZg + B1,AZg, + EAu 4.57)

0 = AAx+ B,AL + ByAZq (4.58)
0 = CAx+ GAIL + C3AZg + CLAZ; + CsAZgy, (4.59)
0 = DiAZg + Di,AZg, + DyAZ, (4.60)
0 = D3AZg + DyyAZc, + DyAZ, + DyAS (4.61)
0 = A Ax+ By,AlL, + B3, AZg, (4.62)
0 = CAx+ CyAL + CyAZg, + CyyAZy + Cs,AZg (4.63)

where

x = [xG xp|"

xqg=[x{ x5 .%x ..x5 ", x;=[0; wi Ej FEpul"

xp=[x{ x5.%x; .x; |, Xi = Vaej Tpj Tporj  Tpozj Tpuj]”

L=[0 T, T 00 07, Ty=[l )"

=10 105 0000 17, Ly=[ly Iy

w= [l uflf

ug = [ul ul . . u%g]T, W = [Tai Viep )"
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Zg = [Vey Vo) - Vetmg) be)  Oe(2) - Oemy)
Zep = [Vepr)  Vep() -+ Veptmpn) Oept)  Oep@) - Oepmyn)]
Zy=1[Vo Va..Vo...VN 0y 0s5..0.. 05" 2<e< N;e¢E;ed¢Eg,

S=[P Q' =[P ]

1<i<mg 1<) <my

where x is a vector of state variables and u is vector of input variables. Equations (4.58)-#.63))

can be written in the following form: *

B, 0 Bs 0 0 0] - r -

Al —A,
C, 0 C3 Cs C, O AL _¢,
0 0 D1 Dlp D2 0 AZG O

— [AX] (4.64)

0 0 D; Dy, D, Ds| |AZg, 0
0 By, 0 By, 0 0] |A%Z —Aup

AS e
0 Cyp Csp Csp Csp 0| L I Rt

By extracting rows corresponding to AL, Al,, AZ¢, and AZ from equation (4.64) and substi-

tuting it into equation (4.57)), we get,
Ax = A, Ax+EAu (4.65)
Mathematically, probabilistic small signal stability constraint can be expressed as in equation (3.6).

4.3 CASE STUDIES

The effectiveness of the presented methodology has been investigated on all three radial distribu-
tion systems considered in previous chapters, with PV-DGs and SHPP type of DGs. The KnEA
parameters adopted for all test distribution systems, locations and maximum capacities of SHPP-
DGs, modelling of load uncertainties and SHPP generations are same as used in the previous chap-
ter. In this work, the solar irradiation is assumed to follow beta probability distribution function
with mean and standard deviation as 721 TW/m? and 200 W/m?, [52] respectively. Utilizing the
solar irradiation level in equation @]), the reference maximum power point P4, 1s determined,
at which the PV-DGs operate, for all three systems. For 33 bus system, one PV-DG is assumed to
be connected at bus 8 with Ny = 600 and N,, = 50. For 69 bus system, two PV-DGs are assumed
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to be connected at buses 17 and 55, each with N, = 600 and N, = 50. For 119-bus system, two
PV-DGs are assumed to be connected at buses 36 and 108, each with Ny = 1200 and NV, = 200.
All DG nodes are modeled as voltage controlled nodes. The rated terminal voltage magnitude of
each DG is 1 p.u. All the parameters of the PV-DGs system are given in the Appendix B. It is
to be noted that the correlation between power output of DGs and loads is also considered in this
work. For 33-bus and 69-bus systems, the powers generated by the SHPP-DGs are assumed to be
correlated with each other with a correlation matrix Cs, given in equation (3.19) of Chapter 3. For
119-bus system, the powers generated by the SHPP-DGs are assumed to be correlated with each
other with a correlation matrix C,, given in equation (3.20) of Chapter 3. The correlation matrix

Cpv of the solar radiation for 69-bus and 119-bus systems is given in equation (4.66) [82]:

1 05
Cpv = (4.66)
05 1

Further, correlation among the loads of selected buses has been considered as specified in Chapter
Two cases are included in this study: case 1) non-correlated load and non-correlated DG power
outputs and case 2) correlated load and correlated DG power outputs, along with initial cases. The
results corresponding to both cases, are shown in Table (4.1} Table [{4.2] and Table [4.3|for all three
systems, respectively. These results also include the state variables associated with unstable critical
eigenvalues, participation factors [65] and the corresponding probability of stability. Participation
factors more than 0.2 are listed in these tables. For 33-bus system, in the initial configurations
of both the cases, the electromechanical modes contribute to the system instability. These modes
are associated with the states of SHPP-DG3. Similarly, from Table and it is observed
that, in the initial configurations of 69-bus (for case 1) and 119-bus system (for both the cases)
DC/DC converter control modes contribute to the instability of the system. For 69 bus system,
these unstable modes are associated with the states of PV-DG2, whereas for 119 bus system, the
states of PV-DG1 contribute to the system instability. For 69 bus system, for case 2, these unstable
modes are associated with the states of SHPP-DG3. Further, the results of Table 4.1} [4.2]and 4.3]

indicate that all these unstable modes are made stable through reconfiguration.
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Table 4.1: Result of 33-bus distribution system

Open switch Power Voltage  Switching Modes participating gen- Dominant  participation P{a. < 0} status
loss stability = number erator states factor
index
case 1
Initial network 89.95 0.20868 0O A3 SHPP-DG3 03 1, 0.87406 unstable
A6 ws 0.999
Reconfigured  $7,89,515, 66.437 0.130551 6 A3 SHPP-DG3 03 1, 1 stable
network $34,s37 X6 w3 0.999
case 2
Initial network 90.73 02090 0 A3, SHPP-DG3 03 1, 0.8668 unstable
A6 w3 0.999
Reconfigured  s8,515,533, 68.99 0.128586 4 A3, SHPP-DG3 03 1, 1 stable
network s34, s37 A6 w3 0.999
Table 4.2: Result of 69-bus distribution system
Open switch Power Voltage ~ Switching Modes participating gen- Dominant  participation P{a, < 0} status
loss stability number erator states factor
index
case 1
Initial network 77.48 0.097745 0 165 PV-DG2 L2, 1.00, 0.789 unstable
s, Tpu12s 0.929,
A2z, Tpu32s 0.514,
A2 Tp22 0.336
Reconfigured  s11,s14,520, 38.627 0.084641 8 A6, PV-DG2 L2, 1.0 1 stable
network $58,s69 A1gs Tpu12s 0.9656
A2z, Tpu32s 0.5817
Ao Tpu22 0.4095
case 2
Initial network 58.820  0.09035 0 A3, SHPP-DG3 03 1.00 0.6616 unstable
A6 w3 0.9999
Reconfigured  $5,510,512, 31.947 0.062054 8 A3, SHPP-DG3 03 1.00 1 stable
network $24,s70 A6 ws 0.9999
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Table 4.3: Result of 119-bus distribution system

Open switch Power Voltage  Switching Modes participating gen- Dominant  participation P{a. < 0} status
loss stability = number erator states factor
index
case 1
Initial network 706.55  0.30183 0 Ao, PV-DG1 L1, 1.00, 0.6031 unstable
Aats Tpulls 0.829
Ao Tpu3l 0.369
Reconfigured  s23,835,544,575, 510.013  0.193388 12 A9, PV-DG1 L, 1.00 1 stable
network s77,s110,s120, Aat, Tpolls 0.866
s121,5123,5125, Ao Tpu3i 0.3187
$126,5127,5128,
s131,s132
case 2
Initial network 708.350  0.30186 0 Ao, PV-DG1 L1, 1.0 0.591756 unstable
A1, Tpulls 0.8645
Azs Tpu3l 0.2573
Reconfigured  s8,89,525,s35, 548.676 0.187924 18 Ao, PV-DG1 L1, 1.0 1 stable
network $55,569,874,598, Aat, Tpylils 0.9149
s110,8124,5125, Aos Tpu3l 0.317

s126,s127,5131,
s132

Further, the results of these studies show that the stability margins obtained for case 1 (non-

correlated load and DG) are more than the stability margins for case 2 (correlated load and DG).

Thus, correlation among the uncertain quantities deteriorates the system stability.

Also, the effect of different mean values of irradiance on the optimal final reconfiguration and

probability of stability is assessed. For this purpose, three different PDFs of solar irradiance (shown

in Table 4.4) are considered with different mean values and same standard deviation, for all three

systems. Fig[4.3|shows the plots of the three PDFs.

Table 4.4: Different distribution of irradiance

Low Medium High
Mean 140 721 980
Deviation 50 50 50
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Figure 4.3: PDFs of solar irradiance.

Moreover, two scenarios are considered to examine the impacts of DGs more closely, with
all these three PDFs. These are: scenario 1) when only PV-DGs are present in the system and,
scenario 2) when both PV-DGs and SHPP-DGs are present in the system. Results corresponding
to the above three PDFs of solar irradiance are shown in Tables and for all three
systems, respectively with both the above mentioned scenerios. For these studies, both correlated
loads and correlated DG power output have been considered (as in case 2 described above). The
conditional probabilities of critical mode eigenvalue, number of violations in operational constraint
(bus voltage constraint, branch current constraint) and state variables of different DGs associated
with critical eigenvalues are listed in Tables #.5] 4.6] and For all three test systems, it is ob-
served that the stability margin of the systems decreases with the increase in the solar irradiance
level. Therefore, in the daytime or summer season, when irradiance is high, risk of instability is
more and thus, periods with high irradiance require more attention. This risk of instability can be
reduced to a large extent by reconfiguring the system appropriately. Moreover, the results clearly
demonstrate the positive effect of reconfiguration on the system performance indices (power loss,
voltage stability index and number of switching operations). Moreover, it is also seen that, as irra-
diance increases, deterioration in probabilistic stability margin occurs for all three test systems and
the percentage improvement made in power loss reduction and voltage stability index is reduced.

Further, due to the dynamic interaction between SHPP-DGs and PV-DGs, presence of both these
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Table 4.5: Result of 33-bus distribution system with different PDFs of solar

irradiance

Low mean Medium mean High mean
Initial case with PV-DG only (scenario 1)
Power loss(kW) 212.27 201.16 196.48
Voltage stability index 0.303537 0.2951 0.29151
Switching number 0 0 0
P{a. <0} 1.00 0.9844 0.41970
Critical state and generator L1, 0pu11,Tpe21.Tpe31,  and PV-DG1  L,,1,2p011,Zpo21,%pe31,  and PV-DG1 11, 2p011,%p021,Zpe31,  and PV-DG1
Number of violations in bus voltage constraint 0 0 0
Number of violations in line flow constraint 3 3 3
Stability status stable unstable unstable
Reconfigured system
Open switch $9,516,828,533,s34 $10,s25,s32,s33,s34 $9,516,528,533,s34
Power loss(kW) 162.211 159.115 155.051
Voltage stability index 0.258005 0.232463 0.255676
Switching number 6 6 6
P{a. <0} 1 1 1
Critical state and generator Lot ,Tpo11,Tp21,Tpe3t  and PV-DG1 Lo, Tpo11,Tp21,Tpe31 and PV-DG1 L1, Tpo11,Tp21,Tpe31 and PV-DG1
Number of violations in bus voltage constraint 0 0 0
Number of violations in line flow constraint 0 0 0
Stability status stable stable stable
Initial case with PV-DGs and SHPP-DGs
(scenario 2)
Power loss(kW) 97.86 90.74 87.552
Voltage stability index 0.21754 0.20909 0.20500
Switching number 0 0 0
P{a. < 0} 0.89332 0.88734 0.36293
Critical states and generator 03, w3 and SHPP-DG3 03, w3 and SHPP-DG3 Lo, Tpo11>Tpu21-Tpe31,  and PV-DG1
Number of violations in bus voltage constraint 0 0 0
Number of violations in line flow constraint 0 0 0
Stability status unstable unstable unstable
Reconfigured system
Open switch $9,815,833,534,537 $9,816,533,534,537 s8, s15,33,534,837
Power loss(kW) 73.056 69.145 67.199
Voltage stability index 0.11936 0.134602 0.128296
Switching number 4 4 4
P{a. < 0} 0.999 1 1
Critical state and generator 03, w3 and SHPP-DG3 03, w3 and SHPP-DG3 L1, pu11,Tpu21,Tpu31,  and PV-DG1

Number of violations in bus voltage constraint
Number of violations in line flow constraint

Stability status

0
0

stable

0
0

stable

0
0

stable
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Table 4.6: Result of 69-bus distribution system with different PDFs of solar

irradiance

Low mean Medium mean High mean
Initial case with PV-DG only (scenario 1)
Power loss(kW) 233.60 219.176 212.738
Voltage stability index 0.31586 0.30915 0.30579
Switching number 0 0 0
P{a. <0} 1 1 0.96384
Critical state and generator L2, pu12:Tpu22:Tpo32 - and PV-DG2 L2, pu12:Tpu22:Tpo32 and PV-DG2 L2, pu12:Tpu22:Tpo32 and PV-DG2
Number of violations in bus voltage constraint 0 0 0
Number of violations in line flow constraint 0 0 0
Stability status stable stable unstable
Reconfigured system
Open switch s4,518,856,s71,s73 s4,518,854,s61,s71 s4,518,854,561,s71
Power loss(kW) 146.159 122.02 117.13
Voltage stability index 0.263775 0.20421 0.20093
Switching number 6 8 8
P{a. <0} 0.999 0.998 0.998
Critical state and generator L2, Tpo12:Tpu22:Tpes2 and PV-DG2 10, %0012, 0p022:Tpe32 - and PV-DG2 1,0, p012,Tpv22,Tpe32  and PV-DG2
Number of violations in bus voltage constraint 0 0 0
Number of violations in line flow constraint 0 0 0
Stability status stable stable stable
Initial case with PV-DGs and SHPP-DGs
(scenario 2)
Power loss(kW) 66.081 58.699 55912
Voltage stability index 0.111482 0.09068 0.08067
Switching number 0 0 0
P{a. < 0} 0.660273 0.660552 0.06754
Critical state and generator 03, w3 and SHPP-DG3 03, w3 and SHPP-DG3 L2, Tpo12:Tpu22,Tpe32  and PV-DG2
Number of violations in bus voltage constraint 0 0 0
Number of violations in line flow constraint 0 0 0
Stability status unstable unstable unstable
Reconfigured system
Open switch $5,810,512,524,570 $5,812,526,552,570 54,520,526,552,571
Power loss(kW) 37.290 43.783 48912
Voltage stability index 0.071061 0.078327 0.056026
Switching number 8 8 8
P{a. < 0} 0.999 0.99 0.998
Critical state and generator 03, w3 and SHPP-DG3 03, w3 and SHPP-DG3, L2, 12, Tpp22:Tp32 and PV-DG2
Number of violations in bus voltage constraint 0 0 0
Number of violations in line flow constraint 0 0 0
Stability status stable stable stable
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Table 4.7: Result of 119-bus distribution system with different PDFs of solar

irradiance

Low mean Medium mean High mean
Initial case with PV-DG only (scenario 1)
Power loss(kW) 1301.853 1224.687 1190.498
Voltage stability index 0.430060 0.43047 0.429952
Switching number 0 0 0
P{a. <0} 1 1 0.74922
Critical state and generator L1, Tpo11s Tpe31 and PV-DG1 Ip1, Tpo11s Tpe31 and PV-DG1 Ip1, Tpo11s Tpe31 and PV-DG1

Number of violations in bus voltage constraint
Number of violations in line flow constraint
Stability status

Reconfigured system

Open switch

Power loss(kW)

Voltage stability index

Switching number

P{a. < 0}

Critical state and generator

Number of violations in bus voltage constraint
Number of violations in line flow constraint

Stability status

Initial case with PV-DGs and SHPP-DGs
(scenario 2)

Power loss(kW)

Voltage stability index

Switching number

P{a. < 0}

Critical state and generator

Number of violations in bus voltage constraint
Number of violations in line flow constraint
Stability status

Reconfigured system

Open switch

Power loss(kW)

Voltage stability index

Switching number

P{a. <0}

Critical state and generator

Number of violations in bus voltage constraint
Number of violations in line flow constraint

Stability status

8
1

stable

$23,527,835,s40,543,851,559,574,s83,
$99,s110,5126,5127,s128,5132
965.70

0.252112

14

0.999

Lo1s Zpu11, Tpozr and PV-DG1

0

0

stable

768.923

0.323250

0

0.89606

0, wy and SHPP-DG2
0

1

unstable

$39,544,569,s74,598,5110,s119,s121,
$122,5123,5125,5126,5127,s131,5132
550.121

0.179412

12

0.999

02, wy and SHPP-DG3

0

0

stable

8
1

stable

$23,s35,s40,s74,583,599,5110,s121,
$123,8124,5125,5126,s127,5128,8132
907.15

0.249540

14

0.998

Lyo1s Zpu11, Tpozr and PV-DG1

0

0

stable

707.640

0.30183

0

0.77680

Tpu1s Tpp11s Tpp31 and PV-DG1
0

0

unstable

$9,523,835,544,575,s97,s110,s121,
$123,5125,5126,5127, s128,5131,5132
500.682

0.196633

14

0.998

T, Tpp11s Tpe31 and PV-DG1
0

0

stable

8
0

unstable

$9,824,527,835,s43,s51,574,583,899,
s110,s123,5126,s127,5128,5132
866.394

0.24956

20

0.990

Lyo1s Tpo11, Tpozr and PV-DG1

0

0

stable

681.951

0.291331

0

0.01902

Tty Tpp11s Tpp31 and PV-DG1
0

0

unstable

$9,523,542,549,569,577,s88,s110,s121,
$122,5123,5126,5127,s131,5132
539.012

0.204875

16

0.995

Tpu1, Tpp11s Tpp31 and PV-DG1
0

0

stable
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types of DGs in the system affects the system stability, operational constraints and final configura-
tion of the system quite significantly. In fact, stability of the system is more negatively affected in
the presence of both PV-DGs and SHPP-DGs as compared to the presence of PV-DGs only. Lastly,
Table 4.7|shows that for larger system, with increasing solar irradiation level, the number of switch

operations increases to achieve a stable configuration.
4.4 Conclusion

In this chapter, a multiobjective DSR problem in the presence of PV-DG and SHPP-DG has been
formulated and subsequently, KnEA-PE method has been applied to solve the formulated problem.
Detailed investigations have been carried out on three different test systems with different PDFs of
solar irradiance. From the obtained results on the three systems, it can be concluded that both PV-
DGs and SHPP-DGs can contribute to the system instability depending on the system operating
conditions. At higher level of solar irradiance level, the impact of PV-DGs on the system instability
is quite significant.

To enhance the system reliability, wind power generations are integrated in DS along with other
DGs. Therefore, appropriate combination of solar, wind and small hydro based DGs can enhance
the efficiency and reliability of the system. Toward this goal, the uncertainty and correlation of
system input variables such as the load and SHPP, wind, and solar power generation are taken into

account in DSR scheme, in the next chapter.
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Chapter 5

Stability constrained probabilistic DSR in presence
of correlated loads and hybrid Wind Photovoltaic
SHPP DGs

This chapter studies the impact of doubly fed induction generators (DFIG) with SHPP-DGs and
PV-DGs on the stability of a distribution system with different topologies during reconfiguration.
The effects of different levels of wind penetration on DSR are also taken into account. Altered
power flow patterns as a result of the varying wind speed may lead to increased number of unstable
critical modes of the system. To identify the critical modes of the system and the effect of the high
wind penetration on these modes and in turn on system configuration, simulation studies have been

carried out on IEEE 33-bus, 69-bus and 119-bus radial distribution systems.

5.1 Introduction

Increasing power generation from renewable energy sources (RES), such as wind, PV-DGs and
SHPP-DGs would help in reducing carbon emissions, and hence, minimizes the effect of global
warming. Among various RES, wind power generation (WPG) has become a viable alternative
source of energy and as a result, penetration of WPG has increased significantly around the world
due to its high efficiency and relatively small rating of power converters [83]. However, large
integration of the wind generators to the system may bring unexpected threat to the stability of
distribution system. Accordingly, the principal objective of this chapter is to investigate the impact
of DFIGs on system small-signal stability when the distribution system is reconfigured for improv-
ing operational performance and mitigating violation of operational constraint. In the literature,
dynamic stability of a grid-connected DFIG has been investigated only with fixed topology of the
grid. Therefore stability issues of DS with RESs during reconfiguration requires further study,

which is the focus of this chapter.
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5.2 Mathematical model of DFIGs, PV-DGs with SHPP type DGs
5.2.1 Probabilistic DFIG modelling

The power generated by DFIG is dependent on the wind speed, which is intermittent. Hence, wind
speed can be modeled as a random variable. In this work, wind speed is assumed to follow a

Weibull probability distribution [84].
K, v _
fv) = =2 % (=) eap(—=-) (5.1)

where v is wind speed (m/s), K, and C,, are shape and scale parameter of weibull distribution,

respectively. These Weibull parameters are expressed using the following equations [85]]:
Ky = (0w/ )~ (5.2)

Cuw = (p/T (1 +1/Ky)) (5.3)

where I'(.) is the gamma function, x,, and o,, are the mean and standard deviation of wind speed,
respectively. For modelling the uncertainty of DFIG power output, the wind speed samples are
generated by 3PE method. The generated wind speed samples are transformed to wind turbine
output power through wind speed-power curve using equation (5.4) [86].

Py =0, if v<Vi or V,<w

v—V;
V. = Vi’

Pwtg:Pra Zf ‘/;'S/US‘/O

Pwtg:Pr Zf V;,SUSV;" (54)

Where, P, is capacity of installed DFIG, v, V;, V, and V. are wind speed, cut-in speed, cut-out

speed and rated wind speed, respectively.

5.2.2 Mathematical model of DFIG with PV-DGs and SHPP

Let’mg’, *my,” and “m,,,’ are the number of SHPP-DGs, PV-DGs and DFIGs connected to the dis-
tribution system, respectively. Let, E = {e(1), e(2)...e(7)...e(my,) }, Egp = {ep(1), ep(2)...ep(j)..
.ep(myy)} and Eg,,, = {ew(1), ew(2)...ew(h)...ew(my,) } are the set of SHPP-DGs, PV-DGs and
DFIGs buses, respectively, where ew(h) denotes the bus number at which A" DFIG is installed.
Further, 2 < e(i), ep(j), ew(h) < N, and e(i), ep(j), ew(h) # s, fori = 1,2..mg,, j = 1,2...my,

and h = 1,2...m,,,, where s is the substation bus. Detailed mathematical model of PV-DGs and
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SHPP-DGs have been presented in Chapter 4] and Chapter [2] respectively. The details of the DFIG

mathematical model is given below.

5.2.2.1 Mathematical model of a DFIGs

The dynamic equations describing DFIG are derived using the basic flux linkage, torque and volt-
age equations which are transformed into a two-axis synchronously rotating frame (dq axis) apply-
ing the standard transformations. The stator and rotor equations of the DFIG in terms of their flux

linkages are the following [87]]
i dqu)qsh

w. dt = Vgsh + Rsnlysn — Yasn (5.5)
wisdlflfh = Vash + Bsndash + Ygsn (5.6)
T = Rl — 5.7
wisdflirh = Varn — Repdarn + (w%swrh)%m (5.8)
Yash = —Xsnlgsh + Xonlgrn (5.9)

Yash = —Xsnlasn + Xmndarn (5.10)

Ygrn = Xendgrn — XonnLarn (5.11)

Yarn = Xendarn — Xonndgrn (5.12)

where [, V', R, X, 1, w denote current, voltage, resistance, reactance, flux linkage and angular
speed respectively, and the subscripts sh’ and ’th’ denote stator and rotor quantities of h** DFIG
respectively. Similarly, the subscripts ’q’ and ’d’ denote g-axis and d-axis quantities respectively,

X, 1s mutual reactance between the stator and the rotor and w; is synchronous speed.

In dynamics simulation studies, it has been observed that stator dynamics are faster than rotor
dynamics [88]], [89], [87]. Therefore, in this work, third order model has been utilized for DFIG

representation. This can be achieved by removing stator flux derivatives from equations (5.5]) and

. Expression for /,,, and I, obtained from equations (5.11)) and (5.12) are as follows:
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7qurh th wdrh th
I,n = — 1 Lyn, = — 1y 5.13
ah th * th ash ah th * th ash ( )

Multiply equations (5.7) and (5.8) by X,/ R, and replace I,,, and I, to obtain

X’/‘h dl’bdrh i((m: th th X2 h Wsp — Wrp th th

o Xy, o Amhp ( w) (.14

wsthh dt Rrh arh th wd " th dsh Wsh Rrh X'rh ’l/}q " ( )
th dwqrhfﬁ'_m: th th X2 h Wsp — Wrp th th

o Xy, Ty ( ) 5.15

wsthh dt Rrh arh th wq " th ash * Wsh, Rrh th wd " ( )

Replace th¢drh/th’ —thiﬂqrh/th, th/wshRTh by €dhs> €qh and Toh, respectively, where €dh
and e, are defined as the equivalent d and g-axis transient rotor voltages, respectively, and T,
is transient open-circuit time constant of h'" DFIG and w,;, is synchronous speed. After these

substitutions, the reduced third order model of the DFIG becomes [87]]:

dedh 1 . th
W = _Toh edn + (Xsh - Xllz)zqsh + SpWsh€qh — wShX_,,thrh (5.16)
de h 1 . th
d; =~ an (Xsh — X},)idsh — Snwshean + Wan Varn, (5.17)
dwrh 1
= — (T, — 1. 5.18
it~ 2, Lon = Ten) G149

Where X}, = we,(Xen — X2,/ Xon), T and Ty, are the mechanical and generator torque respec-

tively. The electromagnetic torque 7., and mechanical torque 7,,,;, are given by,

Ten, = €gshlgsh + €dshidsh (5.19)

o 0.5p7TT‘2wsth()‘> Qp)vfuh

Ton = (5.20)

Wrh

where p is the air density, r is rotor radius, C,,(), 6,) is the power coefficient which can be approx-

imated as [[88]]

Cp(N, 0,) = 01(2 —c30, — c4)exp(_é5) (5.21)
A A

where

_( 1 _ Cr
Aty B+1

)71

In the above equations, ¢; — ¢; are constant coefficients, A, is tip speed ratio (A, = rpw,p/Vwn)

%

and 0, is pitch angle of DFIG. For a wind turbine with a fixed pitch angle, power curves (which

are function of the wind speed and the electrical rotor speed) are depicted in Fig. [87].
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Figure 5.1: wind turbine characteristics

In this work, it is assumed that the g-axis leads the d-axis by 90 in the direction of rotation.
The rotating frame (dg-axes) can be aligned with any synchronously rotating variable such as the
terminal voltage or stator flux [90]. In this work, the DFIG model is composed of a single-mass
model, active and reactive power controllers (as shown in Fig. 5.2). A decoupled control scheme
for the active power and reactive power of DFIG has been presented in [91]. In this work, the
d-axis flux is oriented along the stator flux axis [87], [92]]. Therefore, 15 = g4, and 1ge, = 0.
In addition, stator resistance Ry, is considered very low (neglected) and therefore, equations (5.5)
and (5.6) can be utilized to get Vi, = Yash = Vew(n)> Vash = Vgsn = 0, where Ve, (1) is the voltage
magnitude of the bus ew(h) corresponding to h'" DFIG. Consider the flux equations and
to obtain,

th th Vvew(h)
Lo = —1on, 1Ly = —1gn — 5.22
ash = ¢ _~darn ash = g darh = (5.22)
Then, the complex power leaving the DFIG’s stator is

Psh + iQsh = (‘/dshjdsh + V:]shquh) + Z-(VZJShIdsh - ‘/;lsh[qsh) (523)

. th . th ‘/ew(h)
Ps s:‘/ew ]r ‘/ew ]7'_ 5.24
h Qs (h)(Xsh arh) 1 (h)(XSh arn T Ty ) (5.24)

Equation (5.24]) implies that the active and reactive power control can be performed independently
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varying /., and 144, respectively. The purpose of the active power controller is to maximize the
power extracted from the wind. This maximum power is obtained by F,,; curve (shown in Fig.
[5.1) which is plotted by joining maximum power points corresponding to each wind speed curve.
The obtained power from the F,,; curve can be used as power reference for active power controller.
This reference is expressed as P,y = P, = Koptwfh (p.u.), where k,,; [93] is the optimal gain

and calculated by

0.5p775 Copmaz
()\opt Gn ) 3

where (), is gearbox transformation ratio of a wind turbine generator. As the power coefficient C),

(5.25)

kopt =

is a nonlinear function of A and 0,, so there is an optimal tip-speed ratio A\, to achieve the optimal
power coefficient Cp,,,4, for a constant pitch angle. The aim of the reactive power controller is to

maintain a prespecified reactive power.

Prefh arefh V,
h
Kpin+Kitn/s 4’?—' Kp2n+Kizn/s —
+ +

Pgenn
(a)
Qe Kp3n+Kizn/s EQ—' Kpan+Kian/s —ydrh
A A
Qgonn han
(b)

Figure 5.2: (a) Real-power controller (b) reactive power controller

The set of differential and algebraic equations of the power controllers can be written as [94]

dx
d;h = kllh(Prefh - Pgenh) (526)
dxgh
o Kion(kpin(Pren — Pyenn) + 21 — Igrn] (5.27)
‘/;17“h - kp?h[kplh(Prefh - Pgenh) + T — Iqrh] + Ton (528)
dzx:
WS}L = leh(Qrefh - Qgenh) (529)
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dl’4h

dt

= kunlkpsn (Qrefn — Qgenn) + T3 — Larn) (5.30)

Virh = Kpanlkpsn (Qrefn — Qgenn) + Tan — Larn] + Tap (5.31)

In the above equations, the state variables 15,725, €3, and x4, are related to active and reactive
power controllers. P,.s, and (), s, are real and reactive power reference, whereas Py, and Q) genn,
are generated real and reactive power, respectively. kpis, kyon and kjip, kion are the proportional
and integral control gains of the active power controller, respectively. kpap, kpap, and Kz, K4y, are
the proportional and integral control gains of the reactive power controller, respectively. In order
to achieve unity power factor, (), is set as 0. Further, it is well known that there are four modes
of operation for wind turbine control [84] as expressed in equation (5.4). In the first region, the
wind speed is lower than the cut-in speed and the wind turbine is unable to produce power; in the
second region, MPPT control is adopted to extract the maximum wind power at different wind
speeds by maintaining the optimal tip-speed ratio \,,; in the third region, the wind speed is higher
than the rated wind speed and hence the pitch control is adopted to maintain constant power; in
the fourth region, the wind speed is higher than the cut-off speed and hence wind turbine is shut
down to avoid damage. In this analysis, the wind speed, and therefore the active power output, is
assumed to be within its limits and operating in second region to extract the maximum power from

the wind. Consequently, the pitch angle controller is not included in the presented DFIG model.

Stator voltage equations corresponding to 2" DG (1 < i < m,,,) can be written as [87]

Viash = —Rsniash + Xpigsh + €an (5.32)

‘/;sh = _Rshiqsh - X;Lidsh + €qh (533)

Network equations

The network equations for distribution system are described by the power balance equations as

N
Z VeiyVieYe(iye 08(Oc(iy — Ok — ae(iye) — PLegiy — L1aiVe) sin(d; — be(s))
k=1 (5.34)

_Iqi‘/e(i) COS((Si - Qe(i)) =0
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N
Z VeiyVieYeiye sin(Oc(iy — O — e(iyr) — QLe(i) — LaiVe() c08(0; — be(sy)

k=1
+qu‘/e(z) sin(éi - 96(1)) =0

1 <i<my

N
> Var) VieYep(isk €08(0ep(iy — O — epiyk) — PLep(i) + TpaVen(s) €05 (Bep(s)
k=1

+1pq;i Vep(s) Sin(eep(j)) =0

N
Zvep DViYep(iyr Sin(Oepi) — Ok — Qep(ir) — QLep(s) + Lpaj Vep(y) SIn(Oep(y))
k=1

—Lpgj Vep(j) €08(Oep(sy) = 0

1 <75 <my,

N
Z ‘/ew h)vk ew(h)k Cos(eew(h) - ek - aew(h)k) - PLew(h) - [qsh‘/ew(h) - [qrh‘/qrh_
k=1

LTirnVirn = 0

N
Z ‘/ew Vk ew(h)k Sln(eew - ek - aew(h)k) - QLew(h) + [dsh‘/ew(h) =0
k=1

1 <0 <myy,

N
Z ViVieYep cos(bs — 0, — agr,) = Py

N
> ViViYasin(0s — 0 — o) = Qs

k=1

N
Z VEVkY}k COS(Q[ — ek — Oélk) — PL[ =0

=1
N
Z ViViYigesin(0; — 0, — ay) — QL =0
=1

2<I[<N

(5.35)

(5.36)

(5.37)

(5.38)

(5.39)

(5.40)

(5.41)

(5.42)

(5.43)

Probabilistic SSSA has been performed in the presence of DFIG with SHPP-DGs and PV-DGs
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in distribution system. Basically, the steps of this analysis can be summarized as follows: (a)
calculate an equilibrium point; (b) linearize the set of equations around the equilibrium point; (c)
obtain the system state matrix (A,ys) as described in the previous chapters; and (d) calculate the
eigenvalues.

By linearizing the differential equations (5.16)-(5.18) and (5.26)-(5.31)), following expressions are

obtained:

dA 1 X,
Cdn _ _ Aegn + (Xon — X)) Aigen + snwsnAegn + wapegn Asy — wsh_hAVqrh (5.44)

dt Toh th

dA 1 X,
i (N Aegn — (Xgn — X3) Nigsn, — snwsnAegn — Wenean sy + wep o AVayr, (5.45)

dt Toh th

dAw,«h 1
— AT, — AT, 5.46
o 5 Hh( h h) (5.46)
dAzx
= Fun(APregn = APyen) (5.47)
dAx
dt2h = kl2h[kp1h<APrefh - AIDgenh) + Az, — A[qrh] (5.48)
dAzx
dt3h = kl3h(AQrefh - AQgenh) (549)
dAz

dt4h = kuan[Kpsn(AQresn — AQgenn) + Axzn — Al (5.50)
A‘/;]rh = kth[kplh(APrefh - AIDgenh) + A-CL'lh - A[qrh] + Ath (551)
AV = Kpanlkpsn (AQrern — AQgenn) + Axg, — Algep] + Ay (5.52)

Equations (2.20)-(2.23), (4.25)-(4.32) and (5.44)-(5.52)), for all DGs can be written in the following

form:
Ax = AAx + BgAlL, +B,AL, + B,AL, + B1AZ¢ + B1,AZg, + B1wAZg, +EAu (5.53)

By the linearization of algebric equations (5.32)) and (5.33)), we get,

— AV — RapNigsp, + X;LAiqsh + Aeg, =0 (5.54)

— A‘/;]sh — RshAiqsh — X;LAidsh + Aeqh =0 (555)
Rewriting equations (5.54)-(5.55)), for all DFIGs together, in matrix form gives

0= AlwAX -+ BQwAIw + BBwAZG’w (556)
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Linearizing the network equations (5.34)) and (5.41)), following expressions are obtained

Z V.Y, e(i)k COS e(i) — 0, — Ole(4) )AV; (i) —I—]q, COS(5 9 )A‘/;(i) + 1y SiIl((Si —Qe(i))AVe(i)—k
el
N
Vve(z)%(z)k COS(Qe (i) — ek — Qle(s) AVk + Z ‘/e z)‘/;c}/e (3)k Sln(ee (i) — ek — Qle(s) )Aek_

k=1 k=1

N
Z VeiiyVieYe(iyr sin(Oeiy — Ok — e(iyi) Abei)—LaiVe(i) c08(0i—0c(s)) AbBeiy+14i Veiy SIN(0;—0Oc(s)) Abe (i)
=1

kteli)

— APLe(l) — A[dz‘/e(z) sin(éi — (96(1)) -+ [dl‘/e(z) COS((SZ‘ — 63(1))A(51 + Aqu‘/e(z) COS((Si — 96(2))—1—
[qi‘/e(i) Sin(&i - ee(z))Adz =0 (557)

Z ViYo(ir Sin(Begsy — Ok — Qe(iyr) AVisy — Lyi S (6; — Ooiy) AVi(ay + Lai c08(8; — Oe(iy) AVigiy +

k#( )

Z V; )Vk e(i)k sin(9 (i) — Hk — Qe(i) AVk — Z V VkY Yk COS(9 — Hk — O, M)Aek—
k=1 k=1
N

Z Veiiy VieYeiye €08(0ciiy — O — Qe(iyi) ABe(iy+1ai Vo) SIn(0i—0e(i)) Abg (i) +14i Veriy cos(9;—0eiy) Abegi)
kel
— AQLegiy + Al Ve €o8(6; — Oei)) — Lai Ve sin(0; — ei)) Ad; — Vg sin(d; — Oegiy) Algit+
14iVesy c08(8; — Oe(y) AS; = 0 (5.58)

N
Z ViYep(k €08(Ocp(y — Ok — Qep(i))+Lpqs SI0(Oep(y))+ Ipaj €08 (Oep(s))) AVep(j) — AP Lep(j)+

k# epJ)

N
Vep() ( Z ViYep(iy S0 (Ocp(i) — Ok = ep(ipk) + Lpgj €08(Oep(i)) — Ipaj S (Bep(s))) Alep(iy +

k&;]

N
Ven() €08(Oep(s) ) Alpaj + Vep(y) SIn(Bep(y)) Alpg; + Z Vent) Yep(iyke C0S(Oep(i) — O — tep(jy)) AVt
k=1

Z VieVp(i) Yep(iok SI(Ocp(y — Ok — Qep(ipn)) A0k =0 (5.59)
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Z ViYep(ipk SIn(Oep(y — Ok — ep(iy) +Lpaj SIn(Oep(s)) —Lpgj €OS(Oep(s) ) AVep(j) —AQ Lep() +

N
Ven(i) Sin(Oep) ) Al pa — Vep(j) c08(ey Tpgi + Z Vep(j) Yep(j)k SI(Oep(j) — Ok — qep(iyn)) AVi—
k=1

=z

(D VieVenti) Yentipn 08(0ep(s) — O — tepiye) ) A = 0 (5.60)

k=1

Z Vk}/;w(h)k Cos(gew(h) - 9k - aew(h)k)_Iqsh)A‘/ew(h)_IqrhA‘/ew(h)_APLew(h)_IqrhAV;]rh_

=1
k;éew( )

IdrhAV:irh + V;w h)A gsh + V;aw(h Z V;c ew(h)k Sln(eew - 9k — Qew(h k))Aeew(h)+

k#ew(h)

N
Z V;zw(h ew(h)k COS(Hew - ek — Qew(h)k ))AVk+
k=1

(O ViVewm) Yewmyk SIn(Oewn) — Ok — Qewmne)) A0 =0 (5.61)

1=

N
Z VieYewmyk SIN(Ocwn) — Ok — Ctewnyie) + Lash) AVewn) + Vewn) Alash — AQ Lewn)+

=1
k;éew( )

V;iw(h Z ‘/k ew(h)k Cos(eew(h 91: - aew(h)k))Agew(h)+

k';éew(h)

Z Vew(n) Yew(nyk S (Ocp(j) — Ok — Qew(nyr)) AVi—

Z Vi.Ve ew( ew(h )k Cos(eew(h) - ek - CVew(h)k))Aek =0 (562)

where V,,(n) and Oc,(») are the voltage magnitude and angle of the bus ew(h) corresponding to hth
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DFIG respectively.

N N
APS = Z ‘/sY;‘k’ COS(95 — Qk — Oésk)AVk + Z ‘/Swgysk sin(@s — Qk — ask)AQk + A‘/e(z)
k=1 k=1
N N
Z VieYoei) cos(0s — 0 (i) — avgr) + Z Ve(iy Vi Yse(iy sin(0s — 0c(7) — asi ) Abegiy + AVep(j)
het het)
N N
D ViYep() €08(0s = Oepiy — @sk) + Y Vep(i) VieYeen() SIn(0s — Oep(sy — sk Al
Ktep(i) ktep())
(5.63)

N N
AQs = ViYasin(l, — b — au) AVi = > ViViYar cos(6s — O — ) A6y, + AV

k=1 k=1

N N
Z V;eY;e(z) Sin(es - 96(2) - ask:) - Z ‘/;(z)vky;e(z) Sin<es - ee(z) - O4slc)A(ge(i)—i_

k=1 k=1
k#e(i) k#e(i)
N N
AVipz) D Viaep(y) sin(ls = Oepsy — )= D Vep(i) VieYoep() S8 — o) — or) Ay
ko= o=
k:;éepl(j) k’#epl(j)
(5.64)
Rewriting linearized power flow equations (5.57) and (5.38)), in matrix form, gives
0 = CAx + G AL + C3AZg + C4AZ; + C5AZgy + CsAZcy, (5.65)

In matrix form, equations (5.59) and (5.60)), can be written as

0 = C1,Ax + Cy, AL + C3,AZg, + CipAZ; + Cs5,AZG + CopAZcw  (5.66)

Similarly, In matrix form, equations (5.61)) and (5.62)), can be written as

0= ClwAX + CQwAIw + CSwAZGw -+ C4wAZl -+ C5wAZG + C6wAZGp (567)
Rewriting equations (5.63) and (5.64), in matrix form, we obtain
0 = D3AZq + D3,AZ¢, + D3ywAZgy, + DiAZ, + D;AS (5.68)

The lineraized real and reactive power balance equations (2.34)- (2.35) at all the buses other than

the DG buses can be written in matrix form as

0 = D,AZg + D1,AZg, + D1yAZg, + DyAZ, (5.69)
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Equation (2.27), (4.38), (5.36), (5.63), (5.60), (5.67), (5.68) and can be written in the fol-

lowing form:

B, O 0 Bs 0 0 0 0 - - ~ -

Al —A,
C2 O O C3 C5 CG C4 0

AL, ~C,y
0 0 0 Dy Dy D D2 0| 1 0
0 0 0 D3 D3p D3W D4 D5 AZG 0

= Ax| 670

0 By, 0 0 By, 0 0 0] |AZg —Asp
0 C2p 0 C5p Cgp Cﬁp C4p 0 AZGW _Clp
0 0 B, ©0 0 Bi. 0 0 AZ —Aqw

AS —Ciw
0 0 CZW C5W CGW C3w C4w - - - -

The vectors of state variables, x and algebraic variables, Y, for this system are the following:

x=[xg xp xw]"

— T T T T 1T _ / T
Xg = [X; X3 - Xj Xy ], X; = [0; wi B Eja
— T T T T T — T
Xp = [Xl Xo ... Xj mev] , X; = [Vdcj [pvj Tpv1j  Tpu2j xpvgj]
T T T T T — T
Xw = [Xl Xy oo Xpy e meg] , Xp = [edh €qh  Wrp T1h T2n  T3n $4h]

Y, =17 17 10 zL 7L zL, Z'”

I, = [I;Fl 152 I;... Ingg]T, I, = [Idi [qi]T
Ip = [Igl 11?2 Igj“' Ilj;mpv:lT’ ij = [[dpj qu']T
I, = [151 152 Igh... Igmwg]T, I, = [Idsh Iqsh]T

Zg=[Vey Ve - Vemy) Oet)  Oez) - Ocmy)]”
Zap = [Vepry Vep@) -+ Veplmpn) Oept)  Oep(2) - Oeptmpn)]”
Zcw = Vu)y Va@ - Vatnug Qw)  Ou@) - O]

Zi=[Va V3..V...VN 0Oy 03..0.. 05" 2<e<N:p¢E;e¢Eg,;e¢Eg,,
S=[P Q] =[P Q]

1<i<mg, 1<) <myy, 1 <h <y
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By extracting rows corresponding to Al,, AL, Al,, AZg,, AZg,and AZg from equation
and substituting it into equation (5.53)), we get
Ax = A, s Ax+ EAu (5.71)

Mathematically, probabilistic small signal stability constraint can be expressed as in equation (3.6).
Stability of system is judged by the conditional probability of real part of the critical mode eigen-

value.

5.3 Case studies

In this work, Weibull distribution is used to model the probabilistic wind speed with the scale
parameter of 9.0 m/s and the shape parameter of 3 m/s. The output active powers of DFIGs are
obtained according to equation (5.4), where the wind speed distribution parameters are taken as, V;
=3 m/s, V,=25 m/s and V. = 12 m/s, [75]] respectively. Further, to examine the effect of addition
of DFIG, one DFIG is assumed to be located as bus 24 in 33 bus system and at bus 27 for 69 bus
system with an installed capacity of 250 kW [95]]. For 119 bus system, two DFIGs are assumed to
be connected at buses 28 and 47, each with installed capacity of 660 kW [96]. The parameters for
DFIGs are given in Appendix B. The speeds of theses wind turbines are assumed to be correlated
to each other by a correlation coefficient 0.3. In this work, all DFIGs are considered to generate
power at unity power factor. It is to be noted that the correlation between power output of DGs
and between loads are also considered in this work. As in Chapter 3] same correlation matrices for
loads and DGs have been considered for all three systems. Details related to sizing and location of

SHPP-DGs and PV-DGs are same as given in Chapter [3|and #]

In this work, the effect of DFIGs and impact of dynamic interactions among DFIGs, PV-DGs
and SHPP-DGs on DSR, are considered under two scenarios. These are:
1) when only DFIGs are present in the system,
2) when DFIGs, PV-DGs and SHPP-DGs are present in the system.
The results obtained are shown in Table[5.1]for both scenarios. The difference between the optimal
topologies obtained under both scenarios are noticeable because of the interaction among all DGs.
It is seen that addition of DFIG in the presence of PV-DGs and SHPP-DGs can generate more

infeasible solutions as a result of violation of system stability and other operational constraints.
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Table 5.1: Result of DSR for all three systems

33 bus system

69 bus system

119 bus system

Initial case with DFIG only (scenario 1)
Power loss(kW)

Voltage stability index

Switching number

P{a. <0}

Participating DGs and associated states
Number of violations in bus voltage constraint
Number of violations in line flow constraint
Stability status

Reconfigured system

Open switch

Power loss(kW)

Voltage stability index

Switching number

P{a, <0}

Number of violations in bus voltage constraint
Number of violations in line flow constraint

Stability status

Initial case with DFIG, PV-DGs and SHPP-
DGs (scenario 2)

Power loss(kW)

Voltage stability index

Switching number

P{a. <0}

Participating DGs and associated states
Number of violations in bus voltage constraint
Number of violations in line flow constraint
Stability status

Reconfigured system

Open switch

Power loss(kW)

Voltage stability index

Switching number

P{a, <0}

Number of violations in bus voltage constraint
Number of violations in line flow constraint

Stability status

209.118

0.303469

0

0.92620

DFIG1 and eg1, eq1
0

0

unstable

$7,89,s34,536,s37

152.177
0.238817
4

1

0

0

stable

81.152

0.19132

0

0.471330
SHPP-DG3 and 0, w
0

0

unstable

s11,s29,833,s34,s37

69.340
0.159168
4

0.999

0

0

stable

227.57

0.314214

0

0.98331

DFIG1 and eg1, g1
0

0

unstable

$9,516,562,s71,s72

154.514
0.239466
6

1

0

0

stable

55.062

0.065478

0

0.32370

DFIG1 and eg1, eq1
0

0

unstable

s13,852,569,s71,s73

43.606
0.05692
4

1

0

0

stable

1288.66

0.4308

0

0.77341

DFIG2 and e, €42
8

0

unstable

$23,835,544,574,598,5110,s120,5121,s123,
$125,5126,s127,5128,5s131,5132

948.225

0.261242

12

1

0

0

stable

680.088

0.3020

0

0.3912

DFIG2 and €49, €42
0

0

unstable

$9,s23,542,549,561,575,597,s110,s121,s122,
s126, s127,5128,5131,5132

499.389

0.195823

16

1

0

0

stable
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The reconfiguration of the DS improves the operating conditions by maximizing system power

loss reduction and voltage stability margin which in turn improves the stability of the system.

5.3.1 Probabilistic analysis for different levels of wind penetration

Since the wind mean speed may vary from time to time, levels of wind penetration are variable, and
therefore the operating condition of the distribution system may change, which can bring variations
in probabilistic stability margin and affect the system reconfiguration process. Hence probabilistic
analysis is carried out for all the three distribution systems with different levels of wind genera-
tion. For this purpose, two different wind Weibull distributions W1 and W2 are assumed. The

parameters and mean value of each Weibull distribution are given in Table

Table 5.2: Parameter and means of two wind speed weibull distribution

K, Cy mean
W1 (case 1) 3.8981 7.73 7
W2 (case 2) 6.9996 12.82 12

Table [5.3] shows the variation in the oscillatory modes (unstable modes) along with the partici-
pating states and participating DGs with different wind power penetrations for initial configuration
of the system. It is observed from Table[5.3|that in 33 bus system for case 1, critical unstable mode
1s associated with PV-DG1, whereas for case 2, critical unstable mode is associated with electrical
and control mode of DFIG1. For case 1, second unstable mode is mechanical mode corresponding
to SHPP-DG3. Similarly, third unstable mode is associated with DFIG1, which contributes to in-
stability with probability of 0.9715. On the other hand, in case 2, stability margins associated with
SHPP-DG3 and PV-DGI improve marginally compared to the stability margin obtained in case
1 whereas stability probability of DFIG1 decreases considerably to 0.4100. Similarly, for 69 bus
system, state variables participating in the first unstable mode are rotor electrical and power con-
troller variables of DFIG1 with probabilistic stability margin of 0.3112. Similarly, d3 and w3 are
the states associated with SHPP-DG3 with a small signal stability (SSS) probability of 0.6608 and
the third unstable mode is associated with DC/DC control mode of PV-DG2 with a SSS probability
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Table 5.3: Selected unstable eigenvalues of all three system (initial case)

Case 1
System eigenvalue participating Dominant state with their participation factor P{a. <0}
generator
33 bus system
0.000154 £ 0.3597i PV-DGI1 1p2=1.00 2p,12= 0.860, xpy31=0.579, },21=0.298 0.47131
-0.03151 + 28.08i SHPP-DG3 05=1.000, w3=0.999 0.86292
-0.251 + + 481.801 DFIG1 en=1.0, €,1=0.980, 4= 0.4690, 2,=0.296 0.9715
69 bus system
0.4631 £ 335.671 DFIG1 e1=1.0, e1=0.997 , x45=0.449, 15,=0.241 0.3112
-0.186 £15.55i SHPP-DG3 05=1.000, w3 = 0.999 0.6608
-0.0080 £ 0.2739i PV-DG2 I,,,2=1.000, py19= 0.931, p,31= 0.492, 7,,,91=0.324  0.7486
119 bus system
0.1298 £ 360.231 DFIG2 eq2=1.00, ego=0.989, x4,= 0.5434 25,=0.3128 0.3742
-0.00318 + 0.3835i PV-DG1 1,,,1=1.00, ,,,11=0.835 x},,3,= 0.347 0.5408
-0.06011 =+ 31.69i SHPP-DG2 0= 1.00, w2=0.999 0.9688
Case 2
33 bus system
0.00076 £ 0.3596i DFIG1 en=1.0, €,1=0.9783, x4;,= 0.51814, x4,=0.350 0.4100
-0.0622 + 452.669i PV-DGI1 I,,2=1.00 2,12= 0.860, ,,31= 0.579, 2},21=0.298 0.4754
-0.0324 £ 28.06i SHPP-DG3 03=1.000, w3=0.999 0.87757
69 bus system
1.3342 £+ 304.871 DFIG1 eq1=1.00, €41=0.9955, x4,= 0.523, x2,=0.269 0.00625
-0.1897 £15.56i SHPP-DG3 05=1.000, ws=0.999 0.661087
-0.0085 £ 0.273i PV-DG2 L,,2=1.00 2,,12= 0.930, },31= 0.499, ,,,2:= 0.324 0.7620
119 bus system
0.4641 £ 348.84i DFIG2 eq2=1.00, €49=0.9842, x4,= 0.6282, 12,=0.3826 0.0170
-0.06350 =+ 0.3835i PV-DG1 11=1.00, ,,,11=0.9062 x,,3,=0.3182 0.54427
-0.0033 + 32.24i SHPP-DG2 0= 1.00, w2=0.999 0.96879

of 0.7481. In particular, the first unstable mode is critical mode because of its lowest stability prob-
ability. On the other hand, for case 2, probability of the critical mode is reduced to 0.00625 and
the stability probabilities for other two unstable modes become 0.6610 and 0.7620, respectively
with high wind power penetration. For 119 bus system, in case 1, the first unstable response mode
is associated with DFIG2 which is identified to be the critical mode with the smallest SSS proba-
bility of 0.3742 and for other two unstable response modes, PV-DG1 and SHPP-DG2 contribute.

However, for case 2, the stability probability associated with DFIG1 decreases notably. It has been
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noticed that stability margin of unstable modes associated with SHPP-DGs and PV-DGs are not
much affected by wind penetration level. However, marginal improvement in unstable modes asso-
ciated with PV-DGs and SHPP-DGs are achieved at higher wind power penetration level. Further,
Table[5.4{shows the DSR result corresponding to different Weibull distribution parameters of wind

given in Table After reconfiguration, the system stability can be ensured.

Table 5.4: Result of DSR for different wind penetration conditions

Open switch Power loss ~ Voltage stability Switching  P{a. <0} status
index number

33 bus system
Case 1
Initial network 87.013 0.207530 0 0.4713 unstable
Reconfigured network  s11,529,s33,534,537 69.988 0.15948 4 1 stable
Case 2
Initial network 83.101 0.20560 0 0.4100 unstable
Reconfigured network  s11,529,s33,534,537 66.583 0.159127 4 1 stable
69 bus system
Case 1
Initial network 55.213 0.06922 0 0.3112 unstable
Reconfigured network  s18,556,569,571,573 42,772 0.049163 4 1 stable
Case 2
Initial network 53.142 0.048987 0 0.00625 unstable
Reconfigured network  s13,552,569,571,573 41.326 0.045061 4 1 stable
119 bus system
Case 1
Initial network 684.63 0.302046 0 0.37422 unstable
Reconfigured network $9,s23,s44,549,574,598,s110,s121, 540.439 0.238587 14 0.996 stable

$122,5123,5126,s127,8128,s131,s132
Case 2
Initial network 667.89 0.3020 0 0.01707 unstable
Reconfigured network $9,s23,542,549,561,875,897,s110, 490.017 0.195374 16 1 stable

s121,8122,s126,s127,5128,5131,5132
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5.4 Conclusion

In this chapter, a detailed study on three different test systems is conducted to analyze the effects of
reconfiguration on small signal stability margin of distribution system in presence of DFIGs, PV-
DGs and SHPP-DGs. This formulation considers stability risk with the increasing level of wind
penetration in the reconfiguration problem and optimal configuration is selected based on improved
performance indices with acceptable stability margin. It is observed that DSR improves the voltage
stability margin and reduces the power loss with minimum number of switching operations in the
network.

So far in this work, only constant power loads are considered. Hence, in next chapter, ZIP load
models are considered during DSR and appropriate switching sequence is determined to achieve

the configured system.
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Chapter 6

Optimal switching sequence path for DSR

considering voltage dependent loads

This chapter highlights the importance of considering voltage dependent loads in DSR problem.
Further, KnEA-PE algorithm is implemented for determining the appropriate switching sequence
to reach the optimal network from the original configuration. Detailed studies have been carried

out on all three distribution systems.

6.1 Introduction

In previous chapters, the constant power load models have been considered during DSR. How-
ever, practically, significant part of distribution system loads, such as industrial, commercial and
residential loads, are voltage dependent. In this chapter, first the optimal distribution system config-
urations are determined in the presence of voltage dependent loads and then appropriate switching
sequence is determined to achieve this optimal configuration . Further, the results corresponding to
constant-power loads and ZIP loads are compared considering the uncertain and correlated loads

and RES based DGs.
6.2 Load combinations

In this study, the ZIP load models have been incorporated during DSR. This model consists of
three components: a constant-power (P), a constant-current (I) and a constant impedance (Z). The

load at any bus 1 is given by [97]]

PLZ’:Pai{FP‘i‘F](‘/i/‘/Oi)+FZ(%/%i)2} D

Qi = Qui{ Fp+ F1(Vi/ Var) + Fy(Vi/Vai)*} (6.2)
where P,;, (,; and V,,; are nominal real power, reactive power and bus voltage magnitude respec-

tively, F' and F” are constant parameters, and the subscripts P, I and Z denote the constant power,

constant current and constant impedance contributions, respectively. The values for the coefficients
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F and F’ for the ZIP load model for various types of loads (industrial, residential and commercial

loads) in real systems are given in Table[6.1]

Table 6.1: Parameters for different load composition[76]

Load class Fy Fr Fp
Residential 0.24 0.64 0.13
Active power Commercial 0.16 0.80 0.04
Industrial -0.07 0.24 0.83
Residential 244 -1.94 0.50
Reactive power Commercial 3.26 -3.10 0.84
Industrial 1 0 0

For all three test systems, the details of types of loads connected at various buses are listed in

Table

Table 6.2: Load characteristics at various buses

Test system Residential ZIP model = Commercial ZIP model Industrial ZIP model
33-bus system 9-16 18-22, 26-31 17,32,25

69 bus system 3-19, 36-46, 48-51 52,59,69

119 bus system 19-25, 30-42 67-75 45,78,114,120

To study the importance of considering voltage dependent loads in DSR problem, the presented
formulation has been carried out on IEEE 33-bus, 69-bus and 119-bus distribution system consid-
ering uncertainties in loads and DG power outputs. All three types of DGs, namely SHPP-DGs,
PV-DGs and DFIGs, are considered in this analysis. Details related to sizing and locations of
SHPP-DGs, PV-DGs and DFIGs are same as given in Chapter[3| d]and[5] In this study, the solar ir-
radiation is assumed to follow Beta probability density function with mean and standard deviation

as 721 W/m? and 200 W/m?, respectively and wind speed is assumed to follow Weibull function
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with the scale parameter of 9.0 m/s and the shape parameter of 3 m/s. Some loads are assumed to
be correlated and the correlation between DG power outputs has also been considered. The same
correlation matrices as given in the previous chapters, have been used in this case. The loads at
other buses, are treated as constant power loads. The obtained results are shown in Tables
and for all three systems.

Table 6.3: Comparison of DSR results obtained with ZIP load model and con-

stant power loads (for 33 bus system)

Participating
Open switch Power loss Voltage stability Switching DGs and P{a, <0} status
(kW) index number associated
states
Initial network
ZIP load model 61.018 0.16155 0 DFIGI  and 0.82786 unstable
€d1, €q1
Constant power load 86.31 0.207171 0 PV-DGl and 0.47133 unstable
model Ly, Tpulls
Tpv31
Reconfigured network
ZIP load model §7,59,529,834,s37  47.715 0.078354 6 DFIGI  and 1 stable
€d1, €q1
Constant power load s11,529,533,534,53769.340 0.159168 4 PV-DG1 and 1 stable
model L, Tpolls
Tpu31

These results show that for constant power load model, power losses are higher than those
obtained for ZIP load model. This is due to the fact that the loads with constant power character-
istics always draw rated power and increases the power loss. On the other hand, during normal
operation, the power drawn by the voltage dependent loads are less than the rated power. This is
due to the fact that under normal operation, the voltage magnitudes at all the buses are less than
the rated value, and therefore, following equations (6.1) and (6.2), the power consumed by the
voltage dependent load (VDL) will be less than the rated values resulting into less amount of loss
in the system. Similarly, other objective function values also vary differently when ZIP loads are

considered.
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Table 6.4: Comparison of DSR results obtained with ZIP load model and con-

stant power loads (for 69 bus system)

Participating
Open switch Power loss ~ Voltage stability Switching DGs and P{a. <0} status
index number associated
states
Initial network
ZIP load model 51.80 0.05806 0 DFIGI  and 0.40151 unstable
€d1, €q1
Constant power load 55.128 0.06879 0 DFIG1 and 0.32370 unstable
model €d1, €q1
Reconfigured network
ZIP load model $18,558,569,571,s73  40.972 0.047955 4 DFIGI  and 1 stable
€d1, €q1
Constant power load s13,552,869,s71,s73  43.606 0.056926 4 DFIG1 and 1 stable
model €d1, €q1
Table 6.5: Comparison of DSR results obtained with ZIP load model and con-
stant power loads (for 119 bus system)
Participating
Open switch Power loss ~ Voltage stability Switching DGs and P{a. <0} status
index number associated
states
119 bus system
Initial network
ZIP load model 601.90 0.29981 0 PV-DG1 and 0.5240 unstable
I puls Tpvlls
Lp31
Constant power load 680.08 0.3020 0 DFIG2 and 0.3912 unsable
model €42, €q2
Reconfigured network
ZIP load model $23,539,543,s51,s71  462.283 0.176722 14 PV-DG1 and 1 stable
$74,5110,s121,8122 L1, Tpolls
$123,5126,s127 Tpu31
s130,s131,s132
Constant power load $9,523,542,549,561 512.326 0.178515 14 DFIG2 and 1 stable
model $69,s110,s121,s122 €d2; Cq2

$126,5127,5129,5130
s131,s132
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From these tables, it is observed that the optimal topological structure of the network with ZIP
loads are different from those obtained with constant power loads. This variation is because of the
voltage dependent characteristic of different load combinations. Therefore, for reconfiguration,

appropriate knowledge of type of load in a system is necessary.

The voltage profiles of the 119-bus system before and after reconfiguration are shown in Fig.

6.1, for constant power load and for ZIP load model.

1.01 T T T T

Bus Voltage (p.u.}

—=— After reconfiguration
—#— Before reconfiguration

0_91 1 1 L
0 20 40 60 80 100 120

Bus number

(a) For constant power loads

1.01 T T T

Bus Voltage (p.u.)

092+ —&— After reconfiguration u
—+#— Before reconfiguration b
[]51 L 1 1
0 20 40 60 80 100 120
Bus number

(b) For ZIP loads

Figure 6.1: Voltage profiles of 119-bus system.
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The angles of voltages at various buses in the system are shown in Fig. 6.2, for constant power
load and for ZIP load model. The improvement in bus voltages and angles after reconfiguration

has been achieved.

Bus Angle (Degree)

-0.03 —&— After reconfiguration

—#— Befare reconfiguration

004 1 1 1
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Bus number

(a) For constant power loads

0.03 T T T T T

Bus Angle (Degree)

—&— After reconfiguration
—+— Before reconfiguration

0.03 1 1 1 faih

1
0 20 40 60 80 100 120

Bus number
(b) For ZIP loads

Figure 6.2: Angles of voltages of at various buses in 119-bus system.

In addition, Eigen values of the 119-bus system are also shown in Table 6.6, for constant power

load model and ZIP load model. From Table 6.6, it can be observed that the initial system (before
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reconfiguration) is unstable (there is a pair of eigenvalues in the right hand side of the s-plane).
For ZIP loads, the critical mean eigenvalues (which are the rightmost eigenvalues) —0.00144 +
0.3920196 have probability of 0.5240 (listed in Table 6.5) for remaining in the left hand side of the
complex plane which indicates that the initial system could become unstable. On the other hand,

the reconfigured system is stable as all the eigenvalues lie in the left side of the s-plane.

Table 6.6: Eigenvalues of the 119-bus system

(a) for constant power loads (b) for ZIP loads

before reconfiguration  after reconfiguration before reconfiguration  after reconfiguration

0.151452 £ 378.240i -12.1344372.8021 -0.449534379.85727 -17.5595+ 369.88i
-1.96617+377.5471 -37.047+356.309 -2.59774379.08173 -37.67784+ 358.41
-57.376+91.6612i -30.262+125.097 -57.040+£87.5788317 -28.28+ 122.044
-59.078+89.63771 -55.083£ 98.408 -55.2844+ 89.6520 -47.59 £101.02
-40.964 -42.0322 -40.5271 -40.519
-0.0601£36.1524757 -0.8973£40.3262 -0.08102+35.61015 -0.05596+ 35.75517
-0.810629 +31.9616i -0.06217+36.107953 -0.264787+27.5755 -0.06230+ 35.377

-0.0423016 =+ 33.8870i
-0.2707+ 27.561i1
-18.6526

-18.8513

-10.07022

-9.67584

-9.74357
-3.65651+5.790901
-3.61024 £1.603414i
- 3.815250+1.22361
-1.5402 £ 0.61367
-1.51763 £0.7008671
-0.00316+0.401871
-0.093924+ 0.3731101
-0.18436

-0.18287

-0.191969

-0.190260

-0.06231+33.508818
-0.0561£34.458
-17.8823

-17.221

-9.7952

-9.7442

-6.1275
-3.71760+5.55060
-3.81514 1.89971i

- 3.81525041.22361
1.51091 +0.6453591
-1.4970240.7579377i
-0.0808+0.5182643i
-0.116140.3640166i
-0.186639

-0.18239

-0.19031

-0.192013
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-0.361944+28.1626
-1.38761+18.199693
-18.97817

-19.20720

-8.6268

-9.72465

-9.91456
-3.473138+£5.119
-3.615+1.6055
-3.879492+0.446080
-1.543+0.6115
-1.5530440.673432
-0.00144+0.3920196
-0.08768+0.37263
-0.1841286

-0.18237

-0.16872

-0.16720

-0.06153+33.526
-3.8479£19.099
-18.5028

-17.6817

-9.93812

-9.81054

-3.17661
-3.6755+ 4.91622
-3.53442.443653
-3.8157£ 1.899
-1.513+ 0.638553
-1.5091+ 0.7245
-0.0672+ 0.512678
-0.1135240.36417
-0.186544
-0.18215

-0.16871

-0.16723




So far, in all the above studies, the final configuration of the system is decided. However, for
practical implementation, once a system configuration is decided, appropriate switching sequence
to implement that configuration needs also to be determined. In the next Section, a methodology

for determining the proper switching sequence is described.

6.3 DETERMINATION OF APPROPRIATE SWITCHING SEQUENCE

The determination of appropriate switching sequence consists of the following steps [63]]:

(I) Randomly generate ’s’ number of strings using the switches of final optimal configuration.
Each of these strings specifies the sequence of operation of the switches (vis-a-vis their status in
the original configuration). For any string, the first element of the string represents the switch that
should be closed and the second one represents the switch to be opened, so that the radiality of DS

is maintained. All these generated strings are subsequently arranged in a matrix Xg,, as follows:

SWe1l SWo11 SWei2 SWo12 .-+ SWelNgteps SWolNgteps
SWe21 SWp21 SwCQNsteps SwOQNsteps

Xow = | . . (6.3)
SWes1  SWosl coo SWesNypeps  SWosNateps

In equation (6.3), sw.s; and sw,s denote the closing and opening switch pair respectively of
1% step in sequence s. Further, N.,s denotes the total number of steps in each sequence. It is to
be noted that, each step consists of the pair of closing and opening operation. In Xg,,, the total
number of steps in each sequence is same as the number of tie switches which are not in the same
state after reconfiguration.
(IT) Calculate the objective functions given in equations (3.2), and damping ratio of critical
eigenvalue [[81] taking into consideration the topological and operational constraints given in equa-
tions (3.7), (3.8) based on the results of load studies and SSSA for every step of a sequence. For

each sequence, the aggregate objective function is calculated as follows

Nsteps

Fr(Xaw) = > fur(Xaw), M=1,2,3 (6.4)
=1

where M is the number of objectives and N, is the total number of steps in each sequence.
(IIT) Perform ENS and generate new set of strings (given by the matrix Y, having the same di-

mension as Xy, ) using mutation and crossover operations on the parent strings and form combined
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population Rgy, = Xgw U Ygw-

(IV) Rank the non dominated front using ENS and identify the knee points for combined popu-
lation based on the procedure described in Section 3.3.2. Generate the parent population for next
generation.

(V) Repeat the process from step (II) until termination criterion is met and obtain the best result
following the procedure mentioned in Section 2.3.8 of Chapter [2] Table shows the switching
sequence obtained by the above-mentioned method for all three test systems. It is to be noted
that for generating these sequences, the final configuration corresponding to ZIP load models and

constant power load models given in Tables[6.3] [6.4] and [6.5] for all three system, have been used.

Table 6.7: Distribution system switching sequence results for ZIP load model

results and constant power loads

test system Switching sequence path

33 bus system

ZIP load model 836 59 535 529 533 57

constant power load model s36 s11 835529

69 bus system

ZIP load model 872 558 s70 518

constant power load model §72 852 s70s13

119 bus system

ZIP load model $129 571 5120 s39 5128 874 s133 s110 s125 s51 s119 s23 5124 543

constant power load model s119 523 5128 569 5123 561 5124 542 s120 59 s133 s110 s125 s49

For 33 bus system, the optimal configuration obtained with ZIP load as shown in Table [6.3|is
57,59, 529, s34 and s37 and the initial configuration is s33, s34, s35, s36 and s37. From switching
sequence process, s34 and s37 switches are removed as they both have the same status after recon-
figuration. Therefore, switches s7, 9, 529, s33, s35 and s36 participated in the switching process.
As shown in Table the obtained switching sequence is 536, s9, s35, 529, s33, s7 which leads
to the following sequence of operation: (i) first close s36 and open s9 (ii) close s35 and open s29
and (ii1) close s33 and open s7. Similarly, corresponding to constant power loads, the optimal

configuration is s11, 529, s33, s34 and s37. Hence, switches s33, s34 and s37 should be removed
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from the switching process and the final appropriate switching sequence obtained is: (1) close s36 -
open s11 and (ii) close s35 - open s29. Similarly for 69 bus system, with ZIP load model, only four
switches namely, s18, s56, s72 and s74 and with constant power load model switches s13, s52, s72
and s74 are utilized in switching sequence process. Remaining switches listed in Table have
same status after reconfiguration. Thus, the result presented in Table [6.7| indicates the following
sequence of operation to obtain the optimal network: (i) close s72- open s58 and (ii) close 70 -
open 18 (for ZIP load model); (i) close s72- open s52 and (ii) close 70 - open 13 (for constant
power load model). The same analysis of the switching sequence path leads to the results shown

in Table[6.7) with the both type of load model, for 119 bus distribution system.

6.4 CONCLUSION

In this chapter, DSR has been presented in the presence of voltage dependent load models for opti-
mal operation using KnEA-PE method. From the results, it can be observed that the configuration
obtained for composite load differs from the constant power loads. Therefore, it is necessary to
find the exact model for the connected loads while reconfiguring the network. Further, this chapter

also presented a methodology to determine the optimal switching sequence.
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Chapter 7

Conclusion

This chapter summarizes the major findings of the work and suggests a number of possible direc-

tions for future works in the area of DSR.
7.1 Conclusions

The important contributions in the area of DSR in distribution system in the presence of distributed
generation can be summarized as follows:

The DSR problem is posed as a constrained multi-objective optimization problem. The objec-
tive functions include minimization of power loss, switching operations as well as maximization
of the voltage stability margin while maintaining the constraints of bus voltage, branch current
carrying capacity and radiality of DS. Further, small signal stability of the system has also been
considered in the formulated reconfiguration problem. A KnEA based optimization approach has
been applied for DSR. The effectiveness of this method has been investigated on IEEE 33-bus,
69-bus and 119-bus radial DSs. Comparing the results obtained by KnEA method with NSGA-II

method, the following conclusions can be drawn:

e Though reconfiguration, a dynamically unstable distribution system can be made stable with
increased small signal stability margin. The proposed formulation and solution methodology
ensure that the final configuration of the distribution system always remains dynamically

stable in the presence of DGs.

e The performance of the KnEA technique is superior to that of NSGA-II algorithm for solving

the multi-objective network reconfiguration problem.

e For ensuring stability of the system, the stability issue should be enforced as a constraint in

the formulated problem.

For considering the uncertainties of loads and generations, probabilistic DSR problem has been

formulated and KnEA-PE approach has been proposed to solve the formulated problem with the
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acceptable confidence level. The performance indices (expected values of objective functions) have
large values compared to deterministic results of DSR because in highly uncertain environment,
DSR tries to find an optimum configuration in the face of uncertainties of loads and generation.

From this study, the following conclusions have been drawn:

e The correlation among the uncertain load demands and among the uncertain DG power out-
puts have an influence on the final configuration of the system. Moreover, correlation among
DGs has more pronounced effect on the final configuration than the correlation among the

loads.

e Stability of dynamically unstable DS is achieved through reconfiguration with a desired con-
fidence level. The proposed formulation and solution methodology ensure that the final sys-
tem configuration always remains dynamically stable even with uncertainties and correlation

in load and generation.

Further, in the small-signal stability constrained DSR, PV-DGs and DFIG have been integrated
along with SHPP based DGs. The impact of different solar irradiance and wind power penetrations
on the small signal stability constraint and subsequently, on reconfiguration has been assessed. The

following conclusions can be drawn:

e Due to load and generation uncertainty and also growing deployment of RES-DGs in DS,

the risk of system instability is increased.

e Depending on the system operating conditions, DFIGs, PV-DGs and SHPP-DGs can con-

tribute to the system instability.

e At higher level of solar irradiance level, the impact of PV-DGs on the system instability is

quite significant.

e This formulation considers stability risk with the increasing level of wind penetration in the
reconfiguration problem and optimal configuration is selected based on improved perfor-

mance indices with acceptable stability margin.

In addition, due to its simplicity or the lack of data, many works in the literature assume that

all loads are constant-power loads. However, as significant part of loads, such as commercial and
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residential loads, are voltage dependent, this thesis also considers this dependency and compares
the results corresponding to constant-power loads and ZIP loads considering uncertainty in loads

and generation. From those comparisons, the following conclusions can be drawn:

e A voltage-dependent load model provides more realistic results than a constant power model
by more accurately representing the actual behavior of the loads in response to voltage vari-

ations.

e The optimal configuration for different load combination may differ from each other because

of the voltage dependent characteristic of different load combinations.

7.2 Further Works

1. It is predicted that the number of electric vehicles (EVs) connected to the distribution net-
work will be significant in the future. Therefore, the presence of EVs can be considered in

the DSR problem.

2. Modelling of DGs as per operational limits and as per capability curve can be carried out

during DSR.

3. DSR can be solved by some other MOEA which has good trade-off among convergence of
algorithm, diversity in pareto optimal solution and computational time to get the accurate

result in minimum time.
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Appendix A

System data

The relevent data for 12.66 kV, 33-bus distribution system is given in Table A.1.

Table A.1: Branch data for 12.666 kV, 33-bus distribution system

Branch Number | Sending end bus number | Receiving end bus number | Resistance | Reactance
1 1 2 0.092200 | 0.047000
2 2 3 0.493000 | 0.251200
3 3 4 0.366000 | 0.186400
4 4 5 0.381100 | 0.194100
5 5 6 0.819000 | 0.707000
6 6 7 0.187200 | 0.618800
7 7 8 0.711400 | 0.235100
8 8 9 1.030000 | 0.740000
9 9 10 1.044000 | 0.740000
10 10 11 0.196000 | 0.065100
11 11 12 0.374400 | 0.129800
12 12 13 1.468000 | 1.155000
13 13 14 0.542000 | 0.713000
14 14 15 0.591000 | 0.526000
15 15 16 0.746300 | 0.545000
16 16 17 1.289000 | 1.721000
17 17 18 0.732000 | 0.574000
18 2 19 0.164000 | 0.156500
19 19 20 1.504200 | 1.355400
20 20 21 0.409500 | 0.478400

Continued on next page
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Table A.1 — Continued from previous page

Branch Number | Sending end bus number | Receiving end bus number | Resistance | Reactance
21 21 22 0.708900 | 0.937300
22 3 23 0.451200 | 0.308300
23 23 24 0.898000 | 0.709100
23 23 24 0.898000 | 0.709100
24 24 25 0.896000 | 0.701100
25 6 26 0.203000 | 0.103400
26 26 27 0.284200 | 0.144700
27 27 28 1.059000 | 0.933700
28 28 29 0.804200 | 0.700600
29 29 30 0.507500 | 0.258500
30 30 31 0.974400 | 0.963000
31 31 32 0.310500 | 0.361900
32 32 33 0.341000 | 0.530200
33 8 21 2.000000 | 2.000000
34 9 15 2.000000 | 2.000000
35 12 22 2.000000 | 2.000000
36 18 33 0.500000 | 0.500000
37 25 29 0.500000 | 0.5000000
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Table A.2: Bus data for 12.666 kV, 33-bus distribution system

Bus Number | P (kW) | Q(kVAR) | Bus Number | P (kW) | Q(kVAR)
1 0.000 0.000 27 0.060 0.025
2 0.100 0.060 28 0.060 0.020
3 0.090 0.040 29 0.120 0.070
4 0.120 0.080 30 0.200 0.600
5 0.060 0.030 31 0.150 0.070
6 0.060 0.020 32 0.210 0.100
7 0.200 0.100 33 0.060 0.040
8 0.200 0.100
9 0.060 0.020
10 0.060 0.020
11 0.045 0.030
12 0.060 0.035
13 0.060 0.035
14 0.120 0.080
15 0.060 0.010
16 0.060 0.020
17 0.060 0.020
18 0.090 0.040
19 0.090 0.040
20 0.090 0.040
21 0.090 0.040
22 0.090 0.040
23 0.090 0.050
24 0.420 0.200
25 0.420 0.200
26 0.060 0.025
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The relevent data for 12.66 kV, 69-bus distribution system is given in Table A.2.

Table A.3: Branch data for 12.666 kV, 69-bus distribution system.

Branch Number | Sending end bus number | Receiving end bus number | Resistance | Reactance
1 1 2 0.0005 0.0012
2 2 3 0.0005 0.0012
3 3 4 0.0015 0.0036
4 4 5 0.0251 0.0294
5 5 6 0.366 0.1864
6 6 7 0.3811 0.1941
7 7 8 0.0922 0.047
8 8 9 0.0493 0.0251
9 9 10 0.819 0.2707
10 10 11 0.1872 0.0619
11 11 12 0.7114 0.2351
12 12 13 1.03 0.34
13 13 14 1.044 0.345
14 14 15 1.058 0.3496
15 15 16 0.1966 0.065
16 16 17 0.3744 0.1238
17 17 18 0.0047 0.0016
18 18 19 0.3276 0.1083
19 19 20 0.2106 0.0696
20 20 21 0.3416 0.1129
21 21 22 0.014 0.0046
22 22 23 0.1591 0.0526
23 23 24 0.3463 0.1145
24 24 25 0.7488 0.2475
25 25 26 0.3089 0.1021

Continued on next page

136




Table A.3 — Continued from previous page

Branch Number | Sending end bus number | Receiving end bus number | Resistance | Reactance
26 26 27 0.1732 0.0572
27 3 28 0.0044 0.0108
28 28 29 0.064 0.1565
29 29 30 0.3978 0.1315
30 30 31 0.0702 0.0232
31 31 32 0.351 0.116
32 32 33 0.839 0.2816
33 33 34 1.708 0.5646
34 34 35 1.474 0.4873
35 3 36 0.0044 0.0108
36 36 37 0.064 0.1565
37 37 38 0.1053 0.123
38 38 39 0.0304 0.0355
39 39 40 0.0018 0.0021
40 40 41 0.7283 0.8509
41 41 42 0.31 0.3623
42 42 43 0.041 0.0478
43 43 44 0.0092 0.0116
44 44 45 0.1089 0.1373
45 45 46 0.0009 0.0012
46 4 47 0.0034 0.0084
47 47 48 0.0851 0.2083
48 48 49 0.2898 0.7091
49 49 50 0.0822 0.2011
50 8 51 0.0928 0.0473
51 51 52 0.3319 0.1114
52 9 53 0.174 0.0886
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Table A.3 — Continued from previous page

Branch Number | Sending end bus number | Receiving end bus number | Resistance | Reactance
53 53 54 0.203 0.1034
54 54 55 0.2842 0.1447
55 55 56 0.2813 0.1433
56 56 57 1.59 0.5337
57 57 58 0.7837 0.263
58 58 59 0.3042 0.1006
59 59 60 0.3861 0.1172
60 60 61 0.5075 0.2585
61 61 62 0.0974 0.0496
62 62 63 0.145 0.0738
63 63 64 0.7105 0.3619
64 64 65 1.041 0.5302
65 11 66 0.2012 0.0611
66 66 67 0.0047 0.0014
67 12 68 0.7394 0.2444
68 68 69 0.0047 0.0016
69 11 43 0.5000 0.500
70 13 21 0.5 0.5
71 15 46 1.0 1.0
72 50 59 2.0 2.0
73 27 65 1.0 1.0

138




Table A.4: Bus data for 12.666 kV, 69-bus distribution system

Bus Number | P (kW) | Q(kVAR) | Bus Number | P (kW) | Q(kVAR)

1.0000 0 0 27.0000 0.0140 0.0100
2.0000 0 0 28.0000 0.0260 0.0186
3.0000 0 0 29.0000 0.0260 0.0186
4.0000 0 0 30.0000 0 0
5.0000 0 0 31.0000 0 0
6.0000 0.0026 0.0022 32.0000 0 0

7.0000 0.0404 0.0300 33.0000 0.0140 0.0100
8.0000 0.0750 0.0540 34.0000 0.0195 0.0140
9.0000 0.0300 0.0220 35.0000 0.0060 0.0040
10.0000 0.0280 0.0190 36.0000 0.0260 0.0186
11.0000 0.1450 0.1040 37.0000 0.0260 0.0186

12.0000 0.1450 0.1040 38.0000 0 0

13.0000 0.0080 0.0055 39.0000 0.0240 0.0170
14.0000 0.0080 0.0055 40.0000 0.0240 0.0170
15.0000 0 0 41.0000 0.0012 0.0010
16.0000 0.0455 0.0300 42.0000 0 0

17.0000 0.0600 0.0350 43.0000 0.0060 0.0043
18.0000 0.0600 0.0350 44.0000 0 0

19.0000 0 0 45.0000 0.0392 0.0263
20.0000 0.0010 0.0006 46.0000 0.0392 0.0263
21.0000 0.1140 0.0810 47.0000 0 0

22.0000 0.0053 0.0035 48.0000 0.0790 0.0564
23.0000 0 0 49.0000 0.3847 0.2745
24.0000 0.0280 0.0200 50.0000 0.3847 0.2745
25.0000 0 0 51.0000 0.0405 0.0283

26.0000 0.0140 | 0.0100 52.0000 0.0036 0.0027
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Table A.4 — Continued from previous page

Bus Number | P (kW) | Q(kVAR) | Bus Number | P (kW) | Q(kVAR)
53.0000 0.0043 0.0035 62.0000 0.0320 0.0230
54.0000 0.0264 0.0190 63.0000 0 0
55.0000 0.0240 0.0172 64.0000 0.2270 0.1620
56.0000 0 0 65.0000 0.0590 0.0420
57.0000 0 0 66.0000 0.0180 0.0130
58.0000 0 0 67.0000 0.0180 0.0130
59.0000 0.1000 0.0720 68.0000 0.0280 0.0200
60.0000 0 0 69.0000 0.0280 0.0200
61.0000 1.2440 0.8880
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Table A.5: Branch data for 11 kV, 119-bus distribution system

Branch Number | Sending end bus number | Receiving end bus number | Resistance | Reactance
1.0000 0 1.0000 0 0.0001
2.0000 1.0000 2.0000 0.0360 0.0130
3.0000 2.0000 3.0000 0.0330 0.0119
4.0000 2.0000 4.0000 0.0450 0.0162
5.0000 4.0000 5.0000 0.0150 0.0540
6.0000 5.0000 6.0000 0.0150 0.0540
7.0000 6.0000 7.0000 0.0150 0.0125
8.0000 7.0000 8.0000 0.0180 0.0140
9.0000 8.0000 9.0000 0.0210 0.0630
10.0000 2.0000 10.0000 0.1660 0.1344
11.0000 10.0000 11.0000 0.1120 0.0789
12.0000 11.0000 12.0000 0.1870 0.3130
13.0000 12.0000 13.0000 0.1420 0.1512
14.0000 13.0000 14.0000 0.1800 0.1180
15.0000 14.0000 15.0000 0.1500 0.0450
16.0000 15.0000 16.0000 0.1600 0.1800
17.0000 16.0000 17.0000 0.1570 0.1710
18.0000 11.0000 18.0000 0.2180 0.2850
19.0000 18.0000 19.0000 0.1180 0.1850
20.0000 19.0000 20.0000 0.1600 0.1960
21.0000 20.0000 21.0000 0.1200 0.1890
22.0000 21.0000 22.0000 0.1200 0.0789
23.0000 22.0000 23.0000 1.4100 0.7230
24.0000 23.0000 24.0000 0.2930 0.1348
25.0000 24.0000 25.0000 0.1330 0.1040
26.0000 25.0000 26.0000 0.1780 0.1340
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Branch Number | Sending end bus number | Receiving end bus number | Resistance | Reactance
27.0000 26.0000 27.0000 0.1780 0.1340
28.0000 4.0000 28.0000 0.0150 0.0296
29.0000 28.0000 29.0000 0.0120 0.0276
30.0000 29.0000 30.0000 0.1200 0.2766
31.0000 30.0000 31.0000 0.2100 0.2430
32.0000 31.0000 32.0000 0.1200 0.0540
33.0000 32.0000 33.0000 0.1780 0.2340
34.0000 33.0000 34.0000 0.1780 0.2340
35.0000 34.0000 35.0000 0.1540 0.1620
36.0000 30.0000 36.0000 0.1870 0.2610
37.0000 36.0000 37.0000 0.1330 0.0990
38.0000 29.0000 38.0000 0.3300 0.1940
39.0000 38.0000 39.0000 0.3100 0.1940
40.0000 39.0000 40.0000 0.1300 0.1940
41.0000 40.0000 41.0000 0.2800 0.1500
42.0000 41.0000 42.0000 1.1800 0.8500
43.0000 42.0000 43.0000 0.4200 0.2436
44.0000 43.0000 44.0000 0.2700 0.0972
45.0000 44.0000 45.0000 0.3390 0.1221
46.0000 45.0000 46.0000 0.2700 0.1779
47.0000 35.0000 47.0000 0.2100 0.1383
48.0000 47.0000 48.0000 0.1200 0.0789
49.0000 48.0000 49.0000 0.1500 0.0987
50.0000 49.0000 50.0000 0.1500 0.0987
51.0000 50.0000 51.0000 0.2400 0.1581
52.0000 51.0000 52.0000 0.1200 0.0789
53.0000 52.0000 53.0000 0.4050 0.1458
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Branch Number | Sending end bus number | Receiving end bus number | Resistance | Reactance
54.0000 52.0000 54.0000 0.4050 0.1458
55.0000 29.0000 55.0000 0.3910 0.1410
56.0000 55.0000 56.0000 0.4060 0.1461
57.0000 56.0000 57.0000 0.4060 0.1461
58.0000 57.0000 58.0000 0.7060 0.5461
59.0000 58.0000 59.0000 0.3380 0.1218
60.0000 59.0000 60.0000 0.3380 0.1218
61.0000 60.0000 61.0000 0.2070 0.0747
62.0000 61.0000 62.0000 0.2470 0.8922
63.0000 1 63.0000 0.0280 0.0418
64.0000 63.0000 64.0000 0.1170 0.2016
65.0000 64.0000 65.0000 0.2550 0.0918
66.0000 65.0000 66.0000 0.2100 0.0759
67.0000 66.0000 67.0000 0.3830 0.1380
68.0000 67.0000 68.0000 0.5040 0.3303
69.0000 68.0000 69.0000 0.4060 0.1461
70.0000 69.0000 70.0000 0.9620 0.7610
71.0000 70.0000 71.0000 0.1650 0.0600
72.0000 71.0000 72.0000 0.3030 0.1092
73.0000 72.0000 73.0000 0.3030 0.1092
74.0000 73.0000 74.0000 0.2060 0.1440
75.0000 74.0000 75.0000 0.2330 0.0840
76.0000 75.0000 76.0000 0.5910 0.1773
77.0000 76.0000 77.0000 0.1260 0.0453
78.0000 64.0000 78.0000 0.5590 0.3687
79.0000 78.0000 79.0000 0.1860 0.1227
80.0000 79.0000 80.0000 0.1860 0.1227
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Branch Number | Sending end bus number | Receiving end bus number | Resistance | Reactance
81.0000 80.0000 81.0000 0.2600 0.1390
82.0000 81.0000 82.0000 0.1540 0.1480
83.0000 82.0000 83.0000 0.2300 0.1280
84.0000 83.0000 84.0000 0.2520 0.1060
85.0000 84.0000 85.0000 0.1800 0.1480
86.0000 79.0000 86.0000 0.1600 0.1820
87.0000 86.0000 87.0000 0.2000 0.2300
88.0000 87.0000 88.0000 0.1600 0.3930
89.0000 65.0000 89.0000 0.6690 0.2412
90.0000 89.0000 90.0000 0.2660 0.1227
91.0000 90.0000 91.0000 0.2660 0.1227
92.0000 91.0000 92.0000 0.2660 0.1227
93.0000 92.0000 93.0000 0.2660 0.1227
94.0000 93.0000 94.0000 0.2330 0.1150
95.0000 94.0000 95.0000 0.4960 0.1380
96.0000 91.0000 96.0000 0.1960 0.1800
97.0000 96.0000 97.0000 0.1960 0.1800
98.0000 97.0000 98.0000 0.1866 0.1220
99.0000 98.0000 99.0000 0.0746 0.3180
100.0000 1 100.0000 0.0625 0.0265
101.0000 100.0000 101.0000 0.1501 0.2340
102.0000 101.0000 102.0000 0.1347 0.0888
103.0000 102.0000 103.0000 0.2307 0.1203
104.0000 103.0000 104.0000 0.4470 0.1608
105.0000 104.0000 105.0000 0.1632 0.0588
106.0000 105.0000 106.0000 0.3300 0.0990
107.0000 106.0000 107.0000 0.1560 0.0561
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Branch Number | Sending end bus number | Receiving end bus number | Resistance | Reactance
108.0000 107.0000 108.0000 0.3819 0.1374
109.0000 108.0000 109.0000 0.1626 0.0585
110.0000 109.0000 110.0000 0.3819 0.1374
111.0000 110.0000 111.0000 0.2445 0.0879
112.0000 110.0000 112.0000 0.2088 0.0753
113.0000 112.0000 113.0000 0.2301 0.0828
114.0000 100.0000 114.0000 0.6102 0.2196
115.0000 114.0000 115.0000 0.1866 0.1270
116.0000 115.0000 116.0000 0.3732 0.2460
117.0000 116.0000 117.0000 0.4050 0.3670
118.0000 117.0000 118.0000 0.4890 0.4380
119.0000 8.0000 24.0000 0.4272 0.1539
120.0000 9.0000 40.0000 0.5300 0.3348
121.0000 17.0000 27.0000 0.5258 0.2916
122.0000 25.0000 35.0000 0.5000 0.5000
123.0000 37.0000 62.0000 0.5700 0.5720
124.0000 46.0000 27.0000 0.5258 0.2925
125.0000 54.0000 43.0000 0.4800 0.1728
126.0000 58.0000 91.0000 0.3957 0.1425
127.0000 62.0000 54.0000 0.3600 0.1296
128.0000 73.0000 91.0000 0.6800 0.6480
129.0000 88.0000 75.0000 0.4062 0.1464
130.0000 99.0000 77.0000 0.4626 0.1674
131.0000 108.0000 83.0000 0.6510 0.2340
132.0000 105.0000 86.0000 0.8125 0.2925
133.0000 110.0000 118.0000 0.7089 0.2553
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Table A.6: Bus data for 12.666 kV, 69-bus distribution system

Bus Number | P (kW) | Q(kVAR) | Bus Number | P (kW) | Q(kVAR)
1 0 0 27 16.03 24.62
2 0 0 28 26.03 24.62
3 133.84 101.14 29 594.56 522.62
4 16.214 11.292 30 120.62 59.117
5 34.315 21.845 31 102.38 99.554
6 73.016 63.602 32 5134 318.5
7 144.2 68.604 33 475.25 456.14
8 104.47 61.725 34 151.43 136.79
9 28.547 11.503 35 205.38 83.302
10 87.56 51.073 36 131.6 93.082
11 198.2 106.77 37 448.4 369.79
12 146.8 75.995 38 440.52 321.64
13 26.04 18.687 39 112.54 55.134
14 52.1 23.22 40 53.963 38.998
15 141.9 117.5 41 393.05 342.6
16 21.87 28.79 42 326.74 278.56
17 33.37 26.45 43 536.26 240.24
18 32.43 25.23 44 76.247 66.562
19 20.234 11.906 45 53.52 39.76
20 156.94 78.523 46 40.328 31.964
21 546.29 3514 47 39.653 20.758
22 180.31 164.2 48 66.195 42.361
23 93.167 54.594 49 73.904 51.653
24 85.18 39.65 50 114.77 57.965
25 168.1 95.178 51 918.37 1205.1
26 125.11 150.22 52 210.3 146.66
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Bus Number

P (kW)

53
54
55
56
57
58
59
60
61
62
63
64
65
66
67
68
69
70
71
72
73
74
75
76
77
78
105

66.68
42.207
433.74

62.1

92.46
85.188

345.3

22.5
80.551

95.86

62.92

478.8
120.94
139.11
391.78
27.741
52.814

66.89

467.5
594.85

132.5
52.699
869.79
31.349

192.39

65.75

141.48

Q(kVAR) | Bus Number | P (kW) | Q(kVAR)
56.608 79 238.15 223.22
40.184 80 294.55 162.47
283.41 81 485.57 | 437.92

26.86 82 243.53 183.03
88.38 83 243.53 183.03
55.436 84 134.25 119.29
3324 85 22.71 27.96
16.83 86 49.513 26.515
49.156 87 383.78 257.16
90.758 88 49.64 20.6
47.7 89 22.473 11.806
463.74 90 62.93 42.96
52.006 91 30.67 34.93
100.34 92 62.53 66.79
193.5 93 114.57 81.748
26.713 94 81.292 | 66.526
25.257 95 31.733 15.96
38.713 96 33.32 60.48
395.14 97 531.28 224.85
239.74 98 507.03 367.42
84.363 99 26.39 11.7
22.482 100 45.99 30.392
614.775 101 100.66 | 47.572
29.817 102 456.48 350.3
122.43 103 522.56 | 449.29
45.37 104 408.43 168.46
134.25 113 305.08 215.37
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Bus Number | P (kW) | Q(kVAR) | Bus Number | P (kW) | Q(kVAR)

106 104.43 66.024 114 54.38 40.97
107 96.793 83.647 115 211.14 192.9
108 493.92 419.34 116 67.009 53.336
109 225.38 135.88 117 162.07 90.321
110 509.21 387.21 118 48.785 29.156
111 188.5 173.46 119 33.9 18.98
112 918.03 898.55
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Appendix B

Generator data

SHPP-DGs’s parameters are presented in Tables B.1, Tables B.2 and Tables B.3. Data for SHPP-
DGs are obtained from [71], [98], [99], [100]. All values are given in pu on base of machine rating.

33 bus system:

Table B.1
parameters SHPP-DG1 SHPP-DG2 SHPP-DG3
Xai 2.656 2.656 1.85
X 0.136 0.136 0.277
R; 0.088 0.088 0.088
T 3.7 3.7 3.7
Xoi 2.52 2.52 1.11
H 1.5 1.5 1.5
Tai 0.2 0.20 0.2
Ka; 50 50 50

69 bus system:

Table B.2
parameters SHPP-DG1 SHPP-DG2 SHPP-DG3
Xai 2.656 2.656 1.85
Xl 0.136 0.136 0.277
R; 0.088 0.088 0.088
T 3.7 3.7 3.7
Xyi 2.52 2.52 1.11
H 1.5 1.5 1.5
Ta; 0.2 0.20 0.2
K4 50 50 50
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for 119 bus system:

Table B.3
parameters SHPP-DG1 SHPP-DG2 SHPP-DG3 SHPP-DG4
Xai 1.4 1.4 1.192 1.85
X 0.236 0.236 0.185 0.277
R 0.088 0.088 0.088 0.088
T 3.7 3.7 3.7 3.7
Xgi 1.37 1.37 1.16 1.11
H 3.15 2.21 1.57 1.5
Ty 0.20 0.2 0.20 0.2
K 40 40 40 40

For 33-bus and 69-bus system: DFIG parameters [93]]

P = 250kW, L,, = 2.18p.u., Lss = 2.20p.u., L., = 2.216p.u., Ry = 0.0053pu, R, = 0.0053,
H=14s

control parameter: k,; = kpp = kp3 = kpa = .01, kyy = kig = kizg = kg = 10

For 119-bus system: DFIG parameters [96]

P = 660kW, L,, = 2.1p.u., Lys = 2.13p.u., L, = 2.135p.u., Ry = 0.007pu, R, = 0.007,
H =4s

control parameter: ky; = kpo = kp3 = kpa = .01, kyy = kig = kig = kg = 10

For all three systems, PV-DG parameters are taken from [58]] and [52].

Srer=1000 w/m?; I, = 1.175e 8 A;1, = 1.175e %, Lyprer = 5.96A, T = 298K, T,y = 298K,

p = 0.00023; n = 2.15 Lg.=1.5 p.u.; Cge=1 p.u. ;Vgeo=1 p.u.; K4.=0.3; K,.=0.3; K,,=5;
chi=0-5;Kaci=O-5;vai=10;
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